UNITED STATES DEPARTMENT OF COMMERCE

F W 4"‘%, Economics and Statistics Administration
m

4 b1
s \é{r x U.S. Census Bureau
S L;l-;i‘- 5 Washington, DC 20233-0001
% &

Bgr e OFFICE OF THE DIRECTOR

JUN 20 2015

MEMORANDUM FOR: Ditas Katague
Chair
National Advisory Committee

From: John H. Thompsonq, \b /-\/

Director
U.S. Census Bureau

Subject: U.S. Census Bureau Responses to National Advisory Committee
Recommendations
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Official Recommendations from the National Advisory Committee on Racial, Ethnic and
Other Populations

Meeting Dates: October 8-9, 2015
Submitted by: Ditas Katague, NAC Chair
Date Submitted: December 18, 2015

Dear Director Thompson -

The NAC has reviewed the summary recommendations and transcripts from the October 8-
9, 2015 in person meetings. I want to thank your team for helping prepare these summary
documents as we navigate the transition from the REAC process to the NAC process.
Below you will find six Recommendations for new working groups and one
recommendation regarding the existing Language Working Group. By unanimous vote, the
NAC submits the following official recommendations:

New Working Groups:

. Working group on undercount of children (per Jerlean Daniels)

. Government to Government Relations (per Maile Taualii with Desi Rodriguez Lonebear,
Randy Akee and Jake Fitisemanu)

. How Persons with Disabilities are Counted (per Barry Steinhardt)

. How Census Addresses the Homeless (per Meagan Maury)

. Gender Identity and Sexual Orientation (per Meagan Maury)

. Subcommittees that can zero in on HTC groups like persons with disabilities and same sex
(per Hassan Jaber)

N —
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Census Response: The work of the Hard to Count Working Group included the suggested
working group categories listed above referencing populations for children, persons with
disabilities, homeless, gender identity and sexual orientation. The group focused on methods
to enumerate hard-to-count population that are not easily reached through Administrative
Records or the Internet. Specifically, this group reviewed the Census Bureau’s research
program and plans involving administrative records and third party data use and the internet in
the 2020 Census.

The group reviewed interim findings from 2020 Research and Testing projects using
administrative records and third party data and findings from research and testing using the
internet as a mode for data collection. The Hard to Count Working Group reported during the
Spring NAC meeting on May 26-27, 2016. The working group will provide a final report
through the NAC within 30 days of the May 26-27 meeting.

We are not prepared to institute a working group on government-to-government relations at
this time.

Existing Working Group:

& Extended time for Language Working group to report during October 2016 meeting
(per Carol Gore).
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Census Response: The Language Working Group will no longer report during the Spring
2016 meeting. The new date set for the Language Working Group is reporting during the Fall
2016 NAC meeting. This will allow the Language Working Group reporting to be informed by
the findings and recommendations presented by the Hard to Count Working Group that
reported during the Spring NAC meeting on May 26-27, 2016 and will issue their final report
through the NAC within 30 days after the May 26-27 meeting.
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Unofficial Recommendations and Requests from the National Advisory Committee on
Racial, Ethnic and Other Populations

. Meeting Dates: October 8-9, 2015
Submitted by: Ditas Katague, NAC Chair
Date Submitted: December 18, 2015

Dear Director Thompson -

Below are unofficial topics submitted by individual NAC members. Included are 10
Requests/ Suggestions, and 5 Census Deliverables. Also, there are some minor
changes/edits to the transcripts that are also provided as attachments and one additional
statement to add to the record from a new member who could not attend but in support of
the recommendation for a working group on Undercount of children.

1.2020 Census Operational Plan
Individual Member Recommendation:
1. NAC member recommends Hawaii or Island area as a location for a Census test.

Census Response: We appreciate this recommendation. The Census Bureau currently has no
plans for testing operations specifically in Hawaii but we are considering a test in one of the
Island Areas at the end of Fiscal Year 2016. This test would be more technical in nature, and
would be meant to investigate the telecommunication environment and feasibility of conducting
automated field operations in the Island Areas.

Requests:
1. NAC would like to provide recommendations for the requirements for the RFP.

Census Response: On October 27, 2015, the Census Bureau notified the NAC of the tentative
schedule for the 2020 Census Integrated Communications Contract. On December 11, 2015, the
draft Request for Proposal (RFP) for the 2020 Census Integrated Communications Contract was
released and posted as scheduled on the FedBizOpps website and the Business Opportunities
website.

2. NAC members would like to give feedback on the charter and scope of the
developing working group.

Census Response: The Census Bureau launched the Integrated Partnership and
Communications Working Group on March 29, 2016, with a total of 12 advisory committee
members. This group will assist with each part of the Decennial Census Integrated
Partnership and Communication Program by advising research, providing subject matter
expertise, and advising on ways to reduce cost. Working group members reviewed and
approved the guidelines during the March 29, 2016, kick-off meeting.

3. NAC would like to provide recommendations on the Tribal consultation handbook.
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Census Response: The National Advisory Committee received a briefing during and October
13, 2015, virtual NAC meeting on the Tribal Consultation Handbook and provided a NAC
Official Recommendation and individual member comments on ATAN Enrollment Question
Moderator Guide. The Census Bureau provided responses to the recommendation and individual
~ comments on January 28, 2016.

4. NAC would like an opportunity to give feedback on the testing of population
groups such as homeless. This should be included in the HTC scope of the HTC
Working Group.

Census Response: We appreciate your comments and look forward to receiving the report and
recommendations from the Hard to Count Working Group at the NAC Spring meeting on May
26-27,2016. We look forward to the working group’s final report submitted through the NAC
within 30 days of the NAC Spring Meeting on May 26-27, 2016.

< NAC would like time to review and provide recommendations on the
advertising campaign especially in regards to recruitment and advertising.

Census Response: The Integrated Partnership and Communications Working Group launched
on March 29, 2016. This NAC working group will assist with each part of the Decennial Census
Integrated Partnership and Communications Program and we look forward to the
recommendations that emerge from this effort.

Census Deliverables:
1. NAC member requested a report about the characteristics of the nonrespondents.

Census Response: The Census Bureau acknowledges and appreciates the recommendation from
a NAC member requesting a report about the characteristics of nonrespondents. We are currently
documenting the analysis, measures, and metrics that we will produce associated with the 2016
Census Test; we will add analysis of the characteristics of nonrespondents to the scope.

As we plan and conduct subsequent tests, we will plan to include this analysis as a matter of"
course.

For more information about the interviews conducted during the 2010 Census with Nonresponse
Followup respondents, including the language in which the interviews were conducted, the
number of contacts that enumerators made to enumerate a housing unit, and the type of
respondents who completed Nonresponse Followup interview, click on the link below for the
2010 Census Nonresponse Followup Operations Assessment Report:
http://www.census.ecov/2010census/pdf/2010 Census NRFU Operations Assessment.pdf

The American Community Survey has a high response rate (96.7 percent in 2014) and has not
conducted a survey of nonrespondents. We have looked at the characteristics of respondents by
mode based on the 2005 American Community Survey Data found at the following link:
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(http://www.census.gov/content/dam/Census/library/working-
papers/2008/acs/2008 Joshipura_01.pdf). This report shows the differences in who responds by

mode.

Also included in the appendices are several reports and papers that provide further detail on
Census efforts and studies on characteristics of nonrespondents, which describe characteristics of
hard to survey populations for Census Bureau demographic surveys and decennial Censuses (see
Attachments 1-4):

e The Last Five Percent: What Can We Learn From Late/Difficult Interviews? (Nancy
Bates and Kathleen Creighton)

e Hard-to-Survey Populations, Chapter 1: Defining hard-to-survey populations (Roger
Tourangeau)

e Nonresponse in Household Interview Surveys: Wiley Series in Probability and Statistics
Survey Methodology Section (Robert M. Groves and Mick P. Couper)

e Hard-to-Survey Populations, Chapter 3: Measuring undercounts for hard-to-survey
groups (Mary Mulry)

2. Census will develop a milestone schedule with touch points. This milestone schedule
would be finalized in the working group that is in the process of being developed.

Census Response: The Census Bureau shared a preliminary version of the milestone
schedule with touch points document during the NAC Fall Meeting on November 3-4, 2015.
The document entitled, National Advisory Committee Fiscal Year 2016 Engagement Plan,
was provided during the meeting and posted along with other meeting materials on the NAC

website: https://www?2.census. gov/cac/nac/meetings/201 5-10/2016-engagement-plan.pdf.

An updated milestone schedule with touch points document was again briefed to the NAC in a
virtual Public meeting on January 13, 2016, and the document posted to the NAC website at
https://www.census.gov/about/cac/nac/meetings/2016-01-meeting.html.

The Integrated Partnership and Communications Working Group on launched March 29,
2016, to assist with each part of the Decennial Census Integrated Partnership and
Communication Program by advising research, providing subject matter expertise, and
advising on ways to reduce cost. Working group members reviewed the milestone schedule
with touch points during the first meeting on March 29. The working group reviewed the
milestone schedule with touch points document entitled, NAC 2020 IPC Working Group
Check Points (see Attachment 5), during its second meeting held by Integrated Partnership
and Communications Working Group Convener Megan Maury on April 28, 2016. Working
group members are aware that the schedule may be modified throughout the seven-year period
of the document that spans 2015-2021.

3. Census will provide a spreadsheet of administrative records and third party data
and process of negotiation for the acquisition of the files. '
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Census Response: Attachment 8 is a spreadsheet listing the inventory of administrative
records and third party data that are available as of April 25, 2016. Below is our process of
acquiring population and housing files from federal, state, and third party entities:

Federal:

® The Census Bureau is working on modifying/renewing existing agreements in order to
increase frequency of federal data delivery in order to support 2020 decennial activities.

® The Census Bureau is working with different Federal agencies for new data sharing
agreements.

e The Census Bureau is working with congressional staff to explore legislative changes to
acquire new and improved data sources.

States:

® The Census Bureau is engaged in communication with all 50 states and the District of
Columbia with a primary focus on:
o Supplemental Nutritional Assistance Program (SNAP)
o Temporary Assistance for Needy Families (TANF)
o Women, Infants and Children Program (WIC)

e Communication with states is at various stages
o The Census Bureau has data sharing agreements from 15 states
o The Census Bureau has received data from 10 states

° The Census Bureau is expanding outreach efforts to include personal visits to states to
encourage them to enter into data sharing agreements.

Third Party data:

The process for acquiring third party data begins with market research, followed by submitting
Requests for Proposals (RFP) or Requests for Information (RFI). After receiving data from a
vendor that won the contract, more research is conducted to determine the fitness for use of
the data.

e The Census Bureau is currently engaged in establishing multi-year agreements with vendors.
e The Census Bureau is engaged in increasing the frequency of delivery when possible to

support 2020 decennial activities.

IL. 2015 Census Test-Savannah Site Digital Advertising
Individual Member Recommendations:
1. NAC member recommends the following:

° People's ages should be recorded, and ideally date of birth and date of data collection
should be recorded so that age in years and days should be calculable.

Census Response: Age, date of birth, and data collection information are recorded. Age data
are derived from a two-part question. The first part asks for the age of the person and the
second part asks for the date of birth. The question is designed in two parts in order to
maximize both the accuracy and the number of people responding to this item. In the decennial
census respondents are asked for their age as of Census Day and that age is compared to the
age calculated using their date of birth. Please see the 2010 Census Brief, A4ge and Sex
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Composition: 2010 for a reproduction of the age and date of birth question in the 2010 Census
https://www.census.gov/prod/cen2010/briefs/c2010br-03.pdf. -

e When providing results, if age groups are provided, these should be given in 5 year (or
less) increments all the way to the maximum age recorded in the Country. There are
major differences for example between people living to 85 versus 95 versus 1035 (eg.
rarity, clinical homogeneity, survival and other features) and if at all possible ages
should not be grouped in greater than 5 year increments.

Census Response: A variety of tables are available showing both 2010 Census data and
American Community Survey data in five-year or less age group increments. For instance,
2010 Census Summary File 1, Table PCT12: Age and Sex shows age data for singles years of
age by sex down to the tract level of geography (see Attachment 6). Data are provided in single
years of age 0-99 followed by ages 100-104, 105-109, and 110 and over.

Additionally, 2010 Census data are available down to the block level of geography in five-year
increments for ages 0-84 and 85 and over with smaller increments for ages 15-17, 18-19, 20,
21, 22-24, 60-61, 62-64, 65-66 and 67-69. These data are available from the 2010 Census
Summary File 1, Table P12: Age and Sex. Similar data are available for places with population
65,000 and over using the American Community Survey, 2014, Table B01001: Age and Sex.

* Results should be portrayed with and without segregating by sex for these groups as
well.

Census Response: The age and sex tables indicated above show data for males and females that
can be aggregated to show age data for the total population. Additionally, tables show
information by age for both sexes. For instance, see the 2010 Census Summary File I, Table
DP1: Profile of General Population and Housing Characteristics: 2010 (see Attachment 7). Other
tables include 2010 Census Summary File 1, Table QT-P1: Age Group and Sex: 2010 and
American Community Survey, 2014 Subject Table S01001: Age and Sex.

2. NAC recommends sharing questions for the Census Test focus group. The HTC
group will include this in their recommendations to the NAC.

Census Response: The Hard to Count Working Group has as-needed access to Census Bureau
subject matter experts and requested information as they prepare for their recommendations to
be presented to the NAC during the public meeting on May 27, 2016.

Census Deliverable:

1. Census Bureau will provide NAC more analysis and examples of ads.

Census Response: We are on schedule for the upcoming NAC meeting to provide the
additional analysis requested. At that time, we will also make additional advertising examples

available.

2. Census will provide list of 12 languages for the TQA telephone lines
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Census Response: During the 2015 Census Test TQA operation, the Census Bureau provided
support in 10 languages — English, Spanish, Chinese (Mandarin, Cantonese), Vietnamese,
Korean, Arabic, Tagalog, French, and German. We are on schedule for the upcoming NAC
meeting on May 26-27, 2016. Census will provide list of 12 languages for the TQA telephone
lines.

III. Committee Discussion
Individual Member Recommendations:

1. Request to include/invite NAC members in local Census public discussions so that
we can be aware and possibly attend.

Census Response: The Census Bureau will notify NAC members of meetings involving public
discussion, whenever possible.

NAC Request:

1. 2016 Test — NAC would like to review the focus group plan or focus group questions
before Census Day of April 1, 2016. This could be done in a call in meeting. Lisa
Blumerman can give a timeframe to set the virtual meeting.

Census Response: The Census Bureau regrets no prior call-in meeting was possible. The NAC
Spring Meeting on May 26-27 will include a Decennial Directorate presentation on 2020 Census
Program Overview to include an update on the April 1, 2016, Census Day and a site test in parts
of Harris County, TX and Los Angeles County, CA.

Request for information:

1. Third Party/Administrative Record data— Evan Moffet asked about Administrative
and third party data that can be used. Ditas/Carol request that NAC member send in
Third Party and/or Administrative Record data.

Census Response: Attached is a spreadsheet listing the inventory of administrative records
and third party data that are available as of April 25, 2016 (see Attachment 8). Below is our
process of acquiring population and housing files from federal, state, and third party entities:

Federal:

e The Census Bureau is working on modifying/renewing existing agreements in order to
increase frequency of federal data delivery in order to support 2020 decennial activities.

e The Census Bureau is working with different Federal agencies for new data sharing
agreements.

e The Census Bureau is working with congressional staff to explore legislative changes to
acquire new and improved data sources.

States:

e The Census Burecau is engaged in communication with all 50 states and the District of
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Columbia with a primary focus on:
o Supplemental Nutritional Assistance Program (SNAP)
o Temporary Assistance for Needy Families (TANF)
o Women, Infants and Children Program (WIC)
e Communication with states is at various stages
o The Census Bureau has data sharing agreements from 15 states
o The Census Bureau has received data from 10 states
e The Census Bureau is expanding outreach efforts to include personal visits to states to
encourage them to enter into data sharing agreements.

Third Party data:

The process for acquiring third party data begins with market research, followed by submitting
Requests for Proposals (RFP) or Requests for Information (RFI). After receiving data from a
vendor that won the contract, more research is conducted to determine the fitness for use of
the data. .

e The Census Bureau is currently engaged in establishing multi-year agreements with vendors.
e The Census Bureau is engaged in increasing the frequency of delivery when possible to

support 2020 decennial activities.
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Unofficial Recommendations and Requests from the National Advisory Committee on
Racial, Ethnic and Other Populations
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The Last Five Percent:

What Can We Learn from Late/Difficult Interviews?

Nancy Bates and Kathleen Creighton'
U.S. Census Bureau, Demographic Surveys Division,

Room 3376-3, Mail Stop 8400

Washington, D.C. 20233

"This paper reports the results of research and analysis undertaken by Census Bureau staff. It has
undergone a more limited review than official Census Bureau publications. This report is released to inform
Inierested partjes of research and to encourage discussion. The authors wish to acknowledge Adelle Berlinger, Greg
Weyland, Marilyn Monahan, Dave Watt, Tracy Mattingly, Patricia Bowles, Chris Laskey, Antoinette Lubich, Susan
Gajewski, Ive Batreiros , Nancy Cioffi, and Nancy Hunter for administrative and technical assistance with this
paper,

Abstract

Statistical government agencies expend a great deal of resources to keep survey
nenresponse to a minimum. To explore whether the additional time and resources are worth the
effort, we focus specifically on the characteristics of late or ‘difficult’ cases that comprise the last
few percentage points of survey response rates. To address this topic, we examine several
characteristics of late/ditficult cases from the May 1999 Current Population Survey (CPS) and
two quarters of 1999 data for the National Crime Victimization Survey (NCVS). First, we
explore whether the household and person-level demographic characteristics of late cases differ
from earlier interviews. Next, we check to see if critical survey estimates would be different
without late cases by dropping them from the data and re-running the estimates. We found
evidence from both surveys that a portion of late cases are similar in some respects to
nonrespondents. We also found that while the magnitude of difference between estimates with
and without these cases is usually small, in many cases, the estimates are significantly different
without the late cases. We recommend that the timerand effort required to obtain late/difficult
interviews is worth the added costs since they are critical to producing unbiased estimates and
minimizing nonsampling error, We conclude with a discussion of how these results can help
survey managers and analysts better understand the rel atiV(.t contribution that late cases make to

the two surveys examined and how further increases in nonresponse may contribute toward bias,




1. Introduction

At the 1999 International Conference on Survey Nonresponse, researchers from around
the world presented evidence that survey organizations are expending more resources than ever
just to keep survey response rates at their current levels. Over the past two decades, government
agencies have witnessed a gradual but steady decrease in survey and census participation rates
{Atrostic, et al, 1999; de Heer 1999; Groves and Couper, 1998; Bryant and Dunn 1995; Fay,
Bates and Moore, 1991). Some theories behind this decrease include social isolaticn, growing
privacy concerns, mistrust of government, increased time pressures, and proliferation in
telemarketing. To combat the decline, organizations have implemented a variety of techniques
including respondent incentives, interviewer incentives, enhanced interviewer training, changes
to field procedures, and experimentation with alternate modes of response (see Singer, Van
Hoewvk and Maher, 2000; Olson, Srinath, Burich 2000, Singer et al, 1999; Lauria, Smith and
Scott, 1999; Groves and McGonagle, 1998; Schaefer and Dillman, 1998; Dillman, West and

Clark, 1994).

Assuming these strategies are successful, is the extra effort to keep response rates from

declining a few percentage points worth the added time and money? According to the

- “continuum of resistance” theory, the answer is yes, This model of nonresponse postulates that

people who require the most calls or contacts before participating are also the persons most
resistant to the interview (Fitzgerald and Fuller, 1982; Lin and Schaeffer, 1995; Filion 1976). If

we take the theory one step further, we acrive at the assumption behind it, that is, the more

difficult it is to gain survey participation by an individual, the more he or she resembles
individuals who actually refuse. From a field perspective, we might also think of late interviews
reflecting nonrespondents simply because if the field period is shortened, such cases become
nonrespondents. If this thinking is accurate, then late cases are very important to reduce

nonsampling bias in the estimates.

Alternatively, several studies cast doubt on the assumption that difficult interviews are
necessarily indicative of nonrespondents (particularly refusers). For example, Fitzgerald and
Fuller (1982) rejected the notion when they failed to find many similarities between cases
requiring a great number of callbacks and those who ultimately refused the survey. Similarly,
Lin and Schaeffer (1995) report the continuum model was not successful in reducing the true
degree of nonparticipation bias in estimates of child support. However, Fitzgerald and Fuller did
find evidence of demographic differences between the sample at various callback periods and the
full sample. Additionally, they report that reluctant respondents had significant effects on the

relationships befween variables in their study of community characteristics and social networks.

A handful of other studies have focused on nonresponse and the impact it has on survey
estimates (Hamis-Kojetin and Robison, 1998; Tucker and Harris-Kojetin, 1998; Kennickell,
1999; Groves and Couper, 1998). Some of these studies suggest the potential for small yet
significant levels of nonresponse bius as a result of differential characteristics between
responders and nonresponders (e.g., labor force participation, socioeconomie status, presence of

children). Similarly, a few studics have focused specifically on late interviews that comprise the




last few percentage points of response (Cohen, Machlin and Branscome, 2000; Kennickell, 1999;
Voigt, Koepsell and Daling, 1999; Stoop and Louwen, 1999; Stapulonis, Kovac and Fraker,
1999; and Krenzke and Griffin, 1997). These studies report varying degrees of differences
between demographic characteristics of early versus late respondents, (sometimes referred to as

the degree of interim distriburional bias in a survey, see Hawkins, 1977).

The Krenzke and Griffin study finds that demographic characteristics of the “last 10
percent” in the 1990 Census are significantly different from the population as a whole only when
truncated at the national level -- when examined from the tract level, characteristics of the first
90 percent are similar to the last 10 percent. A study of late respondents in the Netherlands
Facility Use Survey revealed that early and late respondents differed both demographically and in
reported facility use; however, these differences disappeared for the most part once weighting
adjustments are applied. Cohen, Machlin and ﬁranscome report that differences between
medical expenditure survey estimates with and without reluctant respondents were mostly
negligible. In their study of a welfare population, Stapulonis et al. report surprisingly small
deviations in demographic characteristics of both a 40 percent and 60 percent response rate from
those of all survey respondents (76 percent response rate) and the full sample. Both Voight et al.
and Kennickell find that late respondents tend to be si gnificantly younger than earlier
respondents but neither found strong evidence to suggest that late respondents are necessatily
similar to nonrespondents (as measured by initial refusals), Based on these few findings, it is
difficult to draw conclusions whether the absence of late interviews contributes to nonsampling

bias that cannot be adjusted for using traditional wei ghting methods.

In this article, we explore the impact of interim distributional bias by examining the
characteristics of late interviews for two continuing demographic surveys conducted by the U.S.
Census Bureau. These are the Current Population Survey (CPS) and the National Crime
Victimization Survey (NCVS), Like other surveys, both the CPS and the NCVS have
df;ncumented incremental increases in nonresponse since the beginning of the decade. In 1990,
the initial nonreponse rate® for the CPS was 5.7 percent but by 1998, it was 8.8 percent.
Similarly, the initial contact nonresponse for NCVS in 1990 was 4.3 percent but increased to 6.1
percent by 1998 (Atrostic, et al, 1999). By private-sector standards, these levels of NONresponse
may seem trivial. But, to survey sponsors, field data collection managers, and data users alike,
the increase is still cause for concern, The concern is twofold: first, since both surveys provide
national indicators of critical social and economic value, a continual increase in nonresponse
could translate into increased bias in the estimates. Second, declining budgets for statistical
programs make it more difficult to justify the added costs and resources to keep nonresponse at

these relatively low levels.

In the sections that follow, we first describe major design aspects of the two surveys.

This description is followed by our operational definitions for a late/difficult interview. We then

. use logistic regression to see which variables are best at predicting these interviews and present

tables of selected survey estimates from both surveys (labor participation rates, unemployment

% Sum of the eligible units that were not interviewed during the first round of interviewing becanse of
language problems, refusals, no one home, temporary absence, or other reasons, divided by the number of eligible
units multiplied by 100. See Atrostic et al, (1999) for detailed initial contact response rate definitions and formalas.




rates and victimization rates). These tables contain two sets of estimates: those produced with
the late/difficult cases and those without them. Based on these findings, we conclude with a
discussion of the relative importance of obtaining the “last 5 percent,” that is, the late/difficult

cases.
2. Methodology
2.1 National Crime Victimization Survey (NCVS) Design

The NCVS has operated continuously since 1972 and is one of two Justice Department
annual measures of crime in the United States (the other being the Uniform Crime Reports) and
the only one that measures crimes not reported to the police. The survey has a national sample of
about 58,000 designated addresses and uses a "rotating panel” design, in which 1/6 of the total
sample is interviewed by telephone or personal visit in a given month and again at 6-month
intervals. Sample addresses are interviewed a total of seven times over a 3-year period before
rotating out of the sample. The first month an address comes inte sample, a Census Bureau
interviewer conducts a personal visit interview using a paper and pencil questionnaire, In the
subsequent six survey periods, the vast majority of interviews are conducted by both centralized
computer-assisted telephone intervicwing {CATTI) from two telephone centers and decentralized
lelephone methods, On average, an NCVS interview takes approximately 25-30 minutes. This
estimate varies widely depending on the number of eligible household members and whether the

sample person reports a crime. The NCVS also occasionally includes supplements to the basic

interview which may extend the interview by 10 minutes.

Following the first month of contact, interviews are virtually all conducted by telephone,
unless the respondent specifically requests a personal visit, Only persons age 12 and over are
eligible for interview and each interview must be conducted with the sample person himv/herself.
Proxies are taken only if the sample person's physical or mental disability precludes the seli-
response, if a sample person is temporarily absent and will not return until after the end of the
survey period, or if the parent of a 12 or 13 year old insists on responding for the child. 1f none
of these conditions is met and the interviewer is unable to contact the sample person for an
interview, the case becomes a person noninterview. Most CATT interviewing is conducted from
the first through the fifteenth of each month, with occasional extensions for holidays or natural
disasters -- personal visits continue until around the 23" of each month. The reference period
for the erime interview is the six months prior to the interview date, and the initial interview for a
sample household 1s used to "bound" the interviews and is not used in the annual estimates.

This bounding interview establishes a time frame to avoid duplication of crimes on a subsequent

interview,

The NCVS weighting procedure adjusts for two types of noninterviews: household
noninterview and person noninterview. The initial contact household nonresponse now exceeds
6 percent of occupied households, up from around 4 percent at the beginning of the decade, while
person noninterview now exceeds 10 percent of the persons eligible in an otherwise interviewed

unit, up from 6 percent since 1992 (Atrostic, et. al, 1999).




For this analysis, we used data from the 1st and 2nd quarter of 1999 (January - June).
This enabled us to analyze reports and construct estimates from the full annual sample of NCVS
households which is divided into six equal parts and interviewed over a six month peried. The
total number of interviewed households in Q1 and Q2 was 43,141; the number of person-level

interviews was 78,640,
2.2 Current Population Survey (CPS) Design

The CPS has operated continuously since 1940 and provides monthly estimates of
employment and unemployment. In addition to the monthly labor force estimates, the Census
Bureau funds a supplemental CPS interview that collects annual data on work cxperience,
income, poverty, and migration. The survey has a national monthly sample of approximately
60,000 designated addresses composed of eight panels that rotate on a sche-dule of 4 months in, 8
months out, 4 months in, so that only 25 percent of the households differ between consecutive
months. The first month a unit comes into sample, interviewars conduct a personal visit
interview using an automated instrument oﬁ a laptop computer. In the subsequent 7 survey
periods, interviewers conduct both centralized and decentralized interviews by telephone. On
average, the recurring portion of the CPS interview takes about 10 minutes, although
supplemental items are included in most months of the year and can add 5 - 25 minutes to the

interview length.

Following the first month of contact, most interviewing is by telephone, although the

interviewer is required to attempt a personal visit in the 5th month of interview, following the 8-
month resting period. A household respondent is interviewed for the labor force portion of the
interview and an interview is completed for each household member age 15 and over. Unlike the
NCVS, the CPS procedures for the core labor force section permit a single household member to
respond for everyone else, thus requiring only household-level nonresponse weighting
adjustments. Most interviewing takes place durin g a one-week period (Sunday to Saturday)
during the week containing the 19th of the month and refers to labor market activities for the
prior Sunday to Saturday period. Initial contact household nonresponse is now close to 9 percent
of occupied households, up from around 6 percent in 1990 (Atrostic, et al, 1999). Since the
survey produces monthly labor force estimates, we selected one month of data (May 1999) for
the analysis,® This included 47,613 interviewed houscholds which yielded information for

92,899 persons.
3 Operational Definitions of Late/Difficult Interviews
3.1 Late Interviews for the NCVS

Our decision to concentrate on late interviews is driven by the underlying assumption that

late interviews reflect cases most difficult to obtain and may be indicative of future noninterview

’In addition to the core CPS survey, the 1999 May CPS had a supplemental questionnaire on tobacco use
for all persons aged 15 and over, For the supplement, each eligible person self-responds, Thus, the amount of time
required to close-out a case was longer than usual for households with a large number of eligible respondents.
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levels. Presumably, the last few cases are cases that require repeated contacts, refusal-
conversion, multiple callbacks and the like. However, without access to contact and scheduling
information, the association between the timing of the interview and degree of difficulty is only
an assumption. When constructing our definition of late cases for this analysis, we hoped to use
ancillary contact information to validate using date of interview as an indicator of difficulty.
The NCVS routinely collects information on the record of personal visits and telephone calls that
interviewers make for each case. However, this contact information is kept separate from the
electronically stored questionnaire data. Consequently, we were limited to the date of interview

variable stored on the questionnaire data file.

To decide the cut-off date for late cases, we examined a chart of date of interview by
month. A fairly clear pattern emerged for each month whereby the number of interviews dropped
off and became flat typically beginning around the 17* of the month, Interviews completed from
this date until regional office closeout comprise betwéen 5-6 percent of the total person-level
interviews for each month. When analyzing‘data at the household level, we defined a case as
late if one or more interviews within a household was conducted after the cutoff date. When

analyzing at the person-level we simply used date of interview.

To validate our assumption that the date of interview correlates to some extent with

number of contacts, (the later the interview date, the more contacts) we generated a random
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sample of late cases and nonlate cases from two regional offices (Boston and Atlantay* . For
selected cases, clerks photocopied the contact information from the control cards and sent the
information to headquarters. Based on the sample with contact information, we found the mean
number of contacts (personal visit and telephone combined) to be 7.1 for late cases compared to
3.5 for nenlate cases’, We took this as evidence that date of interview is an indicator, (o some

degree, of interview difficulty.
3.2 Late/Difficult Interviews for the CPS

When constructing the operational definition of late interviews for CPS, we had access to
more information than just date of interview. The CAPI data file also contains a counter of the
number of actual and attempted person contacts. However, there are several limitations to using
this variable. First, in 1999 the CPS instrument recorded contacts only for personal visit
interviews. This applies to all cases requiring personal visits (month-in-sample one and month-in-
sample five). The information is also presumably captured for personal visits conducted in other
months (where personal visits are not required but may be necessary if the interview is not

obtained by phone, usually after three days).

“From our original sample of approximately 300 cases, just aver 250 were located and photocopied.
However, close to 100 of these did not have contact information recorded on the control card for the month in-
scope. In some cases the contact information was simply left blank while in other cases, the household for the
month of interest had moved and a replacement control card for the new household had superseded the
information. This yielded approximately 160 usable cases from which contact infermation could b

Id contact

.
SNonlate cases had a slightly higher incidence of personal visits and telephone calls made before 5 pmy;

for late cases, personal visit contacts were made with about the same frequency both before and after 5§ p.m., but
more telephone contacts were conducted after 5 p.m.
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The second, and perhaps more serious caveat to this indicator is the degree of between-
interviewer variability with which it is recorded. For the counter to increase, the interviewer must
access und open the case from the laptop, thus recording each personal visit made to the address.
However, we have no way to confirm how often interviewers fajl to actually open a case from the
computer when viksiling an address; that is, the interviewer could visit an address on several
accasions, find no one home, but never activate the case prior to attempting contact. Such cases
will understate the number of contacts.

Similar to the NCVS, we constructed a chart to illustrate the distribution of CPS
interviews by date. We decided to define late cases as those completed during the last two days of
the data collection period (Tuesday or Wednesday of the second week). We also included in
our definition cases that were personal visit and required four or more contacts, yet may have been
interviewed before the late cutoff. Using this criteria, our late cases comprised 4.6 percent of the
May, 1999 interviews. As expected, we found a pesitive relationship between day of interview
and the mean number of contacts required in personal visit cases, Personal visit late cases

required an average of 3.0 visits while nonlate personal visit cases averaged 1.2 visits,

4, Results

4,1 Characteristics of Late Interviews - NCVS

To understand the person and household characteristics that predict late/difficult
inferviews and control for covariation between them, we ran a series of logistic regression

models where the response variable was defined as Late = 1, Non-late = 0. We ran two
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separate models predicting late interviews at the person level and again at the household level.
At the person level, our predictor variables included: proxy/non-proxy, mode of interview,
number of crimes reported, age, education, relation to householder. sex, race and Hispanic
origin. We found that, holding the other variables constant, proxy status, age of respondent,

education, race, relation to householder, mode of interview, and number of crimes reported were

. all significant predictors of being a late interview (see table 1).

Table 1 about here

Specifically, we found that proxy interviews were over twice as likely to be late
interviews compared to non-proxies. This is common of late interviews as NCVS procedures
allow proxies only as a last resort to complete a case. Telephone interviews were only about
half as likely to be late interviews compared to personal visits, Since CATI cases that are not
completed early in the interview cycle are automatically recycled to the field, this is expected.
As the number of reported personal crimes increased, the likelihood of being a late interview
decreased (by about 10 percent). As age increases, the odds of bein g a late interview decrease
(with each one step increase in the age category, the odds of being a late interview decrease by
about 32 percent). Interviews conducted with a spouse, child, or other relative of the
houscholder are all Jess likely to be late interviews compared to those coﬁducted with the
householder. Finally, compared to white respondents, both Blacks and Asian/Pacific Islanders
were more likely to be late interviews (26 percent and 40 percent more likely than whites,

respectively).
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At the household level, we regressed the likelihood of being late on: presence of person-
level nonresponse in the household, household income, household tenure, interview outcome
from the previous month, number of eligible respondents, and number of personal/property
crimes reported (see bottom of Table 1). Renter households were found to be 41 percent more
likely to be late interviews compared to owner households. Also, for every additional eligible
persan in a house-hold, the likelihcod of being a late interview increases by around nine percent.
Both medium and high income households were more likely to be late interviews compared to
low income households; households missing income information were almost twice as likely as
low income households to be late interviews. Finally, we found that as the number of reported
ctimes for a household increased (combine;d personal and property), the odds of being a late

interview decreased (by about 13 percent).

We found that interview status from the previous month was very telling — replacement
households in sample for the first time (to replace movers) wete over three times more likely to
be late interviews compared to houscholds interviewed during the previous cycle. Presumably
this is because they require extra time to discover the original occupants have moved and then to
subsequently establish fresh contact and interview schedules for the new occupants, Compared
to households that were interviewed during the last month, noninterview households from the
previous interview cycle were 2.7 times more lil(éiy to be late interviews in the current month.
Similarly, households that contained eligible persons who were never interviewed (some degree
of person-level nonresponse) were twice as likely to contain late interviews compared to

households where all eligible respondents were interviewed. The relationships between late
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interviews and person-level nenresponse and prior-interview unit nonresponse lend some

support to the notion that late cases resemble nonrespondents.

4.2 Estimates with and without Late Interviews - NCVS

In our last step of the NCVS analysis, we re-ran a selected set of crime statistics

without the late cases and compared these to the estimates based upon all observations. This

was done by converting the late cases to nonresponse cases and then re-weighting the data. We

believe such an exercise can simulate the crime estimates under the conditions of slightly
increased nonresponse (from approximately 6 percent to 11 percent), but several caveats are
important to mention. First, our data represent only two qum’teré of data (January-June), not the
entire year for 1999. Second, our estimates are at the national level, and third, crime rates in
1999 were at relatively low levels having steadily declined since 1993 (U.S. Department of
Tustice, 1998). Any of these factors could mask differences between estimates with and
without late cases. For example, if we combleted this exercise at a lower level of geography
(e.g., a large metropolitan city), we might see crime rates with greater variability, more late
interviews, and consequently, more significant differences between estimates with and without

late cases.

The results are shown in Tables 2 and 3. Tests for significant differances between the
two sets are calculated using the standard error for the late cases only since the overlupping

cases from the two columns add nothing to the variance. Since the overlap of cases used to
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produce both sets is very large (approximately 95 percent), the variance for estimates is
extremely small. Survey design effects of the NCVS were taken into account when testing for

significant differences.

Tables 2 and 3 about here

The magnitude of absolute ditference in the crime victimization rates is small between
those calculated with all cases and those that exclude the late cases. This is somewhat expected
since both sets of estimates contain approximately 95 percent overlap. Nonetheless, over one-
third of the comparisons yield a significant difference in the rate of victimizations per 1,000
persons. From Table 2, significant differences were found for total property crime rates and
theft (the ditference between the violent crime rates was just significant at the .10 level). In
Table 4, significant differences were found for viclent crime rates among age categories 16-19
and 23-34; for ‘other’ races; by ethnicity, for income categories of $15,000-24,999 and $50,000-

75,999, and for suburban and rural residents.

In almost every case where differences are detected, the crime rates produced without
the late cases are higher than those based on all cases, This seems logical considering we found
the number of reported crimes to be inversely related to timing of interview, that is, households
interviewed late in the cycle had fewer reported crimes. Of course, this finding could be due to

something other than a true differential in victimization rates between early and late interviews.
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Instead, the tendency for later interviews to have less crimes reported could be a data quality
issue. We know that late interviews are more likely to be proxy, to have person-level
nonresponse, to have been unit nonrespondents in the past, and have larger numbers of people to
interview per household. These factors, and the fact that they are “close-out’ cases by definition,
may all contribute toward a rushed interview that discourages reporting of crimes (which
prolongs the interview). To check for a relationship between proxies and the number of crimes
reported, we tested the interaction term PROXY*CRIMENO. This term was not significant so
we found no evidence that the number of crimes reported in late interviews is conditional upon
whether the interview is proxy or self-response. Aside from this, however, we lack substantive
field evidence (or other evidence) to either support or refute this data quality hypothesis.
Nevertheless, the detection of significant differences even with a 95 percent overlap in cases
suggests that the absence of late interview houscholds may cause an upward bias in certain
crime estimates that are not adequately addressed using the existing weighting class adjustments

for nonresponse.

4.3 Characteristics of Late Interviews - CPS

Similar to the NCVS analysis, we began our exploration of late cases for CPS by
comparing person and household-level characieristics of late interviews to nonlate interviews.
Unlike the NCVS, a knowledgeable proxy provides the majority of person-level information in
the CPS. Consequently, most information in Table 4 is generated from one respondent per

household who answers for him/herself as well as the other household members,
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To summarize the predictive power of the various person and household-based
characteristics, we ran logit models using the CPS .data. Again, the response variable was
coded=1 if the household was defined as late/difficult, otherwise it was coded= 0. Since date of
inferview is the same for all persons in the household, the response variable was the same for
both person and household-level analysis. At the person level, we included race, relationship to
householder, sex, age, education, Hispanic origin, and labor force status as explanatory variables
(see Table 4).

Table 4 about here

We found that interviews about nonrelz:;ltives in the household were more likely to be late
interviews and that late interviews are less likely to contain interviews with/about a spouse. This
suggests that households with married couples are less likely to be late but households containing
unrelated individuals are more likely to belate. We also found that, all other things held
constant, if the interview was with/about a person in an older age category, the likelihood of
being a late interview decreased (with each increase in an age category, the odds of being a late

interview decrease by around 14 percent).

Once other characteristics are held constant, Blacks were found more likely to be
interviewed late in the field period compared to whites (64 percent more likely). Compared to
non-Hispanics, interviews for persons reporting a Spanish origin were almost 30 percent more
likely to have been obtained during a late interview. Finally, we found interesting associations

between labor force status and the likelihood of being a late interview. Compared to those who
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were employed and currently at work, persons who were not in the labor force for ‘other” reasons

or who were employed but currently absent were both more likely to be late interviews.

Conversely, retirees and those who are disabled are significantly less likely to be late, compared

to those currently working (50 percent and 39 percent less likely, respectively). This follows
since retirces and disabled workers should theoretically be easier to find at home and thus
overrepresent interviews completed during the early stages of data cellection, Neither sex nor

education are significant predictors of late interviews.

At the household level we found significant relationships between interview mode,
tenure, income, region, number of household members, and interview outcome from the previous
interview cycle. Late interviews were less likely to be telephone (not unexpected since

unresolved CATI cases are automatically recycled to the field and often require a personal visit)

and more likely to reflect renting households than owners. Compared to the lowest household

income category, all other categories (medivum, high and income missing) were more likely to be
late interviews. This is particulatly true for households for whom an income value is missing
(94 percent more likely to come from a late interview compared to low income households). The
larger the number of people in the household, the more likely the interview is to be late - this s
likely due to the self response supplement on tobacco use administered during May 1999,
Compared to the Midwest, interviews from all other regions are more likely to be late. The model
revealed no significant association between level of urbanization and likelihood of being late
once the other variables are controlled for. Finally, compared to households that were

interviewed during the previous interview wave, households that were previously noninterviews




were more likely to be late interviews in the current month. Previously noninterview househalds
were close to 3 times more likely to be late (2.8 times more likely). Again. like in the NCVS,
these findings suggest similarities between a portion of the very last interviews and the

nonrespondent subpopulation.
4.4 Estimates with and without Late Interviews - CPS

Similar to the NCVS, we arranged to have a selected set of labor force estimates re-run
for the 1999 May CPS excluding the cases we defined as late/difficuilt. These cases were
redefined as nonresponse households and the datafile was re-edited and re-weighted accordingly.
When conducting tests for significant differences between CPS estimates with and without late
cases, the survey design effects were considered in the parameters of the generalized variance
functions, Table 5 contains labor force participation rates by age, sex, Black, and Hispanic while

Table 6 contains unemployment rates.

Table 5 and 6 about here

From the above tables we see the absolute difference between labor force estimates with
and without late interviews .is small in most cases (less than 1 percent). However, it is important
to note that differences in the unemployment rate are reported to one-tenth of one percent, thus
seemingly minor differences still have significant impact on policy-making. A consistent pattern

emerges where these differences are significant — labor force participation rates tend to be

2]

slightly lower when late cases are excluded while the unemployment rates are slightly higher
without them, Again, several factors could be influencin g the degree of differences seen in
Tables 5 and 6. First, labor force participation and unemployment rates were very stable during
1999. There was very little variation in these rates before and after the cross-section of data
examined here, even among the age, race, sex and ethnicity subgroups shown (U.S. Bureau of
Labor Statistics, 1999), Had labor force particiﬁatinn and unemployment rates been more
volatile at the time, we might have expected a larger number of significant differences.
Similarly, these rates reflect national totals - had we examined smaller geographic areas such as
states, we might have seen greater discrepancies between estimates with and without late cases.
Despite these potentially suppressing factors, we still found about one-third of the estimates to be

statistically different without the representation of late interviews.

3. Conclusion and Discussion

Our general research question of interest is whether the extra time and resources currently
being devoted to late interviews is worth the added cost. This extra effort is often defended on a
generally held assumption that the last few interviews serve as approximations for survey
nonrespondents, This assumption purports that late interviews reflect reluctant households and
therefore are similar to houscholds that ultimately refuse to participate in surveys. This premise
is difficult to explore because we lack information about the characteristics of nonresponding
households. Consequently, we approach it somewhat indirectly by seeing to what degree the

characteristics of late interviews differ from early interviews and by comparing the characteristics
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of late/difficult interviews to characteristics of nonrespondents from previous studies.

We found that across the two surveys analyzed, the late interviews shared some common
differences from interviews completed earlier on. At the person-level, the odds of being a late
interview increase significantly if the interview is with/about a younger person, someone who
teparts their race as Black, or is a proxy (in the NCVS). For NCVS, late households also tend to
report fewer crimes than earlier interviews; in the CPS, late interviews are less likely to be retired
or disabled compared to early interviews. At a household-level, the odds of being a late
interview are significantly higher for renter households, larger households, households with
medium or high incomes or those missing data for income, and households that were
nenrespondents during the previous interviewing cycle (gither person-level nonreponse or unit-

level nonresponse).

These findings offer some support for the continuum of resistance assumption that late
interviews resemble nonrespondents. First, late cases in NCVS contained more proxy interviews
which, in this survey, mostly result from within-household person noncontacts (as opposed to
refusals). Since noncontacts are a component of nonresponse, this finding supports the theory,
Second, the relationship between late interviews in the current month and noninterviews in the
previous survey period suggests that some percentage of late interviews (around 8-9 percent) are
very similar to nonrespondents (in fa;t, these cases previously were nonrespondents). Third, we
found in both surveys that households that refused to provide information about income (or for

whom it was missing for other reasons) were much more likely to be late interviews. In their
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study of nonrespondents to the 1996 Medical Expenditure Panel Survey, Cohen, Machlin and
Branscome (EOOOj found a very similar trait among nonresponding househelds. Finally, in a
Census match study of nonrespondents to six demographic surveys (which included the NCVS
and CPS), Groves and Couper (1998) report a general decline in cooperation as socio-economic
status increases. Consequently, our finding that higher income households tend to be late

interviews also lends some support to the continuum of resistance theory.

However, other findings appear contrary to the theory. For example, Groves and Couper
did not find race to be a significant predictor of cooperation rates once other household and
environmental factors ararcomrullad. Neither did they find renters less cooperative in the surveys
studied. We measured age at the person level in the logit models and found that late interviews
tend to reflect younger persons compare,d. to early interviews. However, other studies of survey
refusers (Cohen, Machlin and Branscome 2000; Fitgerald and Fuller 1982) suggest that older
persons are more prone to nonl‘esponga. This tends to weaken the suggestion that our youthful
NCVS and CPS late responders are also characteristic of nonparticipants. Finally, we did not
find that wrbanicity was a predictor of late interviews once other household variables are held
constant. Since numerous studies have noted higher nonresponse in urban arcas compared to

suburbs and rural areas, this finding tends to refute the continuum of resistance theory.

Our second research question asks: are survey estimates biased without late interviews?
To answer this we converted late cases to unit nonresponse cases, re-ran the crime and

unemployment rates, and then compared the new rates to rates produced from all responding
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units. Due to several factors, however, our analysis has somewhat limited generalizability.
Because our analysis is at a national level, uses cross-sectional data, and happens to reflect
statistics that have been relatively stable over recent months, our discovery of significant bias
may be understated.  Additionally, we did not explore the data quality of late interviews -- it is-
possible such interviews exhibit a high degree of item nonresponse and response error that
compromise their usefulness and contribution toward full sample estimates. But, despite these
limitations, our simulation helps illustrate the probable effects of two closely related concepts, 1)
reducing resources devoted to abtaining late/difficult interviews, and 2) & decrease in unit
response rates of approximately 5 percent (from 94 percent to 89 percent for the NCVS and from
93 percent to 88 percent for the CPS). Our reproduction of estimates without late cases also
helps us understand whether the standard nonrespanse adjustments, weights, and imputation

procedures adequately adjust for the absence of late cases,

For both surveys, we found that the absolute difference between erime and labor force
rates calculated with and without late cases is small, Nonetheless, many of the differences are
significant with the crime rates mostly biased in a positive direction when late cases are removed.
Similarly, unemployment rates also tend to be hi gher without late interviews. This su ggests that
despite their small percentage of total interviews (5-6 percent), late interviews are sufficiently
different from earlier interviews so as to influence critical estimates. Our results suggest (subject
to all limitations) that these data are less precise without the “last 5 percent” and that dropping
them would have negative consequences on our goal to provide definitive national statistics,

Consequently, we recommend that the extra time and resources required to obtain late interviews

is worth the effort. Late cases may or may not be reflective of nonrespondents, but their input is

still critical to producing unbiased rates and minimizing nonsampling error.

We conclude by mentioning additional areas of research related to late/difficult
interviews. First, we encourage the exploration of additi-ona] call-record variables that were
unavailable in our analysis. In addition to date of intarviwu it would be helpful to use number of
contacts, and the distinction between noncontacts, initial nonresponse, and refusal conversion
when building a definition of difficult interviews. In the current study, data limitations

restricted our definition to include date of interview and in some cases humber of contacts.

We also encoutage research into the data quality of late interviews. We hope to get a
sense of this by further examining proxy rates, allocation rates, and occurrence of “don’t knows"
and “refused” for late cases. In the current analysis we have not explored trade-offs between the
last few percentage points of response and the potential for increased error as a result of poor
data quality. We also suggest that our study should be replicated over several months and at
lower geographic levels. Finally, we recommend that researchers conduct studies similar to the
current one for different surveys, especially surveys with longer field periods and different

modes, interview frequency, and subject matter.
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Table 1.

Probability of Being a Late Interview: Person and Household Models for NCVS

Person Model Household Model
Independent Variable Estimate Adjusted Estimate Adjusted
QOdds Ratio Odds Ratio
Respondent Characteristics
Proxy Interview (854 2:35
Mode (telephone) -, § ] FK* 0435
Number of Crimes Reported -0.11% 0.90
Age -0.38% 0.68
Education (<high schoal; h.s.; >h.s.) (), ] 5%k 116
Relation to ref, persom (Ref. Persons QI ed)
Spouse <, [ 5k 0.86
Child (). 4§k 0.62
.. Parent -0.03 0.97
Sibling -0.12 0.89
Other Relative =), qdoni 0.65
Non Relative 011 111
Sex (male) -0.05 0,95
Race (whites omitted)
Black 0.23%%s o
... American Tnd/Alaska Nav, -0.12 0.88
Asian/Pacific Islander 0.34#%x 140
Other race 0.25* 1.28
Hispanic Origin -0.08 0.93
Household Characteristics
Tenure (owners omitted)
Renter 0,355 1.41
Nao payment for rent -0.11 0,59
Househaold size (1-6+) 0.08%*% 1.09

Income (low income omitted)

Medium income 1.13
High Income L N
Income missing 1.98
0.87
Previous Inter, Oul
Noninterview LO0™»** 232
........ Replacement Household LIZRE 206
Other outcome LigaAae 3.84
Person-level nonresponse (ves) 0.79%%* 2.21

*p<.10, **p<.01, ***p<.00] level




Victimization Rates of Violent Crimes by Sex, Age, Race, Ethnicity, Income, and Residence
NCVS Quarters 1 and 2, 1999
(per 1,000 people)

TABLE 2.

( per 1,000 people)

i TABLE 2.
\

|
|
|
1
Victimization Rates for Selected Crime Statistics with and without Laie Cases NCVS Quarters 1 and 2,1999 ! i
|
|
|
\
|
|

Difference significant at the =10 level; ** ar 013 *#=at 001,

L All Cases Excluding Late Cases
'Iﬂ_:e of Crime l All Cases Excluding Late Cases | Sex
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Crimes of Violence | 358 36.2% I Female Lk LR —{
Rape/Sexual Assault ! 1.5 15 t Alg; = -90 - o ‘
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! White i 34.8 35.1
i Black 44.3 45.2
fl Other 307 32,14
1‘ Hispanic Origin
‘ Hispanic 36.2 34,5+
I Non-Hispanic 354 36,074
” Income
| \ <§7.500 57.3 56.6
‘ § 7,500-14,999 506 50.3
| $15,000-24.999 429 43.9%
I‘ $25,000-34,999 410 41.8
| $35,000-49,999 - 28.9 28.8
| $50,000-74,999 35.9 37.Jkan
i $75,000+ 252 25.0
| Residence g
| Urban 43.8 43.5
Suburban 34.7 335 §uws |
F Rural . 28.9 207xer |
|
|
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o Spause -0.23%%% 0.85 : }
_Child D21k 0.87 : |
Parent -0.11 0.96 |
017 1.27 i
_______ Other Relative 0.28% 141
MNon Relative (,17%% 1.27 |
001 0.99 |
0,20%* 1.64 }
-0.00 1.35 |
0.10 1,49 i
. Hispanic Origin 0.24 1.27
Force Status (employed/at work omitted) i
Employed - currently absent 0.28%% 1.06 |
Unemployed 0.10 0.90
...... Retired » 049me 039 I
- Disabled (.2 Joksok 0.61 \
Not working - other reason 0:22%%% 1.02
Household Characteristics 1
Made (telephone) -0.86H#* 0.42 !
Temre (OWNers Ote) !l
Remer 0.28%%% 1.32 | ‘
No payment for rent -0.33 0.72 I
Hausehold size (1-6+) 0.07%%% 1.08 ‘ ‘
Income (low income omitted) |
Medivmincome 0.2]%n !
........ High Income : I
Income missing :1
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Region (Midwest omitted) N UV \ \
South 0.18* 1.19 1
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TABLE 5.

Current Population Survey, May 1999

Labor Force Participation Rates by Sex, Age, Black and Hispanic

" Both Sexes Men Women
| All cases Lxcluding | Al cases l Excluding All cases ‘ Excluding
i late cases late cases late cases
i’ E F
Total 16+ 67.03% 67.00%% 74.76% 74.77% 59.89% 50.79%*
| 16-24 6500% | 65.05% 68.07% | 68.40%* 61.91% 61.68%*
25-54 84.12% 84.06%* 61.73% 91.68% 76.81% 76.74%
55+ 31.89% 31.80% 39.69% 39.61% 25.60% 25.51%
Black 16+ 65.30% 65.16% 68.90% 68,536+ 62.37% 62.41%
16-24 56.08% 55.78%% 55.23% 54.61%* 56.83% 56.83%
25.54 81.07% 80.94% 85.00% 84.54 Gpkwx 77.82% 77.96%
s 55+ 28.20% 28.39% 32.69% 33.22% 2521% 25.04%
| Hispanic 16+ 67.24% | 67.13% 79.19% 79.22% 55.54% 55.20%
16-24 6098% | 60.59% 70.50% 70.82% 50.83% 49,6954+
25-54 T847% | 78.51% 91.00% 91.07% 65.96% 65.94%
55+ 32.97% | 32.93% 4259% | 42.17% 25.25% 25.33%

Difference significant at the *.10, %01, *** 001 level,

Unemployment Rates by Sex, Age, Black and Hispanic

TABLE 6.

Current Population Survey, May 1999

‘ Both Sexes Men Women
|
1 T
Allcases | Excluding | Allcases | Excluding All cases Excluding
late cases Iate cases late cases
Total 16+ 4.05% | 4.10%** 4.01% 4.08%* 4.09% 4.12%
16-24 9.92% | 10.07%" 10.25% 10.42%* 9.56% 9.67%*
25-54 2.99% 3.02% 2.90% 2.94%* 3.08% 3.10%
55+ 2.66% 2.70% 2.65% 2.67% 2.67% 274544
lB[acl{ 16+ 7.69% 7.93F%** 7.79% 7.99%* 7.61% 7874
f
16-24 17.55% 18.15%%* 19.42% 20.03%* 15.93% 16.59%%*
25-54 5.83% 5.97%* 5.66% 5.78% 5.98% 6.15%*
55+ 3.80% 4.00%* 3.25% 3.'34% 4.30% 4.74%
Hispanic 16+ 6.23% 6.28% 5.75% 5.86% 6.90% 6.88%
|16-24 10.94% 10.90% 11.07% 11.14% 10.76% 10.53%
25-54 4.94% 5.01% 4.24% 4.33% 5.90% 5.94%
55+ 5.36% 5.53%** 4.81% 5.02% 6.09% 6.21%

Difference significant at the *.10, ##.01, #%* 001 level.
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urvey populations

1.1 !ntroductioﬁ

This book is about populations that are hard to sarvey in different ways. It focuses on
populations of people rather than estublishiments or institutions. In an erg of falling response
rates for surveys (Brick & Williams, 2013; Curtin, Presser, & Singer, 2005; de Leeuw & de
Heer, 2002), it may seem that all household populations are hard (0 survey, but some
. populations present special challenges-of various soris thas make thern harder to survey than
the general population, Some of these hard-te-survey populations are rare: others are hidden;
some are difficult lo find or contact; still others are unlikely lo cooperate with survey
requests. This chapier tries to distinguish the major challenges that make populations hard
lo survey and revicws attemipts to quantify how hard to survey different populations are,

One way (o classify the various sources of difficulty is by what survey operation they
affect. In this chapter, we distinguish popuiations that are hard 1o sample, those whose
members who are hard to idemify, those thal are hard to Jfind or contact, thase whose
memnbers ure haid fo persuacde to take part, and those whose members are wiiling to take parl
but nonetheless Aard to interview. These distinctions reflect the main 5(eps in many surveys.
First, & sample i3 selected, Often, Lhe next aperation is identfying members of the target
population, for example, through screening interviews, Then, the sample members must be
found and contacted. Once conlact is made, sample members have to be persuaded o do the
survey. And, finally, the willing respondents have to have whatever abilities are nesded to
provide the requested data or special steps have to be taken to accommodare them. As we
shall see, witly any given population, problems can arise with each of these operations,
meking the population hard to survey. And. as wili become cicar, some hard-ta-survey
populalions present combinations of several kinds of trouble.

1.2 Hard-to-sample populations

In the ideal ease, there is a complete and up-to-date list of the target population and the
sample can be drawn from this list. Unfortunasely, this ideal is rarely realized in pructice;
for most popuiations of interest in surveys, there is na list frame and sampling begins with
some general purpose sampling frame, such as an arca, address, or random diglt dial
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(RDD) frame. Problems arise when the target population represents o small fraction of the
frame population. Kalton (2009; see also Chapter 19 of this volume) distinguishes major
subgroups or domains {constituting more than 10 percent of the total population), from
minor subgroups {1 ta 10 percent) and from mini-subgroups (less than ! percent of the
total population). Te pick out the members of the target population from the other
members of the general population, surveys often begin by sdiministering a short battery
of screening questions, Tn (he absence of a special frame or frames, then, one reason that a
population can be hard to sample is that its members are rare, representing a smail fraction
af the larger frame populution, often the general population. (Another source of difficulty,
to which we return later, is that it may be hard to identify the members of the rare
population in a short sereener.)

Discussions of the issues invelved in sampling rore populations (e.g., Chapter 19;
Kalton & Anderson, 1986; Sudman, Sirken, & Cowan, 1988) often point to two other
population characteristics, apart from overall prevalence within the general population, that
affect the level of difficulty in finding members of the populaticn in a screening survey. The
first is the leve! of variation ncross areas or sampling strata in Lhe prevalence of the rare
subgroup. It is sometimes possible to increase sampling efficiency by oversampling strata
where the prevalence of the rare subgroup is relatively high and undersampling arens where
the prevalence is relatively law. It is easier la find members of the rare pepulation when 2
substantial proportion of them is concentrated in & smail number of areas or strara that can be
identified prior 1o sampling. For example. u recent experiment in the National Houschold
Education Survey attempted to boost the number of Hispanics in the szmple by targeling
census tracts in which at Jenst §3 percent of the population was Hispanic (Brick, Montaguila,
Han, & Williams, 2012).

FThe other varinble affecting the difficulty of locating members of a rare population is the

cost of a screening interview relative Lo the cost of the muin interview. I screening inter-
views are relatively cheap (for example, only o few guestions we needed to ideatify
members of the 1arget population), then having 1o carry ouz a lot of them will not affect
the final dara collection costs so much os when screening is relatively expensive. Considera
situation in which members of the rare population constituie 5 percent of the total popula-
lion. If we ignore (he effects of nonresponse to the main interview, thiy implies that twenty
sereeners will have 10 be done for each main interview. Howaver, if the screening interviews
cost ottly one iwentieth of the main interview, ther the (otal costs per case are oaly doubled
by the screening costs (that is, twenty screeners plus one main interview cost twice as much
as p main interview elone). But if the screening interviews nre expepsive - say, half the cost
of the main interview — then the need to complele twenty screenings per main interview wilk
drive up the lotal cost per case by o factor of | 1. Screening costs can be high if medical tests
or nlong series of questions are needed to identify members of the tarpet population or if itis
difficult to gel people o camplete the screener. Some surveys use a two-phase screening
process, where the first-phase screener casts a brond net and the second phase screener
applies more stringent criteria, Clearly, sampling efficiency matters more when the screen-
ing process is expensive.

ST DTS ITIT




Defining hard-to-survey populations 5

Kalton (2009} provides a measure (R) of the gains in sampling efficiency that can be
achieved with a disproportionate allocation of the initial sample across strata that vary in the
prevalence of the rare population:

=W, /P =TT F B
Ao 1| o)
Ple=T1)+1 | R
in which W, is the proportion of the rare group in stratam A, P is the overall prevalence of the
Tare group, Py is its prevalence within siratum k, and ¢ is the ratio of data collection costs for
a member of the rare population to the costs for the nonmembezs (that is, for cases who
sereen out).

One way to measute the difficulty of sempling members of the rare population is by the
added cost per case due to the peed to conduct sereening interviews, With & proportionate
aliccation of the screening sumple, the added cost (A, per case, expressed as u proportion of
i total cost per case, depends on the prevaience (P) of the rare group and the cost ratio
parnmeter (¢} deseribed earlier in Bquation 1.§:

Ac=1+e/P.

Under an optimel allocation across strata, the added cost would be R x Ag, where R is the
efficiency gain factor defined in Equation 1.1. For example, if the efficiency factor was .8
ond sereening increased the data collection cost per case by a factor of 1.5, the net effect
would be en increase of 20 percent (that 3s, .8 x 1.5 = 1.2). A-and R x A provide measures
of the sampling difficulty associated witk & rare population. In summary, then, a popilation
is harder 10 sample as its overall prevalence becomes lower, as its prevalence varies less
across the sampling strata, and as the screening costs increase relative to the cost of 4 main
interview. In the best case, most of the rare target population falls within a few struta or a
single high prevalence stratum and the screeners are relatively inexpensive,

A related shuation involves selecting the sample from two frames — a general purpose
frame with low prevalence but high coverage of the rare population, and a special frame with
higher prevalence but less complete coverage of the rare population. The latter might be a
Jist of known mebers of the rare population. The dual finme sample yields the highest
gains cornpared to the gencral purpose {rame alone when the special frame has a much
higher prévatence than the general purpose frame and when it includes a large fraction of the
rare population {e.g,, Lohr & Rac, 2000),

Another type of populalion that presents paticular difficulties for sample designers are
mobile or “elusive” populations. These are populations, such as the homeless and stmilar
groups {(e.g., migrant workers), that are not easily linked to any one place. Here, the best
sempling stealegy often invelves sampling places where the members of the elusive
population arc likely to be found rather than sampling the members of the populaton
directly. Kalton (2009; see also Chapter 19 in this voluine) describes this approach as
“location sampling.” Examples include sampling homeless shelters and soup kitchens as
strategy For capturing the homeless (¢.g.. Ardilly & Le Blane, 2001) or sampling oases o
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waserholes to capture nomadic herdsman, Sampling is likely 10 continue for some period of
time und, precisely becuause such populations are mobile, membirs may have multiple
chances far selection, Moreover, the frame of locetions is likely to be incomplete; thus,
elusive populations may we!l be undercovered even when & location sample iy selected. I
the main gonl of the survey is to estimale the size of the population, caplure-recapivre
methods can be usad. These methods, initially developed for estimating the size of nonhuman
populations, are now used in estimating the coverage of censuses of human poguiations
(sec Mulry, Chapter 3 in this volung), Twao samples ace taken; in the Dest case, the samples
are completely independent. (With (he census, ene of the samples is the post-enumeration
survey sunple: the other is n sample from the census enurerations.) The estimute of the size
of the population reflects the proportion of cases found in both swmples. A powential problem
with this method is “correlation bins" - that is, (be violation of the assumpion thet the
capture and recapture probabilities are independent. When members of the rare populetion
systematically vary in their elusiveness (or when they vary in their eluwsiveness within
sampling steata), this variation will produce correlation bias. imperfections In the sampling
frame can also jead to correlation bias. Forexample. if the frame for asurvey of the homeless
omits certain sites, (hen the hometess tinked only 1o those sites are Jikely be missed in both
the initial and recapiure survey.

“Mobility presents challenges not only for sampling population, but also for locating the
members of the group. We have more Lo sy adowl hese problems in Section 1.4 below,

1.3 Hard-to-identify populations

A screening survey is predicated on the assumption thit the respondents are both willing and
able [o answer the screening questions eccurasely, Screening duta are often provided by
household informants, who provide information about themselves and aboul the other
members of the household, In some cases, a neightor ray be used as a last resort when
screening is based on age, race, or some other visible characteristic. And, in network
samples, screener respondents may be asked not ouly about their own households bul alse
about the members of linked households (e.2., the househalds of their siblings; see Sudman
ot al., 1988, and Chapters 23 and 24 in this volume, for dlscussions). Regardless of the exact
imethod of scresning, the accuracy of the screening data will depend on the screening
respondents knowing the relevant charcteristics of each parson they are asked :me%t and
their willingness to report that information, Unfortunately. these conditions may not always
be met, creating a second type of hard-to-survey populatien.

1.3.1  Stigma, sensitivity, and motivated misreporting

Consider the difficulties in identifying the members of some cultural or religious minority,
such as immigrants (see Massey, Chapter 13 in this volume), men who bave sex with men,
or Muslins (Keeter, Smith, Kennedy, Turakhia. Schulman, & Brick, 2008). Members of &
highly stigmatized population, such as illicit drug users. muy keep this characteristic seeret
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even from other household memhers, And household informants may be reluctant to
identify persons with the relevant characteristics 1o outsiders.

Even when the chamcteristic of interest is nol sensitive (for example, when the
populatior: of jnierest is a speciiic age gronp), screening interviews often miss members
(Howigan, Moore, Pedlow. & Wolter, 1999; Judkins, DiGaetano, Chu, & Shapiro, 1995).
Although almast all surveys are prone to some undercoverage (see, for example, Shupiro,
Diffendal, & Cuntor, 1993, o the coverage of the Current Populution Survey, or CPS), the
undercovernge in scresning surveys ssems o be worst for the very groups taygeted by
the survey, One of the best documented instances of such underreporting involves the
Nationa! Longitudinal Survey of Youth, 1997 Cohort (NLSY-97). The cligible population
foe this survey was young people, aged 12-23. Horigan and his collengues (Horrigan
eral,, 1999) compured the numbers of persons found in the NLSY-97 sereening effort with
the zxpected numbers based on CPS figures for he different age groups. The NSLY
screening duta show roughly the same numbers as expected for the age groups ahove 23
and slight undercaverage for those below 12 (roughly 90 percent coverage relutive (o the
CPS). For the oge range targeted in the screening effort (12-23 years old), however, the
coverage drepped Lo about 70 percent. Similar problems have been found with several
other national surveys (see Judkins et al., 1999): in euch case, undercoverage was
considerably worse for the survey's target population than for other groups. To aveid
the biases produced by this sorl of underreporting, surveys sometimes retain some of the
households that sereen out for further data collection. Of course, this increnses data
coliection costs,

Tourangeaw, Kreater, und Eckman (2012) argue thut the underreporting of eligible
household members in screeners is an example of morivated misreporting, in which
respondents. interviswers, or both, shade the answers to minimize the wotk they have to
do {see also Kreuter, McCulloch, Presser, & Tourangesu, 201 1), When eligible househalds
serees out, they donol have o complete the main interview, reducing the burden for both the
potentinl respondent and on the interviewer. My co-ruthors and T carricd out an experiment
in which we varied how much the sereening questions in a telephone survey disguised the
target population (Toursngeau er af,, 2012). Some households got questions that asked
directly abeut the eligible population (“Is anyone wha lives there belween the ages of 35 and
557" wsecond group of households gol questions ubout yourger and older age graups (s
everyone who lives there younger thun 357 [s everyone who lives there older than 387 %a
finel group got a series of guestions for each member of the hovsehold, including their sex.
ree, und age. The last method is known as the full roster approach. The full roster clearly
baut both the direct questions rud (he complement guestions for finding members of the
target population. With the full roster version of the screening questions. 45 pereent of the
households screzned in versus 32 percenl with the direct questions und 35 percent with
the complement guestions. We knew from the frame data that some of the sample house-
holds inciuded an eligible household member; the full roster led 1o the least underreporting
within these households,
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The downside was (hat the full roster atsp produced the fowest overail TEAPONSE rutes
(24 percent versus 32 percent for the direct question group and 29 percent for the comple-
men{ question group): these response rates reflect nonresponse Lo both the screener and the
muin inierview. Both interviewers and ronrespondents seem to contribute to the shorluli in
eligible household members, There was a highly stgnificant negative conrelntion (-.58}
across interviewers between their sereener responke rates and their screener eligibility
rates. The intecviewers with the highest response rates to the screener ulso found the lawest
proportions of eligible households.

So. there is clear evidence that members of even nonsligmatized grotps can be hard 1w
ideniify in screening interviews. It seems quite likely that the undercoverage of members of
stigmatized groups will be even worse. At least one line of evidence provides suppart for
Lhis conjecture. Tourangeau, Kearney, Shapiro, und Errst (1996) curried wut an experiment
that veried the procedures used to roster the members of sample kouseholds. We found that
&1 anonymous rostering procedure led 1o better coverage of young Black males, a group
often underrepresented in surveys and censuses. This study was dome mainly in poor
neighborhoods, where coverage is ofien low. The respondents in our screening sample
may have deliberately omilted some household members (especially Black male members)
because they were worried about losing welfare benefits or incorring some other penalty if
they included them, Such concerns may lead to concealment on the purt of respondents; my
colleagues and 1 argued thut the anonymous rosterin 2 procedure helped allay such cancerns
and reduced omissions from the rosters, These results suggest thal omissions may occur
meze often the more respondents that ere worried aboul the potentizl costs of reporting a
member of te target papulation,

1.3.2 Metrics for the hard to identify

There are scveral ways to quantify the level of difficulty in identifying members of & given
population. My discussion of the prior work in this area has alreedy mentioned some of these
potential metrics.

The imost commonly used measure of the difficulty of identifying members of a specific
population Is its coverage rate, The coverage rate is the estimate of the size of the population
from the survey to the estintated size based on some benchmark survey or the census:

Y {1.2)

in which &, is tie estimated size of population group i from the survey (typically, the sum of
the weights for the respondents in thal group after any nonresponse adjustments) and Ny, is
the benchmark for that group (such as the estimale of the subgroup’s size fom the American
Community Survey).

The coverage rale reflects the joint effects of all sources of error lincluding [rame
problems, sereener nonresponse, and so onj, nol just misteports in the sereening interviews;
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in addition, it captures the net fmpact of all these fonns of emor. That is, overreparts and
underreports can cancel oul so that & coverage rate near 1.0 may mask & high level of
offsetting erors (see Mulry, Chapter 3 in this volume, who descuibes additional measures
used Lo assess coverage in a census). The screening classifications can sometimes be
compared 1o mare ccurate ineasures of the relevant characteristics, This aliows the pro-
postion of those wha should have screened in but were incorrectly classified us ineligible to
bre computed (this is the fulse negative rate); similarly, it also allows the praportion of those
who screened in but should have been clessified as ineligible (the fulse positive rate) 10 be
compuled. False negetives are generally more problemate than false positives, since the
Jotter can be removed once they ure [dentified in the main interview,

1.3.3  Other methods for hard-to-identify populations

Snowball sampling. and its more recent outgrowth respondent<Iriven sampling (RDS; see
Chapters 23 and 24 for discussions), are methods intended to reduce (he problems of
{dentifying members of rare o stigmatized populattons, As Goodman recently pointed out
(Goodman, 201 1), saowbal} sampling was originally introduced by Coleman (1958-58) asa
method for selecting a sample of the members of a social network, such us groups of triends
at 2 sehool. Colemun started with a random sample of netwark members and used this initial
sample to identify other members of the netwotk, As Goadman noted, his method yielded a
probability sample. Over tims, however, snowball sampling ks come to mean recruiting a
convenience sample of members of some population, typically members of u “hidden"
population {such as illicit drug users or illegal immigrants); these initial “seeds™ then recruit
additional members of the populetion, who then recrait additional members, and so on. In
series of papers, Heckathorn (1997, 2007, 2011) has explored the stelistical propertias of
RDS and introduced several estimators that can be used with such samples. Under certain
assumptions, Heclathorn argues, (he estimatars are unbiased, For our purposes here, three
of the assomptions underlying RDS are crucial (these quotations are all tuken from
Heckathom, 201), p. 363)
(13 “Respondenis know one another as members of the lérgcl population, s is typical of
groups such as drug users of musicians™;
(2) “The network of the targel population Forms a single compoaent™; and
(3) “Respondents can accurately report their personal network size, L.e., the number of those
they know who fit the requirements of the stady such us drug injectors or jazz musicians.”

If these assumptions are met. the members of the hidden population are tiot iidden to each
ciher, but only to members outside the population. Of course, even if members of the hidden
population know each other, this does not mean shey are witling to reveul each other to the
researchers. (Consider using RDS 1o recruit a sample of illegal immigrants.) It remains lo be
seen haw often these and the other nssumptions on which RDS rests are met in practice and
how robust the method and associated estimalors are when its assumptions are violated {see
Chaprer 24},
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1.4 Hard-to-reach populations

So, some populations are rare or elusive and, 83 a result, hard to sample. With other
populations, Lhe challenge is picking oul the members of the target group from some
lurger population (such as the gerera! population). particutarly when the members of the
target group do not want to be identified. But there is still another source of difficuliy that
can make a population hard 1o survey - the members muy be hard to locate or hard o
contacl. For exampie. Kelizher and Quirke (Chapter 10) describe a survey of Irish
Travellers, @ group that is hard Lo survey for several reasons, not the least of which i
their mobility.

1.4.1  The hard to locate
There are al least four lypes of mobile populativns that may be had w0 lecate:

o Members of traditionally nomadic cultures (such ay the Bedouins of Southwest Asig and
Lhe Tuareg of Necth Alrizay

& Itinerant minarities (such as the Romani i Europe o the Traveliets in {reland);

o Pergons who are temporurily mobile or displaced (recent immigranis. homeless persons,
refugees), and

e Persons at 2 mobile stage in theirlife eycle (college sludents).

Some of these populations are quite large. Passel (2006) estimates that there ure 1.1 million
“unauthorized migrants™ in the United States {although these are probably mostly in haou
helds and thus not especially mobile) and estimates of the size of the Romani population in
the US range up to a miltion. Mobility can make the members of some populations lurd 1o
Jocate. As we noted earlier, one strategy for capluring the members of mobile populations is
1o sample places where they are likely Lo be found. For examiple, in the Unlied States. the
2010 Census sent enumerators 1o migrant werker comps, soup kilchens, and home
shelters in an effort to count these mobile populations.

Mobility can alse be a problem for longitudinal. or panel, surveys. There are a few papers

on movers in such surveys (e.g.. Couper & Ofstedal, 2009; Lepkowski & Couper, 2002).
Couper and Ofstedsl examined sample members who moved between rounds of the Punel
Study of tucome Dynamics (PSID) and the Health and Retirement Survey (HRS). They note
that some 13.7 percent uf the US population moved in 2004; the comresponding rates in
Western Europe wece somewhat lower. Both of the surveys thet Couper and Clitedal looked
at were quite successful at inding sample members who had moved. The PSID localed 96.7
percent of the 1,441 cases that needed to be tracked for the 2003 round and the HRS located
9%.7 percent of ity 1,294 movers for the 2004 round of that survey. SUIL altheugh ihese
iracking efforis were very successful, they also required considerable resaurces. On uverag
it 1ok 10.2 tracking calls to find the movers in the PSID and 7.4 wecking calls to find the
iovers in the HRS. Still, as these results suggest, the vast majerity of movers are eventually
found.
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. The correlates of being found, according to Couper and Ofstedal (see also Lepkows
. Couper, 2002) are, not surprisingly, related to the person’s level of attachment to a specific
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place. People who are mutied, employed, older, and engaged in communily activities are

© more likely to stay put and are easier w find if they do move. Despite o tendeney (o change
- their sumames, women seem Lo be easier to track than men are. In general, populations that

are only loosely attached lo u specific home or place are ditficult to find, Thus, (he homeless
are neoriously diffieult to count and to interview and they are missed by virtually all general
population surveys (although see Chapler @ in this volume). A less extrenie cuse involves
persons with weak attachments 1o several households, They are at risk of being omitted from
househald rosters end thus missed hy surveys: Martin (1999) estimaled thut some 4 million
pessons in the United States might have such tenuous connections to a household, And
people displaced by starms, other natural disasters. and wars can require exireordinary
efforts to find and inlerview (see Chapters 6, 7, and & in this volume).

14.2 Barriers to access

Even when sample members cen be found, it may stifl be difficult to contact them, One long-
term trend thet has probably contributed to the decline in respanse rates throughout the
developed world over the Jast two decades is the widsspreud udoption of lifestyles and
devices that shield people from unwunted solicitations, More and more Americans live in
yuted communities, locked apariment buildings, or other residentiat settings in which they
we protected by gawkeepers, and the tends are similar in Western Europe. By the mid-
1990s, nearly 40 percent of acw residential developments in the US were gated {Blakaly &
Suyder, 1997). Even befoze cell telephanas became popular, Americans used calter-ID and
answering machines 1o sereen out their telephone calls; now. as the population shifts to cgll
ielephoncs, almost everyone is able Lo filter his or her calis.

Itis not clear whether this shill to cell telephones has made i harder or easier to reach
potential respondents, According 1o Blumberg & Luke (2012}, ubout 25 percent of the
adult population in the US was ecll-only by mid-2010, Hispauics. young adulis (18-34
years okl). people living with roommates, poor people, and venters were more likely to
be cell-only than the rest of the population. The figure for Hispanics was nealy 33
percent; for 25-29 yenr olds, it was more than S{ percent; and for adulis living with
unrelated adulis. it was 68 percent. Although cell phones do encourage the sereening of
incoming cails, they are mobile devices and many cell users have their telephongs with
them all the time. In generul, though, it seems that many of the same groups thal are hard
fosurvey for other reasons (such 8 young adulis) are also getting harder Lo contact; these
greups seem to be averrepresented in the cell-only populalion. At the ather end of the
spectrum, Groves und Couper {1998) suggest that twe proups are relutively easy to
contact — the elderly und parents with young children, Members of both of these zroups
are more Jikely 10 be utbome than members of olher subgroups of the general population,
On the other hand. access (o elderly in assisted-living settings may be limited by
gutekeepers,
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1.4.3  Metrics for contactability

Many survey researchers routinely distinguish between various forms of nonresponse,
including the failure to locate the sampie person, failure to make contacl, urd failure to
persunde the sample person lo take part (which we discuss further in the next section).
Lepkowski and Couper (2002} present 0 model in which the overalt response propensity
for & given sample member is the product of kis or her likelibood of being {ocated, being
contacted, and agreeing Lo take part. Thus, & natursl metric of 2 population’s difficulty on
cach of these scores is the complement of their average propensities — that is, the observed
or modeled proportion of the population thal could not be found, that could nar be
cantacted given that they were found, or that could nat be persuaded 1o take part given
that they were contacted, Another statistic commonly used to measure the level af
difficulty in contacting sample members is the uverage number of cantact attempts or
culls until contact was made. Hard-to-contact populations are those where relatively high
proportions are never contacted and those whose members require high ntmbers of
contacl attempts to reach.

1.5 Hard-to-persuade populations

Once the sample person is reached, there is still the problem of geting him or her to agree
fodo the survey. As response rates have [ullen in the US and clsewhere, survey researchers
have increased their efforts to find semple members and to make coninet with them; us a
result. the rise in nonresponse rates mostly reflects rising levels of noncnoperation
(Groves & Couper, 1998, pp. 160~63: Steeh, Kirgis, Cannon, & DeWin, 2001). In
addition, the distinction between noncontuct and noncooperation may be breaking
down, Scyeening one’s telephone calls or choosing to live in a pated community may be
a menns of preemptively fending ofl unwanted requests, including unwanted survey
requesis,

Twa variables are often singled out as potential sources of general resistance t© surveys —
the sense of busyness that seems Lo pervade contemporary life and falling levels of civic
engagement (Brick & Williams, 2013; Groves & Couper, 1998, ch. 5). Abraham, Maitland,
and Bianchi, (2006) pitted these two explanations against each other in a study of non-
response in the American Time Use Survey (ATUS), Several featwres of the ATUS make it
particularly useful for studying nonresponse. First, the sample consists of respondents ta the
CPS and 50 detailed information is available fot the ATUS nonrespondents as well as for the
respondents. Second, for & survey conducted by a federal agency, the ATUS has a relatively
low response rate (in the high 50s). Finally, if the busyness hypothesis were true so that
busier peopie are less likely 10 respend 10 the ATUS than tess busy people, then this would
introduce noliceable biases inio ATUS cstimates, which concern how people spend their
time. Abraham and her colleagues found more support for the civic engagement hypothesis
than for the busyness hypothesis; in particular, they found that ATUS sample members with
lower levels of community engngement were less likely to be conracied for their ATUS
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© nterviews than those with strenger community ties. This was somewhat surprising since

community tes are usually seen as linked with willingness to participate.
Several other studies find that various forms of community invelvement are related to

. survey participation, Groves, Singer, and Corning (2000} showed that respondents who
© reported high levels of civic involvement in one survey were much more willing to compleie
- an unrelated mail survey Jater on than those who had reported low levels of involvement, at

least when neither group was offered o monetary incentive. The difference in response rates
lo the mail survey was substantial - nearly 3G percentage points (50 percent for the high

‘1' involvement group versus 21 percent for the low). Tourangeau, Groves, and Redline (2010)

foond (het vaters were more likely 1o complete & survey than nonvetess, and this difference
way apparent even when the survey (opic was not political, Finally, Abrahem, Helms, end
Presser (2009) found thar nonresponse in the ATUS was aflected by sample members'
volunteering behaviors, They showed that sample members who reported in the CPS that

they had done valunteer work in the past year were much more likely to become ATUS
" respondents than sample members who did nol report any velunteer work. ATUS respond-

ents were utmosl twice as likely sy ATUS nonrespondents to have reported volunteering in
{he CPS. Activities such as community involvament, voling, and volunteering may reflect a
genarulized willingness to help others. clearly a chareeteristic related to wiltingness to Lake
part In surveys.

These findings contain hints about populations that are likely to exhibit high levels of
resfstance 10 surveys in general. Persons who are soclally isolated or who are low on
ultruigm may be hard 1o recruit for surveys or may require special incentives to get
them to take part (see Groves ef «l., 2000). Many surveys are conducted by government
agencles or acpdemic researchers so thal groups with hostile views toward the govern-
ment or toward social science in genera! may be less likely to eooperate in a range of
SUrveys,

This is not to say that the specifics of the survey do not matier. According (o Groves ef al.
(2000), people decide whether 10 participate in a survey based on their evalnations of
whiever features of the survey happen 10 be salisnt at the time they make their decisions.
The topic of the survey, its sponsor, its length, or the incentives it offers may all affect wha
cooperales with a specific survey request und who refluses, although the effect of topic
inlerest on coopsration rates has wrned out to be surpiisingly hard 1o demonstrate (Groves,
Presser, & Dipko, 2004: Groves ¢t af.. 2006). Still, the leverage-saience theory ol Groves
ot al, (2000) indicates that groups (hat are easy to persuade for one survey may be hard to
persuade for another. Indeed, the decision whether te take part may have a large chance
compotent. reRecting whatever features of the survey momenturily draw the sample
person’s attention.

The natura] melric for assessing how hard the members of u given populution we o
persuadz to 1ake part is its refusal rate — that is, the praportion of those who were conlacted
but who declined to take pat. Additions) indicators of reluclance are the proportion
of population members who required refusal conversion, special incentives, or other
exireordinary measures to obtain their cooperation. Ideally. one could compare

“participation ave likely to be rare. In the CPS. for example. alf of theae sources of diffic
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al, need for conversion efforts, and 50 on a

papulations on their average rates of re
arange of surveys,

1.6 Hard-to-interview populations

There are at least three additional rensons why some populations may be difficull t survey:

» They muy be vulnershle populations (such as prisoners or young chifdren), reqguining
explicil consent from a caretaker., parent, or guardian to interview;

e They may have cognitive or physical impairments thet makes them difficult orimpossible
to interview ai least under the standurd survey pratocols; or

s They may not speak (or read) the language in which the survey questionnaire is written,

In all three cases. it may be difficult to collect the survey data of inlorest — difficult but not
necessarily impossibie, Children often take pact in surveys (for example, in surveys of
stutlents), althaugh parental consent is generally required and duty jway be gathersd both
from the sample children directly and from other informants (such as teachers or purents),
For example, the Early Chitldhood Longiwdinal Survey - Kindergarten Cohort (ECLS-K)
collevted cognitive asseszment data from kindergartners as well 25 getting additional
information about the children from their parents. leachers. and schuol principals (West,
Dentor. & Genmino Hausken, 2000). Chapter 15 io this volume presents a more generl
discussion of surveys of children and young people.

Surveys are generally designed for respondents who are in reasonably good health, whe
have intellectual abilities in the normal range (or abevel, and who are not suffering from
serious sensory impainments. Thus, people who are very ill. who have extreme intellectual
handicaps, or who are deaf (in the case of surveys administered aurally} or biind (in the case
of surveys administered visually) are left oul of many surveys. This may not be a major
problem lor surveys of the gensral populetion, since the canditions like these that prevent

(including language barriers) account for less thap & pereent of the nonresponding hot
holds (vs. 53 percent for refusal; see US Census Bureau, 2006) and less than | percent of all
eligible househelds, Alihough the CPS is a household survey and can coliect information
from anyone in the househald who is at least } 5. our impression Is that physical, cognitive,
and linguistic obstacles are generally relatively miner contributars to norrespense in most
surveys of the yeneral population.

The picture changes, though, for surveys aimed al population subgroups where these
problems are common. In surveys of immigrants, for example, Fnguistic issues are likely to

loom lurger, For kome stetes within the US, non-English speakars constitute substantial
minorities. Reflecting the makeup of California’s pepulation, the California Health
Interview Survey conducts interviews in (ve lunguages ~ Bnglish, Spanish. Chiness,
Koreun, and Vietnumese (E{iwm'ds, Fraser, & King, 2011). Translating the survey quas-
tiennaire is only one of the rccommadations that u survey may offer to reduce the impact of
physical, cognitive, or Jingustic barriers 1o participution. The ECLS-K study designed and
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fielded cognitive assessments that did nat require the children o read (West er ail.. 2000).
Chupiet 16 describes n national survey of people with inteliecisal dissbilities, And some
lelephone surveys use ext tetephone (TTY) lo accommodute the dexf,

Another tactie {or getting around the problems presented by the sample person’s fimi-
lations is o collect the duta from someone else. Parznts are often used to provide information
abeut sample children, especially young childen, mther than baving children provide the
dat themsalves. Similarly, carelzkers, spouses, or other proxies may be asked to provide
information about frail or severely disabled sumple persons, Most researchers regard sell-
report data as superior W proxy dats (for example, Moore, 1988), at least when the sample
persons are old enough 2nd healty enaugh 1o respond for themselves. Self-reperts are mare
likely 1o be based on first-hand experiences than proxy reports and the answers of seff-
reporters wre more likely 1o be based on recall rether than on estimation or guessing
strategies (Tourangenn, Rips. & Rasinski, 2000, pp. 65-67). However, when the topic is
the sample person's impainments, self-respondents may minimize their problems relative to
proxy reparters (Lee, Mathiowetz, & Tourangeau, 2007), The question naturally arises as (o
haw to determine whether a proxy is needed in u particular instance. One survey. conducted
on behalf of the Social Security Administration, used & three-item screener to identify cases
with cognitive impairments so severe that a proxy was tapped to provide the data (Skidmore,
Burrett, Wright, & Gurdner, 2012).

We are not aware of any existing metrics for ussessing the level of difficul ty of condueting
nterviews with the members of a given populution, but ut least two obvious measures
suggest themselves. One is the proportion of persons who are unable to provide the survey
data (or at least o provide the data without some special accommadation), That is, members
of one population or subgroup are harder Lo inlerview than members ol anotber population to
the extent thet a higher pereentage of them cannol provide the duta at all or can only pravide

data under speciul dats collection procedures. If proxies are allowed. then usimple measure

of difficulty at the interviewing stage is the percentage of cases for which proxics were
neaded. A second possidle metric is (he added cost per case assvciated with hard-to-
interview sample members of the population or subgroup, 2 measure similar o Ac-described
eyrlier in Section 1.2,

1.7  General metrics for difficulty

So far, this chapter has looked at individual components of survey difficulty, ranging from
problenss in sampling to problems in vollesting the duta. This section looks at attampts (o
create overall measures of difficulty, Both the US Census Bureau and the UK Office of
National Statisties have created hard-to-count indices to classify arzas for their population
censuses. We faeus on the US elforts here: Chapter 4 deseribes the parallel effort in the UK,
where & hurd-to-counl (HIC) index was used to stratify areas for inclusion in the sample for
the post-census coversge survey (see alko Brown, Diamond. Chambers. Buckner, &
Teague, 1999).

6 Roger Tourangeay

Bruce und Robinson {2003) describe the hard-lo-count measure created in the US. Tt
encompnsses twelve tract-level variables known to be associated with matl return rates in the
2000 Census, The twelve area.level percentages used to calculate the scores were:!

(1) Percent of dwelling units that were vacant;
(2) Percent that were not single-family units;
{3) Percent of occupied units that were secupied by renters:
{4} Percent of occupied units with more than 1.5 persons per room;
{5} Percent of households that were no: husband/wife families;
(63 Pereent of occupied units with no telephone service:
(7) Percent of persons below the poverly line;
(8) Percent of households geiting public assisiance;
(9) Percent of persons over |6 who were unemployed;
(10) Percent of househelds whete none of the odults (over 14) spoke English well;
(L1} Percent of households that moved in the past year; and
(12) Percent of adults without 2 high schaol education.

Each census tract received a score ranging from 0 to ] on each of these indicators,
depending on which of twelve categeries the tract fell into for each variabls, with overall
scares ranging from 0 to 132. This herd-lo-count index cosrelated .77 with the wact mail
return rale in the 2000 Census, The twelve veviables reflect a mix of the sources of dilficulty
that are thought to contribute to nonzelum of census fosms, including complex living
armangements, Jack of trust in the government, low secioeconomic status (SES), mobitity,
and nontraditional addresses (Robinson, Johanson, & Bruee, 2007), The British HIC index.
similarly, is based on variables that reflect the aren’s SES, (he percentage of the population
who we young or minorily group members, and the numiber of persons per dwelling (ses
Abbott and Comptan, Chapler 4 in this volume},

Bates and Mulry (2011} reunalyzed the data from Census 2000, using & cluster unalysis
procedure (o group the population of census tracls into eight clusters, One variable that
differentiated four of the clusters from Lhe remaining four was the perceniage of oceupisd
units occupied by homeowners 45 oppased to renters. The four clusters that included u high
proportion af homeowners differed in SES (one cluster was economically advantaged, one
was average, und ane was economicully disudvantaged) and in ethnic makeup (one cluster
had especiaily high levels of non-English speakers, among other characteristics), The
clusters with high proportions of renters paralleled thase with high percentages of home-

- owners, with one exception. There was no cluster corresponding to the economically

advantaged homeowners; instend, there was 2 cluster of tracts with high proportions of
unmarried renters living in multiunit structures. The ciuster with the lowest census return
mues in both 2000 and 2010 were the tracts dominated by economically disadvaniaged
renters, with a 38 percent return tate in Census 2000 and a similar retum rate in 2010. In
lerms ol the distinctions presented here, census nonretwn probably results mainly from
unwillingness to take part and linguistic barriers to participation. Apart from their practical
value, (hese results on hard-to-count areas in the US Census are uselu! in highlighting many
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of the groups that are traditionally thought to be hard to survey - renters {especially those in
large buildings). persons wha are low in education or econamic resources, movers, and
wnmarried peeple.

1.8 Conclusions

Although researchers uy 1o wilor their surveys to the population of interest, surveys iis a
method are often better suited to some populations than to others. The populutions that are
nard to survey {or at lenst relatively hard) are those that are hard to sample, hard to identify,
fard lo find or contact, hard 1o get to cooperate, hard Lo interview, or that offer some
conthination of these difficul(ies. Pupulations are hard to sample when there is no good list
of the population members and when the members of the population represent a small
fraction of the units on the available penerai population frames. They ane hard to identify
when membership in the target groug is based on characteristics that are hidden ot sensitive
or when household informunts mistrust the rescarchers, Populations ere hard to find when
their members are mobile or when they erect burTiens to uccess. They are hard to persuade
when they huve low fevels of engagement in the community end are unwiliing Lo belp the
sponsors and researchers out, They are hard (o intevview whe the researchers must first get
consent from thisd parties to carry out data collection, when the sumple persons do nat have
the requisite cognitive and linguistie skills, or when they are not healthy enough. ‘There are
sizable literatures on many of the dimensjons that conwibute Lo being hard to survey. For
example. Groves and Couper (199%) examine 1 number of variables that affect how hard itis
10 contact a given household [or a survey and how likely they are to cooperate il they are
contacied,

Muny hard-lo-survey groups present more than a single form of difficulty. Imagine uying
lo comduct a survey of survivalists living in isolated areas around the United Stutes. Cetain
sthnie minorites, suck: as the Roman, are rare, hard to identify, hard 1o Jocate and contactl.
and likely (o resist Laking part in surveys once they are found. In the US, unmarried young
men living in apartments with roommates are generally hard to survey and Lhese problems
ore even worse far young Alrican-American males.

The imptications of a group's being hard Lo survey depend in parl on the purposes of the

© survey, I the survey is aueimpring to characierize sore larger group, then members of hard-to-
& survey subgroups of this population are iikely to be undemepresented in the survey. thus
© bia
© subgroup, the level of underrepresentation, and the degree thal members of the subgroup differ

sing overnll estimates. The size of any bias will depend on the size of hard-to-survey

frum members of more easily surveyed groups on lhe variables of interests, i a survey takes
special pains to increase the representation of hard-to-survey subgroups of the target popula-
lion, these sweps may drive up the data collection cosls. But the consequences of a group’s
being hard to survey are likely Lo be even worse whep the goal is to characterize the hard-lo-
survey geoup, As we shall see in Jater chapters, iUis in this sitwation that has driven resenrchers
inta devising innovative sirategies for sampling, identifying, locating, contacling, and inter-
viewing populations that offer unusual pbstacles Lo conventional survey methods.
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CHAPTER FIVE

Influences of Household
Characteristics on
Survey Cooperation

51 INTRODUCTION

This chapter shifts attention to another siage of survey participation. [t examines
only those sample households the interviewer successfully contacts, and seeks to
understand why people do or do not cooperate with the face-lo-face interviewer re-
quest. The majority of the rest of the book concentrates on this cooperation step. We
will see that it is the most complex theoretically. invelving the interaction of socio-
economic and demographic. social and cognitive psychological, and interactional
influences. It is also the component of survey participation that is increasingly prob-
leizatic in many societies.

As Figure 5.1 reveals, our theoretical perspective asserts that effects on a sample
person's behavior arise from multiple levels of aggregation of psychological and sa-
ciofogical phenomena. This chapter, however, focuses on only one of the biocks of
hypothesized influences on cooperation-—that associated with relatively fixed al-
tributes of the sumple househald.

We begin with t hold-level atiributes b the survey-miethodologicul lit-
erature containg more analysis and commentary on that level of measurement than
on any other type. Many times these characteristics of ssmple units are recorded on
the sampling frame or ars observable by interviewers, This perimits easy comparison
of respondents and nonrespondents on these measures, For that reason, the rouse-
hold leve! will be familier terrain for many readers.

By starting at the householder block of intluences we ean ulso set the stage for Jut-
er chaprers, There we will address how much of the influence of the household ievel
remaing, controlling for etfects of other variables at different levels of aggregetion
{2, the social environment. the interaction berween householder and interviewer).

Although the survey literature is replete with sacio-demographic correlates of
nonrespanse, the literalure suffers from varying definitions of nonresponse, from
reliance on bivatiate results, and from an overemiphasis on case studies, These all

e
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\zin shared 1ife experiences. The life experiences of import are those shaping the in-
lerpretation of a request from a government agency, an educational instilution, or &
commercial firm to provide private information about parsons in a samipie house-
hold. The shared experiences of socio-demographic groups may produce various
predispositions to thase requests end reflect features of their current lifestyles that
uffect how they react Lo such a request.
We expect the effects of these attributes (o be specified by characteristics of the
© request (e.g., survey topic, agency of the request). For example, we might expect
{38t those who ore largely dissatisfied with the service of a firm will be refuctant 10
respond to a customer satisfaction survey frem thar firm (sze Trice and Layman,
19843, but would have ne such reluctance for some other survey. Thee atributes
shovld not be folally causal of the oulcome of the request. Qur theory says thelr ef-
| fects can be modified by the behavior of the interviewer and by which perts of the
‘ ‘ . survey request arc made most salisnt te the houscholder,
I
|
i
|
|
|

W//
!
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This chopter introduces the reader o a new sel of data 1o test the theorsiical no-
tions diseussed. For ariemetion purposes, a review of Chapter 3. Section 3.4, de-
soribing the decenntal census match projeet, s recammended,

Figure S0, A concoptual framework for survey cocperation B

To remind the reader, we pooled data ncross six surveys in analyzing the decen-
nial census match project. Further. at various points in this chepter we examine deta

contribute to a lack of conceptual integration of these findings. This chapter uses ‘

| ‘ " from the one-sixth sample {or census long farm). Even w ith the pooied dala, this se-
|

|

the theoretical framework owtlined in Figure 5.1 as a tool for organizing the find-
ings, both from our own deta and from past research on household 2nd householder
correlates of cooperation,

We do nol hypothesize that many of the socio-demographic variables are direct
covsal infinences on cocperation. Rather they are indirect measures of what are es-
sentially social psvchological constructs. Furthermore, the mapping of measures
into relevant concepls is imperfect. For example, older persons might exhibit higher .
ratzs of cooperation because of greater perceived civic duty 10 respond. At the same I
linte, (hey might exhibit /ower rates because of increased fear of crime, relative to |
younger persons, Age thus meps oato two construcis with different hypothesized ef- I ‘

|

verely restricts the statistical power (o detect differences. In addition, we sgain nole
that the data are housshold-level rather than person-ievel data. Finu discusse
in greater detail in Chapter 3, the rix surveys we examine all have refatively high
cooperation raws. This means that we focus on relatively small percemage-point
difTerences.

The chapter is organized aboul 1 et of theoretical constructs that help descr
the influences on householders® decisions. They range from constructs endemic to
rational-choice miodels of survey participation decisions to those that are much
more sccial psychological in nature. We start by using the rotion of opportunity
costs that householders must weigh in agreeing 10 spend their time responding (o 3
survey interview (Section 3.2). We then move 10 perspectives involving sceial ex-
change concepts, which focus on perceived obligations owed to the interviewer, the
survey organization, the sponsor of the survey, or the beneficiaries of the survey
{Section 5.3, Then we examine a related construet, that thase most connecied (0 59~
cta] institutions in the society would lend 1o cooperate with surveys. especially
those viewed as information collections in support of thase institurions {Section
5.41. To complete the theoretical discussion, the chupter proceeds to examine effects
| of aulhority (Section 3,6) and other influences (Section £.7). The chapter ends wi
I i multivariate models combining indicators of ssveral coneepts in orter 1 measure
|

Feets on cooperation. The decision to participate is bused on the combined influence
of interacting factors {not all considered at the time of the request), some facilitet-
ing cooperation, others constraining or mitigating against it.

We view these varizbles ns setting the context withia which survey requests are
interpreted. Variables like age, race, and socloeconomic siatus are ugeful to us inun-
derstanding survey cooperation, we believe, to the extent that they are related to cer-

their marginal impact on cocperation.

52 OPPORTUNITY COST HYPOTHESES

A fully “rational” view of the decision making of a prospective survey respongent

5 would nave lim or ler weigh all the costs of participaton agafnst the benefits of
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participation, with the outcome of this enleuius being a decision one way or the ath-
er, The costs of the participation would, in this perspective, include the time re-
quired to complete the interview, the lost opportanity to perform other activities, the
cognitive burden incurred in comprebending and answering the survey questions,
and the potential embarrassinent of self-revelutions that the questions require. The
tenzfits of participation miglt include the svoidance of aliernative, more onerous
tesks, the satisfaction of contributing to a socially useful enterprise, the enjoyment
of thinking abeut'novel topics, the plensure of interacting with the interviewer, the

gratitication that one's oplnion was sought by those in authority, and the satisfaction | 3

of fulfilling a perceived civic duty, among others,

This perspective s cominen to a rationsl choice theory of decision making and §

to a “central route™ protocol for assessing the validity of the interviewer's arguments
for participation (Petty and Cacioppo, 1986). It is nor compatible with the notion
that much decision making about survey participation is likely to be based on tam.
porary features of the home situation, peripheral aspects of the interviewer request,
and minor componeiuts of the survey thet become disproportionately saiient in spe.
cific survey interactions. This latter viewpaint leads 1o hypotheses thut much of the
variation in likelihood of participation is explained by what pasticular features of
the request situation become most salient to the householder.

While we do not subscribz fully to this theory of a deliberate and considered
view of decision making, it is important to inquire whether it receivas any empirical
support. This seclion concentrales on one component of this perspective--the ef-
fects of the amount of discretionary time for the sample household on survey coop-
eration

All other things being equal, the burden of providing the interview is larger for
those who have little discretionary time. Time limitations of the houschold should
affect both contact and cooperation. Those with less discretionary time are less like-
1y to be found at hone and, when they are found, less likely to feel free to participate
in a survey. Not only are there socigtal level changes (such as increased labor-force
participation of femeles) over tho last few decades that may be contributing to such
phenomena (see Chapters 4 and 6), but there is also individual variation in discre-

tionary time available thal may be revealed in survey data. In fact, many of the sur- |

vey households we approzch tell us this --witness the relatively lurge propostion of
timye constraint reasans provided by householders in initial interactions with inter-
viewers (see Chapter 8).

Large households have increased likelibiood of finding someone at home (there.
by reducing the noncontact portion ol nonresponse). Far surveys using a household
informant (as opposed to the selection of a random respondent within the house.

hold). or permitling proxy reporting, larger households shoutd also present a larger i

substitution poal, increasing the likelihood that at Teast one person will have time
for the interview, This hypothesis sters from the observation thet the tasks required
to maintain a household (cooking, clecning, bill paying, and so on) do not increase
proportionally to the size of a household. Larger households shace the duties among
household members, fresing each for ather pursuits,

Is there empirical support for this aspeet of a rational choice approach to survey |-

B |
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. cooperation? A number of studies (2.g., Kemsley, 1975; Paul and Lawes, 1982,
. Rauta, 1985; Redpath and Elliot, 1988) report higher response rates among larger

househiolds, as we hypothesize, However, many of these report bivariate results (i.c..
they do not control for age, presence of children, and other factors), and do not dis-

* Hrguish between noncontact and refusal components of nonresponse. [n examining

the effects of household size, a distinction should also be mads between the number

 of adults (substitutability) and presence of children (soclal isolation, discussed in
- Section 5.41. However, Barnes and Birch {1975), Comstock and Helsing (1973),
" and Smith (1983) all eeport « positive relationship between cooperation rotes (given

contact} and household size, both for surveys with a randomly selected respondent
{e.g., Smith, 1983} and for those with a househeld respondent (e.g., Barnes und
Birch, 1975).

One exception to this trend is reported by Foster and Bushnell (1994). whe find
decreasing cooperation by household size for the British Family Expenditure Sur-
vey. However, this survey requires parlicipation by alf adult members of the house-
hold to be considered a responding unit. Thus, this contrary result may be explained
by the increased burden associated with larger households, rather than the substi-
(utability of household members.

For three of the surveys in the match study (the Current Pepulation Survey
{CPS), the National Health Interview Survey (NHIS), and the Mational Crime Sur-
vey (NCS)), a household rezpondent was sought for the initial household informa-
tion, after which person-level data may be sought from individuals within the
household. In such cases, houschoids with larger numbers of adults would have
greater substitution pools for the initial informant, reducing the potential burden on
individual houschold members, However, Table 5,1 with the pooled data shows no
monotonic increase in cooperation as the number of adults gets larger, However, we
do find. consistent with the pasi literatre, o larger contuast between single-person
households and other household types. Single-person households have lower coop-
cration rates.

Thus far, we see little support for the hypothesis of increasing coaperation as the
number of adults increases, Perhaps the indicator of the total number of adults is too
weak an indicator of the discretionary time hypothesis. [f we use, instead, messures
of the time commitments of the adults, we may get closer 1o the concept of opportu-
nity costs for the survey inlerview.

One measure we have on households from the census long form {s the number of

Table 5.1, Coeperation rate by number of adults in household

Number of adults Cooperation rate {Seandard error)
Qne G4,3% 10.42)
Two 95.5% (0,25}
Tlree 94.5% (0,68}
Four or imore 96.0% 10.76)

¥ = 7.05,df " 3, o= 0.05
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Table 5.2, Cooperatlon ratc by presence of nenworking adulis in houschnld

Presence of nonworking aduliy Cooperation rate {Stundard error}
Cne or more ropworking adults 95.0% 10730
Ne nonwarking adults 95.0% (.64

X OUNS. df - 1. p =054

adults who do not have a job oulside of the home, Houscholds where no one warks
would, presumably, have higher time availability for the survey interviews. Based
on census match deta from the United Kingdom, Redpath and Eiliot (1988) and
Kemsley (1975, 1976) report increasing response rates with more employed adults
in the houschold (ot controliing for houschold size), However, the matched sample
data once again show little support for thig (see Table 5.2), with both houscholds
with and without 2 working adult achieving about a 95% cooperation rate,

Finaily, we have availahle other indicators of the amouns of discretionary time for
the household- -the number of minutes of commule time and number of hours at
work, These variables are available only on the sample cases that received the long
form of the 1990 census. These are even more direct indicators of the arount of time
at home and thus the amount of discretionary time to give lo surveys. We created
three different measures of the amount of time away from home, presented in Table
5.3. For each of these measures, we expect that the mean time awsy from home (meg-
sured in hours per week) would be higher for noncontacted than contacted house-
holds. and higher for households preducing refusels than those leading to interviews.
While we find significent effects in the expected direction {or contagts, we find no
differences for cooperation. Kennickell (1997} found similar effects of average com-
mute time on contact and coaperation it the Survey of Consumer Finances.

Table 8.3, Means of three diseretionary time indicntors by contact versus nopcontaet
and fnterview versus refusal (given contact) (standerd evror in parentheses)

{ouperation,

given contacl
Hours away per week Ceantact Noncontact Interview  Refusal
Mean hours away rom home for 42.6 43.2 42.7 42,2
kouishelders who work {0.56) 1127 (0581 (217
One: 1-test pe003 pr=042
Least hiours oway among 383 42.2 RLE] 9.2
those who work 10,67 (64 n.66) 1222
Cnestailed mtest p=0.02 pe03R
Least hours awny for those who 397 43.0 396 42.1
work oulside the home in.63) (157 1} 65) (1.97)
Onz-tafled r-test p= 003 p=02

e,

5

e
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After viewing empirical results on several indicators of discretionery time, we
find liatle support for the hypothesis that reduced fime at ome leads to reluctance
10 cooperate with surveys, Further, whan we combined these indicarors in a muiti-
variute model predicting cooperation, no further insiglis were gatned. Whu
indicators could we suggest fov tests of the hypothesis? We have examined ne mea-
sures of the heusehoids obligations of time away from employment tasks. Some
patsons have work obligations, even at their home sitz; some have commiiments 1o
friends and relatives thai might reiss the opportunity costs of o survey intervien;
and others, primarily the self-emplayed, may lose income producing opporiunitics
by participating in interviews. Lindstrdm (1983), Rauta (1983) and Redpath (1986)
&ll report lower response rates among the self-employed, We have thus omitted in
our tests of the diseretionary time hypothesis a set of measures of what alternative
aetlvities the household might pursue, in the absence of providing a survey r
view,

We suspect (hat the impact of this measurement weakness is an alienuston of the
eects of the measures. When we compare househelds who are home often to those
who are absent more often (bul who were contacted by an interviswer), we have
cambined those with many other attractive time-ugz options at home with thoss
having few other atiractive time-use options at home. ‘

Going beyond the data, we speculsie that empirical suppon would be strenger if
we Introduced measures of interviewer behavior as well as houszholder behavior.
Limited kouseholder time availability should inerense refusal rotes, if interviewers
do not effectively communicate their wiliingness to conduct the interview at any
fime the respondent might be available, Interviewers are trained 10 ¢ such flaxi-
bility to samiple persons, in order to reduce nonresponse. One interpr:
resulis is that most interviewors succassflly do this, Indesd, examining tape record-
ed telephone interaciions, it appears that interviewers are mai adept at rezcting to
houselolder pleas of time pressures than other souress of retuctance (see U
&), (Note this implies that for surveys with linited ealibacks, those with red
discretionary lime are disproportionately nonrespondent.)

Crier

53 EXCHANGE HYPOTHESES

In the next two sectians we Are Eoing to entertain twa ex 5 of the raconal de-
cision-making approach, each adding sociological or social psychological content
to the perspective. The {irst is heavily dependent on socizl exchange theories; the
second, on social isolation theories (trezted in Section 5.4). Secial exchange consid
ets the perceived value of equity of long-term assosiations between persous, o
tween a person and sccietal institutions (Elau, 1964,

Sogial exchange hypotheses have been popular in the discussion of survey par-
ticipation in the literalure (see Dillman, 1978; Goyder, 1987, Soc{at charge
operate ot any number of levels, ranging Som exchange in dyadic interactions {e.g
reciproeation in social interaction; se¢ Chapter 2) to exchange rei ips be-
tween an individual and the larger society {e.g., civie duty in rewurn for personal

o
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welfare). Diliman (1978} focused on social exchange within 2 relatively closed sys-
fem {survey organization and householder), with relatively small gestures on the
part of (he survey organization (personalized lotlers, token incentives, reminder lat-
ters) hypothesized (o eveke a reciprocating response from the householder. On the
other hand, Goyder's (1987) discussion of exchange evokes z wide array of abliga-
liens and expectutions over an extended period of time between an individual and
various institutions of sociery.

Central ro all conceptualizations of social exchange is the notion thet, unlike sco-
nomic exchange, all social “commadities™ (ranging from measurable entitics, such
as time and information, Lo less tangible socio-emotional goods, such as approval)
are perl of an intuitive bookkeeping system in which debts {obligations) and credits
{demands, expectatiens) are documented, Thus, virtually any relationship can be de-
sctibed in exchange tenns.

Whether the social exchange perspective applies to face-to-face survey reguests
may depend on whether the householders connect the request to some “relation-
ship™ they have or will have with another person or institation, For single-contact
surveys, conducted by organizations with no prior connectien to the housshold the
exchunge perspective may have little value. For surveys conducted by organizations
with an ongoing relationship with the households, however, the exchange notions
may e uselul,

When given 2 request for a government survey, householders may consider the
cumulative effect of multiple government conrzets. This might inciude the full
weight of past relationships with the agency or organization making the survey re-
quest {or the broader class of institutions it represents, 2.g., government, academia,
commercial interests), Those receiving fewer services fram the gavernment nay
eel less need to reciprocate. Since government services are differentislly provided
across economic groups, indicators of socioeconomic status should broadly reflect
exchange influences on survey participation,

Unfortunately, social exchange theory can lead ta two different hiypotheses ebout
differences in coopsration by different sociosconomic status (SES) groups. First,
one can argue that fower SES groups inay have the greatest indebtedness to the gov-
ernment for the public assistance they lor others in their community) may receive,
Surveys funded by the governmen might seem like another encounter with an insti-
tuiion to whain they are indebted. In contrast, those at the high end of the SES scele
may have the least need for government services, and !east sense thar they owe the
government any sort of repryment. In fact, they may resent government intrusion
into their lives. and feel thal the balance of exchange lies in their favor. This sug-
gests a monotonically negative relationship between sociosconomic status and co-
operation propensity,

Alternatively, hese {n the lower SES groups may belisve that in relationships
with those more fortunate they are routinely unjustly disadvaniaged. Survey inter-
viewers, to the extent they are viewed as agents of those more fortunate, may evoke
memories of that exchange history, and the houscholder may tend to refuse the sur-
vey request. Those in the highest SES groups might perceive similar long-run feel-
ings of inequity, that large-scale social institutions repeutecly targer them for contri-

i il
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butions of time und money, despite having over the years contributed littie 1o their
achievement of the SES stutus enjoyed. Both groups feel relatively deprived in the

_ relationships and tend to refuse survey dara collectors. This suggests a curvilinear

relationship between SES und cooperation,
The two hypotheses are distinguished by what relutionship is cognitively most

+ aecessible and judged relevant by the low SES householder faced wilh a survey re-

quest. Is this a request from 2 person better off than themselves, again waiting
something from them, bul offering retatively little in retucn? Is this e request frany
the government?

Of the two alternative hypotheses, the more popular in the existing fiternture may
be the latter, positing curvilinear effects, However, the only evidence in the litera-
ture supporting a curvilinear hypothesis for income finds effects in the opposite di-
rection fo that expected based on social exchange theories. Smith {1983} found that
refusers were more likely thun respondents 10 be in the middle-income category, and
less likely to be in the low or high categories. However, these data are based o in-
lerviewer estimation of gross income categories of nonrespondents, on which there
i 31% missing data among refusers. There is support for kigher cooperation amery
low SES groups. i significant differ~

and Glenn {1975) also found highest refusal rates among the middle-income group
in a telephone survey of city employees in San Antonic, and the lowest tates of re-
[usal among the fowest income group. However, there are also contradictory find-
ings. Benus and Ackerman (1971) found the lowest noncespensa among the highest
income group. A number of studies report refusal rates decreasing with ather indi-
cators of socio-economic status, such as social cluss (Lindsudm, 1983; Redpath and
Elliot, 1988: Redpath, 1986) and property value (Goyder, 1587; Goyder, Lock, and
vdeNair, 1992). Analyzing data from the 1972 Swedish Houschold Incomi Survey,
Lindstrdm (1983, p. 44) found that “there is a lendeney toward higher incoms and
less social assistance benefits among the respondents than nmong the non-respon-
dents.” Foster and Bushnefl (1994) find significant bivariate effects of sociosco-
nomic status (class} on cooperatlon for three of the five surveys they matched to fhe
1981 UK. census, bul these effects largely disappear in multivariate analysus.
Ekhoirm and Laaksonen {1990) also report no effect of income on response 1o the
Finnish Houschold Budget Survey in multivariate analyses.

The most appealing indicator of SES would probably be a combination of educa-
tion, occupation, and personul and family income. All of these variables are mes-
sured only for the one-sixth sample sent the long form of the decennial census, Fur-
ther, family income and occupation suffer severe ilem missing datz problems. For
example, income on the decennial form is missing for over 30% of the househalds,
Hence, we are forced to deal with imperfect measures of SES, available on the short
form of the census.

Econemic indicators. One gross measure of SES status available on all cases iy the
nature of housing costs faced by the household, For renters, this is an estimate of the
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Table 5.4, Coefficients from u logistic madel predicting cosperation versus refusal rate
by housing tenure and costs

Mearured in wyits of S1000¢.

|
i i
Prediciors Caefficient (Swandard error) l I
Jager (0.1 . |
D24 {0.56)
{0704+ 10.025) | ;
House value for awners” 0017+ 0.0349) | |
Depundent variahls coded | - interview, 0+ refusal Cosfficionts lor dummy vuriubles for mdi- | e }
vy omiis] (fam b | 5.3 CXCIANGE HYPOTHESES |
d in it of 106, l‘ i
|

g 10l Tabic 5.5, Cooperation rate by education of reference person
Education Cooperation rate (Standard error}
: ’ ‘ % Lazs than high school 97.0% 10.78)

mean monthly rent, white for home owners it is a self-estimate of the house value. ! Bs High schoot 94.2% l!.dj: !
We thus use three variables in 2 logistic regression to messure the combined effects | | 4 Somecollege L . A |
of housing costs an cooperation. Table 54 showg lower cooneration rales among ‘; - Completed college 53.9% 2 |
thess rontine or owning more expensive housing upits, (No changes in conclusions | A e 62,df= 3, p =000

oeeut if the model includes dummy flerent surveys.) Using vavi- 3 i‘ g ‘

i

ous transformations of thase variabies, we fail to find support for the curvilinear ef- 3
fect of SES with these data. We thus find a general decline in cooperation with in- ¥
crensing SES. in support of the first hypofhess forwarded abgve. One argument for - §
the Righer cooperation Tound among lower SES households (as measured by hous- 3
ing costs) may be the government sponsorskip of (he surveys in our sample, and the

greater perceived reliance of this group on povernment lergesse, leading to greater
{elt social debts,

- Governinrent Transfer Payments. A more direct measure ;?L‘ exchlfmgc “debts’ ‘I\wed
"k 1o the government may be whether the houschold currently Teceives any puclic as-
1 sislance from A governmental agency. From an -a'z:ch?:nge perspective, we
pect that thase households currently receiving benefits would be more w
others 1o comply with a survey request from a gr:vemmen‘r agsney. We gre :
siricted to 2 question from the cansus long lorm for this analysis, and {ind no sup-
port for Lhis hypotbusis in the data (see Table 5.6).

Ldwcation, Ancther traditional SES indicator is education, available only on the
sampie of cases completing the long form of the census. To the cxtent that sur-
s are viewed as research/information gathering, these with higher educational 5

|i g We end this section with a test of fhe combined effects of those sociozconomic
l ' measures that have some marginal bivarizte cffect on cooperation. For the exchange
|

achievement might have benefited from such efforts, might appreciate the wility of J ~ hypotheses, this is housing costs and education. Given that the tatter 1§ mé:-..s‘tll"i?d !
such efforts, and thus tend to cooperate. (Note that this is a hypothesis in a different l lf 4 caly on the long form. whereas the former comes fram the shqn form, we c‘c nl:lﬁ
lirection from that made above for higher economic groups.) This hypothesis 3 |‘ thiee stages. First we model the affect qfth;} [-.Susmg cos[‘\ ariables c'r.ly:lk m)g ; ‘
shouldt apply both to government-sponsored surveys and those conducted by aca- | | duta (decennial short form data). This is the first m'cdel'm Table 5.7. We sec 1‘ :‘;t ‘
inic organizations, and even (o some surveys conducted for commercial purposes. 4 | hausk s have a significant negative relationship with cooperation, as f“o".“ ]
The past Titerature tends to show that lower education groups dispropertionately 4 | A arlier. This relationship generally holds v."herla rcsn-fmcd o lm.gjlferm c;.mfn;g
fail to participate in surveys (Benson, Booman. and Clark, 19517 Dohrenwend and i | i (second model in Table 5.7). The third model in ’l'a‘c.:-: 5.15!:0\:}:: ihe Vcambm\.t. ef- I
Dolirenwend, 1968; Foster and Bushnell, {994, Kemsley, 1975, 1976 O’Neil, 197%; 1 | fct o7 housing eosts and egueatiorn o.\coqpcraliop. The effect of h_n‘)usmg cost o .
Wilsox, 1977). Using a measure of education of reference person (from the census ! ‘ not change much with the inclusion oftl".c_ education measure, while the lutier set of |
long form), our data teud to show somewhet higher cooperation among lower-edu- 1 | 3 indicators doay not reach statistical sigmflcnnce p=0.10). ‘ —— |
cation groups, particularly those with less than high school education (see Table 1 | g What ean we conclude from these various tests of social exchange concept
5.5} (statistically significant only at p = 0,10). This is consistent with the finding on 1 | have comments both on the theary and our ingicaiors of e |
SES 2¢ measured by housing costs. Given that the surveys we include in the maich | © rogand to the theory, we initially note that 3L mplied twe different empirlcal £ a\lm}; \
are conducted or sponsored by the federal government, this again may suggest sup- | 1 ; : ships with: SES. This alone portended low falsiliabiiity o_t the theory in this case, (1 !
port for the nation of indebtedness to government among those of lowsr SES. d ' |i : low SES households had high or low ielative coo_parnllon. Srovres
| & explanation.) Blau (1962, p. 93) distinguishes social exchange from eco o ex- |

Jiffuse™ and “unspecified” ¢

change by siressing that she farmer er fic
also wback in applying

(sec alsn Goyder, 1987, p. 170). But therein may lie a key do

Tahle £,6. Cooperation rate by recelpt of public asslstence

Couperation rie {Standard errort

Receipt of public assistance

One or more household mambers receive assistance

95.6% (80 i
i i I
nembers receive assi

94,7% 10.58)
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'ﬂal:.»lc 5.7, Coetlicients for logistic models predicting cooperation versus refusal using
secial exchange ]ndlea.mrs. simple model using short form variables, expanded model
using shore snd long form vartables, by sample type (standard error In pareatheses)

Simpie model .
Predien i i
redivior Total sumple  Long-Torm cases {long-form cases)
Constant 3.38%" 2:569* 366
) LSS 10.33) (040}
Uwner oceupied -0.24 -0.28 0.25
. (0.16) 10.39) 0.42
Monthly rent for rentarsy -0.070% -0.031 -0, 556 J
y (n.028) 10059 (0.069)
House value for owners” -0.017%* 0.036%+ 00,0354
(0.0030) {0.013)
lducation
Less than high schoel (1]
. ’ w03
High schoai 043 ;
Hili)
Same collsge -4 05; ]

o {0.27)
Compieted ecllege _

dent variable cuded | = interview, 0 - refisal, Coelficients for dunmy variabies for indi-
vs omilled Tron wbie,

easured in uaits of S100,

Teasured in uaits of $10,000,

*15. 001,

cial exchangs theory o survey participation: it nay be foe diffuse or unspecified to
lead to testable hypotheses of specific behavior. Almost every behavior can be inter-
preted post foe in an exchange context, bul lo be able to predict behavior would re-
guire knowledge of the accumulation of exclianges over an undefined period of
time, and using exchange criteria (valuation of acts) that may differ from one indi-
vidual to enother. Social exchange theory thus too infrequenily leads (o testable hy-
potheses that can be rafuted,

Second, with regard to the indicators, we find support in aur data for the notion
that these in high SES househoids cooperale less with surveys than those in the low
SES groups. The indicators available are housing costs und cducation, SES, as
concept, can at most be en indicect indicator of perceived exchange relationships.
Direct indicators would include perceptions by the householder of previous or fu-
ture obligations to the interviewer, the agency collecting the data, or those potential-
ly aided by the survey results.

The appeal of'the social component to cost-benefit anatyses remains. However, a
narrowing of the scope of the candidates exchanges may be more appropriate to sur-
vey requests. We belleve the more narrow concepl of reciprocation is uscful, espe-

5.4 SOCIAL ISDLATION HYPOTHESES | 131
cially for understanding the effects of survey design decisions such as the use of in-
centives or questionnaire length (see Chapter 10) and in the context of the inzerac-
tion between interviewer and respordent {see Chapters & and 9},

54 SOCIAL ISOLATION HYPOTHESLS

Theories of social connectedness, isolation, or disengagement are related (o thase of
social exchange. Social exchange influences arise from ongoing relations between
\wo actors, or more broadly between an netor and & soclal group. The influence aris-
¢s because of the ubiquitous norm that benefits to such relutionships must be rough-
ly equally shared over lang periods of time. On the other hand, social isolates are
out of touch with the mainstream culture of a sociesy. They tend not ro feel the in-
fluence of norms of that dominant culture, but behave in accordance with subeulrur-
al notms or in explicit rejection of those of the dominant culture.

The approaches are related conceprually. For examgple. a long history of in-
equitable social exchange relationships between a subgroup and the larger society
mey lead to the development of a subcuiture that explicitly fails o include the
norms of the larger culture, If a person feels cheated by larger sociely because of
their membership in 2 group, he or she might tend to ignore the norms of the larger
society. This logic has been applied to findings of lower response rates among racial
gnd ethnic subgroups. Similarly, the absence of ongeing relationships between one
group and the larger society will lead to the absence of shared norms, This logic has
been applizd 1o findings of lower response Tates among the elderly (Glenn. 1969;
Mercer and Butler, 1967).

Thase with strong feelings of social isclation will not be guided by norms of the
dominant eulture. Survey vesearchers sometimes have noted that feelings of “eivie
duty" prompt survey purticipaiion. especially when the agency collecting (he data
represents an importani social institution (2.g., government ¢r neademia). Thase
who are alienated or isalated from the broader society/pality would be less likely to
coaperate with survey requests that represent such interests, To the extent that large-
scale nazional surveys are a tool of the esnirel institutions of society, those more at
the periphery of society would {eel fess obligation 1o participate.

Another ratianale behind this set of hypotheses is the view that surveys are inher-
enitly “social” events because they contribute 10 knowledge about the full society. Tu
the extent that sample persons fezi cohesion with the defined population, coopera-
tion will be enhanced, This is one explanation for the relatively higher rates of coop-
eraticn in organization membership surveys. Cooperation in household surveys may
be seen both a8 &n obligation of membership in a society or group, and indeed s an
affirmation of one’s membership.

There are both structural and social psycholagical espects of alienation or sacial
isolation, Some groups (e.g., the "underclass™), by virtue of their pasition in SOCIETY,
may not be bound to the larger society to the sams cxient as cthers, This may be rs-
flected botk in “input alienation” (e.g., powerlessness, lack of political efficacy) and
“output alienation” {lack of trust in government ot in the responsiveness of govern-
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ment institutions} (see Southwell, 1985; Weatherford, 1991). Both would lead, we as-
serl, to lower levels of cooperution with surveys representing those agents of gavern-
This view couates survey pariicipation with other acts of political or sacial par-
patien such as voling (see Couper, Singer, and Kulka, 1997; Mathiowetz, DeMaio.
{artin, 1991}, The attachment of alisnated groups (ofien defined in terms o race
and‘or socioeconomic status in the United States and by class in other countries) to
iety is believed 1o be weak, and such groups ure posited to be less likely to partic-
pate in a variety of social and political activities, including responding to surveys.

In the previous section, we examined housing costs and education as indicators
of social-exchange influences. They could ulso be used to provide insight into the
social iselation hypothesis. Social isolation theory suggests the opposite effects of
SES than do social exchange theories. The lower SES groups should be likely 1o be
alicnated from the central institutions of society. and resentful of their dependence
on the government. The higher SES group may perceive themselves to hold an im-
portaut place in society, end may as a consequence have a greater sense of civie
abligation or recognize the value of survey dma for the common pood. This sug-
gests a positive relationship between SES and cooperation propensily. The reader
will recall that & negative relationship was found, end thus the date refute {solation
theory applicability to survey cooperation, at least as (ndicated by SES,

5.4.1  Demographic Indicators of Social Isclation

As with many social psychelogical theories of survey cooperation, our tests of con-
tepts of social isolation will depend on proxy indicators that are socio-demographic
characteristics of sample households.

Race and ethaicity. Social isolation s been a popular hypothesis with regard to
the behavior of racial and ethnic subgroups in surveys. However, there is little evi-
Gance in the literature that nonWhites cooperate with survey requests at different
rates than Whites. O'Neil (1979) found lower rates of resistance among Blacks toa
telephane survey in Chicago, whiie Hawkins (1975) reports similar results for a
fuce-to-face survey in Detroit {see also Brehm, 1993), Although Weever, Holmes,
and Glenn (1975) found more prablems of accessibility among Blacks: they ob-
tained refusal rates of 4% for Blacks, 10% for Mexican-Americans and 15% for
White Anglos. Both DeMaio (1980} and Smyith (1983} fail to find effects of race on
coaprution rates, As we ses in Table 5.8, we Find, if anything, higher rates of coop-

Table 5.8, Cooperation rate by roce/ethnicity of reference person

Race/cthnicity Couperation rate (Standard error)

ispanic 96.9% (0.55)

Black nonHispanie i044)
(0.65)

VT2, dr 2, p 2 00

E
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eration among these minovity groups, We will examine ihe influenice of race/etinic-
ity fater, in 2 multivariate model,

Age. Social isolation has also been used to explain the behavior ol elderly persons.
The disengagement hypothesis, first articuluted by Cummings and Henry (19612
see also Glenn, 1969; Krause, |993; Mercer und Butler, 1967) has been used to ex-
plain lower cooperation tates among e elderly. For exemple, ia lhe po cal con-
text, both Abramson (1953) and Jennings and Markus (1988) find deciiney ins poiit-
ical invoivement and efficacy among the elderly. A mitigating factor, however, may
be (3t the current cobort of elderly in the United States have a greater sense of civ
duty, 2nd ave mare likely io perceive govemment as making leg‘.li‘mate dc,::mds on
s citizenry. Thus, fower levels of political pavticipation among the elderly be
atiributable to such factors as encroaching infismities and the likelihood that older
cohorts have less education and lower SES, ratiar than bigher levels of disengage-
cnt (see Bennet and Benneti, 1986; Rosenstone and Hansen, ). f

As we've scen in Chapter 4, eiderly persons tend to be at hume more frequently
than other age groups, becouse of their Towsr employment rales and, at advanced
ages, reduced mobility. However, the group alse is dispr opestionately ¢1a5
wother noninterviews” becanse of hzalth probiems praventing their survey p
tion. These iwo nonresponse categories thug counteract one anuther, 1t i
therefore, whenever possible in citing past research [indinys to distinguis
overall nonresponse Tates, contact rales, coaperation rates, and other noy
rales.

First, let us examing what the literature finds regarding overall response
age. We would expeet this literalure to show mixed age diF—:‘ergnces. asaf
naneantact rates, That is, i surveys with few callbacks, relatively more of the cen-
eted cases would be elderly, generating lugher response rutes for elderly _t‘m.n for
nonelderly, other things being equal. A mixed picture is exactly what the Titerature
shows. - _

The most steking demonstration of Uie age effect is from Bmlls‘nl data surting
with Kemsley, for the 1971 Family Expendiiure Su (FES) (Kemsle) :
1971 National Foad Survey (NFS) (Kemsley, 1976) (see Figure 5.2). Simil
clines in overall response rates by age are found by Norris {1987), Raula (1935}
Redpath {1986), and Redpath und Elliot { 1988), all on UK. govam\.n}ent surveys.

1n a census mateh study mueh iike ours, Foster znd Bushnell {1924) f.:jd m_ucn
higher nonresponse rates for older heads of nousekolds on NFS and FES in 1991,
but not for the Labor Force Survey, General Houschold Survey, and I\a[‘.c_nm Travel
Survey, In fact, the lowest response rate for the LFS is amonyg those 16-24. This
may reflect a survey design effect. Both NFS and FES are . o sur?
veys involving both interviews and diaries (2-week expenditure diary and 1-week
foad consumption diary).

Christianson (1991} found response rates (o be ki

bgbween

nerview

est amony those 6579 and

i i i Ve O ored beoa
Jowest among those 15 24 in Swedish TV qudicnce surveys conducted by tele

phone. However, rionrespanse {0 these survays appears 1o be dominsted by noncon-

tacts (3/6ths of all nonresponse), Similarly, in summarizing the results frem 2 num-
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Percent

= NFS7] 4= FES7] & NFS81 == FESRI = LFSK|
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Figure 5.2, Resporse rates by dge of houschold head for five British surveys

ber of face-to-face surveys in Japan. Sugivama (1991} lound thal response rates
tend to increase with ege. In a study of nonresponse to the Swedish Lubor Foree
Survey, Kristisnsson (1980) found no tendency for the elderly to have lower re-
sponse rates, Paul and Lawes (1982) demonsirate the importance of cantrolling for
houseliold size when examining the impact of age on nonresponse. They find that
for each household size group considered separately, individuals 65 or older exhib-
ited the highest response rates, while this age group had the lowest response rates
averall. This results from the fact that the majority of persons 65 or older live in
households of size | or 2, where the response rate was (he lowest (Pauf and Lawes,
1982, p. 62).

What does the literature suggest if we focus exclusively on refusal rates? Refusa!
rate studics produce fewer mixed findings on age differences. There are a set of
studies shewing higher refusals umong older persens (Brown and Bishop, 1982;
Dohrenwend and Dohrenwend, 1968; Goyder, 1987. Hawkins, 1975; Herzog end
Rodgers, 1988: Smith, 1983; and Weaver, Holmes, and Glenn, 1975). Comstock
and Helsing (1973) found that refusals increased with age in bivariate aralyses;
however, when controlling for other variables in multivariate analyses, a reversuf of
this trend was found, with refusal rates of 16% for those 25-39. 11% for thosc
40-34 and 10% for those over 55. Benson, Booman, and Clark (1951) also found no
effect of sge on refusals in 2 face-to-face survey in Minneapolis,

In shout, there appears 1o be more consistent support for higher rates of refusals
among the elderly than for overall lower response rates, The literature also suggests
that we might expect different results in multivariate models (especizliy controlling
on household size) than in bivariate models.
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Given that we have houschold-level data front the mateh, we can examine (he ef-
fect of age in different ways. One is to look at age of reference person, as was done
in the U.K. match studies. The cooperation and contact rates by age of reference
persen are presented in Figure 5.3. Tests of these effects show o significant relation-
ship (x? = 54.37, &/ 7, p < 0.01) between age and contact, with the likelihood of
contact increasing with increasing age. with the most pronounced effect bejng for
those households where the reference person (head of houschold) is under 25, The
relationship with cooperation is not statistically sighificant, hawever (¥ = 12,0, d/'
7,» = 0.10), nar can any clear trend be discerned in the figure.

Another oparationalization of the age variable would distinguish “young™ house-
bolds and "old” households from other (ypes of households. In & survey seeking vo-
eperation from any houschold members (as do most of those included in the mateh)
the effect of age is likely 1o manifest itself through the person contacted in the
household, rather than the reference porson. Table 5.9 shows that “young” house-
haolds have cooperation rates higher than other households {in which at lesst one
person is between the ages of 30 and 69). However, social isolation hypotheses
would have led us to expect lower cooperation rates for the old households versus
the ather two groups. Thus, with acither of these measures do we find support for
the contention that elderly persons (or households) have lower cooperation rates.

A number of hypotheses can be advanced for why we don't find the expreted ef-
fect of age. One is that elder persons in the United States have a higher level of civic
duty thal mitigates the potentinl ¢ffects of age for government surveys, Another is
that the increased legitimacy of government surveys (relative to those conducted by
ather organizations) may decrease the fear of eriminal victimization disproportion.
ately experienced by the elderly tsee Chapter 6 and Section 5.5),

Pereent
100 &

20 : w W .=~ Response == Contact
i Cutpation
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Figure 5,3, Cooperation and contaet rales by age of reference person, devennial eensus inath dety.
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Table 5.9, Cooperatlon rate by age composition of houschold

{Teusebold age composition Caoperation rate (S1andard errer)
usehold members wnder 30 Y7.5% wan
usehold members beiween 30 and 69 (0.2%)
All househoid members 70 ov older (0.66)

NP 45020d0 2up < 0.01

[n an altempt te explore this issue further, we have cxamined a number of inler-
zction effects, For example. is fear of crime a factor; are older persons in inner-city
arcos mote likely to refuse than their rural counterparts? Are elderly cooperation
rates relaled fo the composition of the interviewer labor pool (e.g., older femalz in-
terviewers may be tess threatening to elderly respondents)? Does topic salience play
wrole; that is, do older persons have relatvely higher refusal vates on topies not di-
rectly nffecting them te.g., labor foree participation) than those ol more direct inter-
st {e.g., bealth and retfrement ssucs)? We tested these and other interactions, but
failed to (ind any effects that provide plausible explanations for our findings on age.
The [inding also appears robust to other manipulations of the age variables, Howev-
ey, we will return to the age question again when examining mulsivariate modeis off
hgusehold-level effects on cooperation (Section 5.6).

Gender, Annther demographic variable commonly examinzd in nonresponse stud-
ies is the gender of the sampie nouseholder. Most all studies have found either no

ender vffect an cooperation or the tendency for males to heve lower cooperation
rates (Smith, 1983; Lindstrém, 1983). Some of the Nindings confound noneontact
with refusals, and (here are clear tendencies for males to be at home less frequently
fernales. who more often accept larger responsibilitics for ¢hild care and other
sehold duties.

There are several possible theeretical explanations for lower cooperation amang

males, Many of them are related to social isolation and role dilferentintion of males
and females on that dimensien. Females are more frequently telephone answerers in
ixed sex households (CGroves. 1990): they more often take on the rele of maintain-
ing secial relations with friends and neighbars. Hence, when a request for informa-
tion comes from outside the home, they are more aceustomed to interacting with
nonhouseheld members from the home setting, As we mentioned zbove. we do not
have measutes al the person level in these duta, so we cannot estimate the marginal
effect of householder gender on cooperation. However, we can and did examine co-
operation rates in ell-famale versus all-maie households, Such a test is a purer effect
of gender rather tlian gender-based roles. There was no evidence for different coop-
ion rates in these two lypes of households.
We sugpect that gender-based roles lead to [ower cooperation rates in surveys of
endamly selected adult respondents when males are the sampled persons. We thus
spzeulate that respendent rles disproporiionately targeting males lead 10 iower re-
sponse rates varsus rules that permit any aduil to respond.

P

1)
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Tubte 5.16. Coefficients of & logistic model predleting cooperation versus refusal uslng
socio-demographie Indicators of socizl Isolation

Predicror Coefficient (Siandard error)
(0.057
Canaztant 2,72%% (0.057)
Race/ethnicity .,
Black reference person 0.26 /
Hispanic refercnce person f.52%
Other =
Age composilion .
%AIHI‘(O yrs. 0.89%* 1315}
Mixed ages —_
All> ﬁasyrs. 0.088 (0101

tarview, O — refusal, CosMicients for dumuy variahles for indi-

Wetes: Dependent veriable veded

Combined effects of demographic variables, Table 5.10 presents a logisiic regres-

sion model measuring the joint effects of race, Hisoanic staws, and bougebold ege

composition. The iable shows that Hispanics and young households {with everyene

under 30 years of age) tend to exhibil higher cooperation mtcg. Elderly hou‘s,eholds
are similar to households with mixed age groups; Black houseE'mlds ws.emb;f t_ho;e
of other races (dominantly White). To summarize the results of the damographic in-
dicators of scciat cohesion, we find generally the opposi te u.“!hogc‘l?y?otllmsm:d‘ It
minority ethnic or racial groups and the elderly ure rele\m-ch:; socially |so.alec% .r?.ntn
those institutions connected with the survey reguest, there is no‘ewdense il‘_\dl this
alone affects their rates af survey cooperation. (If durpnwy varial les _rel.ecnng ':Ie
dilferent surveys are included in the model, the coeificiernt for I"}‘ls'pnl:lllc ho.fsetm‘ds
is reduced sufficiently lo lose statistical significunce &t the traditional 0.05 level.)

542 Houschold Status Indieators of Social Isolation

The social isolation hypethesis also has both macte and mi.:r:la features to it m 2
macto level, the connections involve the | liry.’.su:szly us whole; at 2 l.mcrgi .:\,
“oommunity” lies might generate civic duty that has nmpacls on req{neblsnz!se:i‘. g
\he Jocality. Thus, groups considered i:'miaicd 8! 3 MACTO level (e.g., ‘S?Ut”,.ﬁf’}}_."_ n
immigrants, Blacks) may be part of wighly cohesive local com ities, L."‘] -...1‘c:‘ﬂn
local survey focusing on community needs nay receive a very an\ere?' ri:a»},-,n
{han a national survey on topics deemed important by the central insiitutions of se-

m"r’l}'[ﬁe disengagement hypothesis, an the ather hard, fe{er; to an ;qdw§:ld?allT§ “\f:w
drawal from sociely at bath macro and miicre levels. Somc ~nd\.'e‘-:t indicators cf so-
cial isolation might be derived from various properties of ho‘use:;olds. T_W' 2ge might
include whether the household is a single-person household (thase living alone
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tending to e less socially integrated), whether there are children in the household
(those with children having higher social integration through schools and friends
netwotks), whether the houschold had moved recently {those more transient having
fewer community roots), and whether the household lives in a large multiunit struc-
ture (greater transiency, less contaet with neighbors), Glorioux (1993, p. 171) notes
thar “huving ehildren seems above all to have a strong positive effect on defining ac-
tivities in terms of duty” He continues, “the more people are alone, the less they de-
fine their uctivities in terms of *obligation.” ‘social alliance,' ‘dury" and ‘instrumen-
1ality.” The family, on the other hand. seems to be the most fundamental social tic in
ouy sogiety.” He thug links household structare (single-family home and presence of
children) not only to social iselation. but also to social obligation. Atehley (1969)
found that refusers ro a study of retired women tended to be loners, that is, people
with few contacts with frisnds, and thosz who prefer to do things slone.

Single-Person Households, Yindings from the series of survey census match stud-
ies in Great Britain all point 1o lower overall response rates for single-person house-
holds fe.g.. Kemsley. 1975, 1976; Norris. 1987}, However, Barnes and Birch (1975)
found that single-porson households have the highest noncontact rates, but their re-
fusal rates are not much differsnt from 2-3 person households. Foster end Bushnall
{1894) found higher relusal rates ta the National Food Survey for single-persan
houssholds, but Jower refusal rates to the Family Expenditure Survey. The latter sur-
vey reguires interviows with all adull members of the household, thus substantially

increasing the burden of partigipation for large households, They fail to find signif~ -

icant effects of single-person households on cooperatlon rates in multivariate analy-
sgs of the remaining three surveys they examined, Paul and Lawes (1982) find high-
er rates of nonresponse among single-person households (but as reported above,
nate that these households disproportionately consist of oider pzrsons). Smith
{1983 ) reports highey refusal rates among single-person households, as do Brown

and Bishop (1982), Ekholm and Laaksonen {1990}, and Wilcox (1977).

In our data (see Teble 5.11), we also find lawer cooperation rates for single-per-
son households than for multiperson houscholds.

Presence of Children, Withoul exception, every study that has examined response
or cooperation finds positive effeets of the presence of children in the household
(e.g-, Cartwrighl, 1959; Kemsley, 1975; Norris, 1987; Rauta, 1985; Redpath, 1986;
Lievesley, 1988; Ekholm and Lagksonen, 1991; Lindsirm and Dean, 1986; Foster
and Bushnell, 1994). While Kemsley found that the presence of children has a posi-

Table 5.t1. Cooperntion rate by houschold size

Houschold size Cooperalion rate (Stondacd error}
Single-person howsehold 93.7% (.5
Other 95.4% .20

3 H02Bdr o L p = 0401

-

e
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Tabte 5.12, Cooperation rate by presence of children In houschold

Presence of children under 5 Cooperation rate {$tandard eor)
Yes 97.6% {.28)
No 94.6% (0.24)

w o SLdd dr= Lp < 0.0

tive effect on respanse, the aumber of children has no effect. Our data support these
findings, whether for young children under 5 (Table 5.12) or for all children under
18 years of age (not shown).

Household Mebility, Contrary 1o expectation, the findings on residential mability
suggest that higher refusal rates are found among nonmaovers than among movers.
Barnes and Birch (1973) found thot this difference persists when comparing mobil-
ity in the past year, or the past 5 years, or whether examining mobility of the head of
household or all members of the household. Redpath (1986) found that those who
had moved in last 12 months were more likely to respand to the Family Expenditure
Survey. Comstock and Helsing (1973) also found more refusals among nonmovers,
However, while Foster and Bushnell (1994} found higher nonconlact rates among
movers for 4 of the 5 surveys they examined, they found no spparent effect of mo-
bility on cooperation, given conlact.

From the decennial census long-form dala at our disposal, we have @ measure of
rouschold mobility. As with the other studies cited above, our data run counter to
the social isolation hypothesis. We find significantly higher rates of cooperation
pmong households that have moved in the last § years (Table 5.13), However, this
doss not include approprinte controls for correlates of residential mobility such as
age, household size, and socioeconomic status,

Previous residential mobility appears not to be a threat to cooperation in cross-sec-
tional surveys (or for the first wave of panel studies). This could be because more mo-
bile persons tend to have young children that facilitate integration into their new com.
muritles. that they are of lower socioeconomic status {see Section 5.3), or some
combination of these factors. We need multivariate enalysis to unravel these effects.

Type of Housing Structire, Another indicator of social isolation at the community
level is the type of structure the household accupies, It could be argued that those who

Table 5.13. Cooperation rate by houschold mobillty in last 5 years

Iousehald mability LCooperation rate (Standard error)
All household members maved 96.4% (060
Some or none moved 64.4% {0.64)

X539, df=1,p =082
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live in single-fainily homes have more contuct with neighbors and are more inlegrat-
ed in10 their community than those whe live in large multiunit structuves. A common
theme in the literature on urban architesture {see, ¢.g., Aiello and Baumn, 1979: Baum
ns. 1977} is the impersonality of such large siructures relative (o single-fam-
ily éwellings diat are the stercotypical neighborhoods of middle America.

Gower (1979 tepurts higher nonrespanse Tates (both noncontscts and refusals)
For geartment dweliers (in buildings at least $ slories high and with 30 or more
units) relative 1o other urban dwellers for the Canadian Laber Force Suyvey. Goyder,
Leck, nnd MeNair (1992) similarly find apartment dwelling'in Cenada to be nega-
lively associsted with respanse. Filzgerald and Fuller (1982, p. 9} found that uparl-
ment dwellers are hard to contact, and also yislded high refusal after contact, but
Ains (1975, p. 479) found a small pesitive effect of apartment dwelling on re-

We also find significantly higher rates of nonresponse for residents af large
multiunit structures (10 ar more units). However, as shows in “Table 5.14, this is
fargely due to difforences in coniact rates rather than cooperation. We find that resi-
dents of multiunit struclures have lower contact rates thun others, This supports in-
terviewer reports Uint gaining access 1o such structures and finding their residents at
liome are the biggest problems. Once contacted, howevet, such persons appear no
fess likely 1o cooperate witl the survey request than other houselholds,

Coubined Effects of Farlables. The indicators reviewed wbove are correlated, For
exgmple, & COMMON OCCUTFENCe with the birth of a new child is a residential move,
to quarters of u size suitable for the larger household. We expect thal the endency
For mobile households o cooperate may reflect Lhe fact thet mobile households tend
ta have young children in them. Theoretically, we believe that the presence of the
childrer: incuges the socizl connections leading to cooperaiiveness.

Table 5.15 presents coefficients fram models estimated on the short- and long-
form sumple cases, examining several of the social isolation correlates. Using the
<hort-form cases, anly the presence of young children has positive effects strong
enough to be reliably detected with samples of (his size. Controlling on that vari-
able. the observed effect of single-person households is diminished to trivial levels.
Similariy, there are no stable effects of living in a large multiunit structure,

Tabile 5.14. Contact and cooperation rates by housing type

Contaet Cooperalioi
rate  {Standurd errovi rate {Standard ervor}
Single-family homes O, 1% {0.12) 95.1% (n.24)
Muldunit (10+) structures 93. 7% (0.71) 94.0% 0.70)
Gther 96.6% 0.33) 951" (6.54)

< §1.96, 61 2. p = 0.0 2731.df=2,p= 028
X i ? P
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5.5 THR CONCEPT OF AUTIHURITY AND SURVEY &¢.

Table 5,18, Coeflcients of logistic modet predicting cooperation versus refusal by
Lonsehold status indicators of sociat lsolation, shost-form and long-form predictors

Reduced model Expanded model
i ©pses longsfori cases

1 Sranderd
CaelTicient srror}

- Predictar

‘ Constan! B
* Larae mouldiunit strusture 117 yes) 07

© gingle-person houscheld {1=yes) 17

: Presence of children < 5 {1 - yes) 0.86%*

© [esidential change within last 5

years {1 = yes) 046%

sients for dummy wa

" Wotes: Dependent varable coded 1 interview, 0 - reftsal Cee
vidua! sumveys ommitted from tasle,

5 =005

% owen 000

Using the long-form cases, We gain 2ceess to the residential mohility indic
. The expanded model shows thal even the reduced sample size can detect positive ef-
fects on copperation fram the presence of children and the experience of residential
maobility in the last 3 years.

Table 5,15 shows that the initia] finding that households with young children are
disproportionately cooperative survives initinl muliivariate contrals, However, the
; puzzle about the undertying vauses uf more transient hovsehelds prm'i_ding higher
i cooperation raes remains. We will return 1o that finding at the end of the ¢
with 4 larger multivariate model, contzining controls on socioeconomic staius, We
are especially interested in abserving whether i finding is really masking effects
I of bousing (enure and other sociosconomic indicators, That {5, do movers n
% higher copperdtion rates because Movar tend to be poorer”?

55 THE CONCEPT OF AUTHORITY AND SURVEY COOPERATION

A concept related to social isolation is that of "authority” the inf,uem‘: qf Ie:git-
imized power of a persan o institution ovar the behavior of others. Claidini (1984
and others have noted that when persons of institutions with authority over the lives
of (he requestees seek assistance, decisions might be made with less attention to the
i costs and henefits of the esk. [n a sens2, this is a subset of the influcnces hose
who feel connected to a larger society and applies ta their behaviar with regard [0
enceific instruments of powet in the saciety,
" We believe that influencas of authority dre imporient in understonding compli-
anee Lo governmenl survey requests but prabably less so to requests from academic
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or cammercial survey organizations, Many large scale national surveys in the Unit-
ed Stutes are conducted for or by governtment agencies or using goverament funds.
Such surveys can be viewed as representing the interests of the central power struc-
tures in society, To the extent thet the authority or power of such institutions over the
members of a sagiety are weakened, cooperation with survey requests may be nega-
tively impacted. This could be viewed at a societal level, as parl of the “social cli-
male™ for surveys (see Chapter 6).

Here we are concerned with individual or household-leve! indicators of aulhori-
iy. An acthority hypothesis may explain why we did not find the expected effect of
SES on cooperation (sce Section 5.3}, It could be argued that the government exer-
cises greater control over those ot the lower end of the SES scale, thus producing
higher levels of compliance among this group to survey requests from government
institutions.

Using the decennial census (long form) data, we examine two indicators of au-
thorisy—whzther & household member was in the military (as a behaviaral com-
milment to government authority), and whether all members of the household
were cllizens (with thoss who are not cltizens more likely to be sensitive to gov-
ernment avthority than others), Houscholds with members in the military do in-
deed exhibit higher cooperation rates (98% to 93%), but there gre no direct effects
of citizenship on cooperation. When the two. variables are combined, however, re-
ilecting Ihe fuet thot they are highly correlated. more information about the nature
of the effect emerges (see Table 5.16). The lowes: cooperation accurs among
househoids with nanmilitary citizens (as the authority hypothesis would suggest),
while those with some noncitizens or those witlt tnilitary members have the kigh-
€st cooperarion.

Ancther variable we have available from the census long form is the language
spoken by members of the household. This coutd be used as 2 proxy for immigrant
status, the expectarion bzing that those with grearer dependence on government or
under greater threal of sanction may be more likely to cooperale with requests
from government institutions or their agents. In Table 5,17 we see that cooperation
rates are higher in those houscholds where some or 21l members do not speak
English.

This finding is consistent with that reported for racefethnicity in Table 5.8, in
which Mispunies have relatively high ccoperation rates. Non-English speaking

Table 5.16, Cooperation rate by citizenship and active mititary duty of household
members

Citizenshipactive duty Cooperation raze {Standard crror)
Some ar all noncitizens 97.4% (1.53)
All eilizens, no one o aetive duty 94.8% (0.5}
All citizens, someune on active duty 97.9% 11.65)

x1=4.37,dr=2,p=0.10
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* Table 5.17. Cooperation rate by lunguage spoken in household

Language spoken {’poperalion rute {Starclard error)
All household members speak English Qi.s‘:zf. :u.:'uix
Some or none spenk Englisi 7.0% (423

¥F 405 df =1, p 0.04

households in the United States are likely to be clominme_d by Spanish-speakers. A:‘1
slternative explanation could be the reciprocation inducing effects qr extra _cffom
made to include Spanish-spenking residents in the surveys {e.g., Sprnish versions of
questionnaires, Spenish-speaking interviewsrs, etc,). ‘We do not ha\c‘enough sum-
ple cases to separate out the effect for this group relutive 1o other immigranl or non-
English speaking groups in the United States, )
Norcitizens are more likely ta use some other lonpuage than English at hm_m.
Henee, the two indicators of the authority concept are co‘rmlated‘ A mult'.vm"mle
model might yield & different interpretetion than the bivariate tables nba»>a. When
the indicators of citizenship, military service, and language are ‘cgn.ﬁ.bmcd into &
single Togistic regression model, the effects of ]anguagg are dlquusch. I.n short,
these . indicalors of the authority hypothesis do not yicld much_ msight into the
process of cooperation with the surveys covered in the decennial census maich

data,

56 JOINT EFFECTS OF INDICATORS OF SOCIAL ISOLATION
AND AUTHORITY

We could posit interaction effects for the impact uf‘ social gohcsinn on coepcra.th.:r.
by survey type. For example, the impact of social 1megraugu should be g"'ea}cll for
studies impacting the local community (e.g., drugs and-crime) than on studies fo-
cussing on broader societal issues or of more pz_:r;mml cancern {unemploymenl,
cost of living, etc.). Unforfunately, we have insufficient cases in each survey to ex-
plore this further. and these remain untested h_ypcfthesc_s. ) .

finally. we combine the indicators of secial |§ala!!uxw :m.d zmt]_\onr_v ina ‘sl\ngé
multivariate analysis to examine the relative comributions of :hg different varmt.e.s;
As we did previously, Table 5.18 presents (1) the short-form variables only, modeied
on the full sample, {2} the shori-form variables modeled on lon.g-furm cuses only,
and (3) short- and long-form variables together, When we f:on}bme these ||1d|catqr5
into a combined mulriveriate model, people living in multiunit siructures (p = 0.0%8
for the third model), multiperson houszholds, households with chlldr‘en, younger of
older houscholds, as well as Blacks, Hispanics, and people axpgricncmg some moyve
in the last 5 yeurs are more likely to be cooperarive. We relain these variables for
further anaiysis.
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‘Tehle 5,18, CogfMicients of loglstic models predicting vooperation versus refusal by

socia! isolatiun and authority indleators

Simple model

Long-form  Expanded model
Precictor Total sample casos (leng-Torm cases)
Conslaet 2.32%* 239" 3.37%*
(0.076) 101 10.721
Soclal-isclarian indicators
Rioe:
Black 0.22 -0.0050 0.0084
(0.13) 0.34) 1034
Hisprnic 0.50* e 0.94
(0.20% (6.40) (0.4R)
Other e : 7
Household ags
Al househald members <30 0.8 0.99%* 0.87**
(.14} 1925} (h.3a;
Mined ages < - -
Al household membecs >69 0.30 0.036 012
[(+R1) (0,363 (.36}
Large multiunit structure (| = yes) -0.22 0,44 0.60
{0.13) (0.13) 10.34)
Single-person howsehold (1 = yes} —0.24% .30 -0.31
(@13 w25 10.25)
Children < 5 years in houschold (1 = yes)  0.Z4™ 017 0.}l
{0.10) (0.25) 10.28)
Residential change in last 5 years (1=yes) 0.4::1
ozl
Authosine hidicators
Citizenship/military duty
Some orzll nongitizens
All citizens, ne astive duty 032
.62y
All citizens, some on active duty 0.45
(1.03)
All household members spenk English ---9.2093
(0.34)

(1 = yes}

Neses: Dependent variable coted | = inlerview, 0
yidtua! surysys emitied from takle.

*n <005,

trp L

 refusal, Cocficients for dummy varlables for indi

(
i -
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Fear of Crime. Suspicions that some persons ard reluctant fo cooperate with surs
vays because they fear criminal viclinization is a sps form of a seript error---
Ihe misunderstanding of the survey request as one that might in fact be an atlemptto
gain entry and physical access o the householder for purposes of theft or assault
{s2e Chapter 8). We would expect that fear of erime might produce reluctance of
heuseholders to respond to an unexpesied knock on the door but also to be o
stronger infuence an behavior wiic Uie person attempling contact ¥ the hou
hold eppears threatening in any way. We note that white fear of physical sufety may
be 2 concern in househald surveys, the fear of being victimized through relemarke:
irg scams (often targeted at the elderly) may be no less & congern in telephone sur-
veys. The common usé of femals interviewers in surveys might dampen the effect of
fear of erime in face-lo-face surveys.

We have very imperfeet indicators fiom the short form to test this hypothiesis,
namely women living alone, and lderly (those ever 69) living alons {see Tuble
5,19). However, there is liltle evidence from our data that wemsen living aione (who
might have greaser fears of victimization) or elderly respondeats (who do exhibit
more fear of crime: see for example, Miethe and Lee, 1984; Rucker, 1990) have
lewer ccoperaticn rates,

Topic Saliency. A common metaphor for survey nterviews is a “conver:
a purposz™ (see Kahn ead Cannell, 1957; SchaefTer, 1990). There is much s
tion that when the purpases of the conversation are goals shared by the saopled per-
soms, they tend to cooperate. This speculation is based on bypothuses that surveys
on salient topics may offer some chance of persanal gain to the respondents beceuse
their graup might be advanmged by the survey information, and also shat the chance
to exhibit ones knowledge on the topic would be gratifying. When the topic of the
interview is used as an impartant witribute by the interview in persuading the ho
holder, then prior knowledge about the fopic and persenal relevance 1o the how
holder can affect response propensity.

Couper (1997) finds that these who expiess little interest in politics are mere
likely to decline participation in electoral kehavior surveys. The decennizl census
data offer few indicators Lo test hypotheses conearning topic 5 . We would ex-

Table 5.19. Cooperatlun rate by Indicators of fear of erime

Fear of ¢crime indicalors Cueoperation rate

Women living wlone 94.4%% 44y
Other 95.3% 02d)
xr= 280, df = . p=0.09
Person aver 6% living alone
Other
¥ =0.83,d/=1.p=036
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pect saliency to be enhenced especially in those cases where the survey purpese is
to.construct benefit programs affecting sample person (e.., the CEQ for Social Se-
curity beneficiaries, the CPS for Unemployment Insurance beneficiaries).

5.8 MULTIVARIATE MODELS OF COOPERATION INVOLVING
HOUSCHOLD-LEVEL PREDICTORS

Many of the hypatheses reviewad above are not independent of one another. For ex-
ample, those socially isolated in the society are less likely to have the normative
guidancs of social exchange relationships wilh survey tekers, Hence, deeper under-
standing of the nalure of the process of survey perticipation might be gained by
combined multivariate analysiz of the different indicators. In combining these
hausehold-level variables we alsa need to contral for survey design and social-envi-
ronmental varizbles when possible, as we will do in later chapters.

5.8.1 Combining the Household-Level Predictars

The first step is the examination of a model that combines the indicators of the
hausehold-level bypotheses that found some support in the data, OF the social ex-
change indicetors, the housing cost varizbles and housing tenure variables seemed
most powerful. For the social isalation indicators, race, ethnicity, oge composition
of the household, whether the household is & single-ndult household, whether there
were children in the household, and wiether the household had moved in the last §
years appeared useful.

As we noted earlier, the concepts of social exchange and sorial isolation are re-
lated 1o one another. Two socially Isolated groups cannor develop ongoing exchange
relationships. Further, some of the indjcators for the various concepts themselves
are correlated. For example, minority racial and ethnic groups tend to live in hous-
ing of lower cost then mejority yroups. For that reason, some of the effects we ap-
pear to be meusuring in the models examining each hypothesis may be spurious ef-
fects of other concepls. A larger multiveriate model can be spacified to check on
that possibility,

The first column of Table 5,20 shows a multivariate logistic regression based an
the full sample, predicting the likelihood of an interview relative to a refusal. among
sample households contacted For fhe six surveys. The model cantrols for base re-
sponse rate differences among the six different surveys (1o control on omitted de-
sign differences among the surveys).

The sociosconomic indicators thet we use as proxy measures of social exchange
influences (tenure and housing costs) retzin their impaet, The finding is that those
incurring lower housing costs tend to cooperate with the survey requests, This is
consistent witl the notien that requests conting from & government source, with im-
plications for government policy and social services, tend ta be viewed as potentigl-
ly beneficial tc those in lower sociseconomic groups.

In the presence of these sacioeconomic measures, the racefethnicity indicators
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Table 8,20, Cocfficlents from is models predicling sigperhtion versud ifusal;
model using social exchange, socfel Tsolation, und authority Indteators: model adding
environmentel indicators (standard errors in parentheses)

Heusehold level

Expanded
Short-lorm (long-form)  Environment
Predictor household  household <+ household
Constant 173+ 3.03%# bl
021y (0.52) 10.29)
Environment
Urbanicity
Centeel city -0.27
0.17)
Balance of CMSA ) ’ -0.14
0.13)
Other e
Population density --0.022¢
(0010
Crime rate” 0,0052
0.019)
Percent under 20 years old 0.00%%
(0.0047)
Household
Social exchange
Qwner occupied -0.10 -0.30 -0.20
(0.18) (G.43) {018y
Monthly reny -0.062* -0.031 -0.044
(0.029) (0.068) (0,033
Houswining’ =0.0T6%%  p.0ap¥e 0011
{0.0052) (0011 (0.0060)
Socinl isolation
Racefethnicity:
Black: reference person ! 0.24 0.092
(0.15) {0.29)
Hispanic reference person 039 D92+
(.22} 10.38) i
Other i
Household age i
All < 30 yoars 0,70%* 0.52 0.674*
(G151 (0.35) 14y
Mixed nges - - ==
All > 65 years 0.40% {016
10.19) {045} (0.19)
-Single persan housshald 037+ =070 -0.36%*
(0.12) 0.32) 0.1

{eontinued)
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! Tabie 5.20. Continued |
Household level E
| Expanded |
| 7 Shori-form  tlong-thrm)  Envirenment ‘ 1
| Predicior household  household  + Bouschold |
3
! Howsehoid I r
Social isalation L !
| Children =5 in household 0.65** ~{1.040 (163> i
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[UALH 10.28) (183 58 MULTIVARIATE MODELS OF COORE

| Residential change in lost & vaars {1 == yes) 16

| 1 day-to-tay lite, the ather interacts with the ceramunity in an ongolng wany
; S : . | are and education workers, as well as neighbors or W
Noter Dupendant variable coged | - miervicw, 6 - rofusal. Cosffieients for dummy variablos for fndie | includes health care “‘1 b ok o el heeuaimid with Feguics
urvays om dted from able, -7 = in child care. The adulis in these 1‘”"5"1?“5 L gl Sclds and i
i 2 of pericie e piane il | dheir time. With fuli multiveriate controls, younger parson housiolas at
1000 persons. | with children show higher cooperetion.
fecsured in 5104 units : | i % ; 3 ey el
‘ s solumin of Tabl resents mode; i
“densured i 810,060 i, 3 ‘ The second colu P
|
|
I
|
|

th

K model, on a reduced sample size. This allows us to add to the mo
| e . the variablz indicating whether the he )
| lier, in a model testing effects of socizl isolation : .)cz:mrs.
that movers tenided fo cooperate al nigher rates, n the prosence of con or other
social isclation indicators. Absent frant those models, however, were | ators of
the housing tenurg of the household. These living ip rental n,..“mg_f_n_d__lta_@%'e
more frequently than those in awned housing. Hence, we cxne'c!ed :‘;,a( ihe n;ea-
Sored eTf=cl might mask the effocts of housing teriire. AS §!1>o‘~'~ n.111_T§1l?.c 5.20, when
7% conirol on housing costs, the effect o residentin mobility dimiaishes to anegli-

residential mob
4 years, We found ¢

| have negligible influence on cooperation, In models addressing only the social iso-

| iation hypotheses, thess showed higler response rates amonyg Hispanies. We inter- ‘
y pret this as evidence of the more pervasive effects of socioeconamic status than any
i subeuitural influences associated with racial and ethnic groups. In other analyses  : !

change due to household predictors is 66,50 witheul the houschold com_r.c-!s_ and
17.04 with the controls, In short, about (66,50 - 44.00)/66.80 or 34% of 2 mea-
o bles seems to overlap

i ¥
{not presented) we find that the estimated effects of race/ethnicily ure also sensitive  ~ | L gible lovel.
| 1o what environmental predictors are included in the model. Given these empirical E
| results and the mixed Findings about race/ethnicity in the past liwerature on nonre- : . -
! sponse, we excluded hese minsures from the ﬁnal}model. d i “ | 582 Combining Houschold Predictors with Predictors frem Other Levels
! el ineanelfectsaf ageremain iy the lirstmedetin Table 20, Mhunzand’ & i I The third column of Table 5.20 examines whether the entire set of housebold-lovel
' cid households tend to exhibil higher cogperation raes (han do househoids with | ! fi‘ o inios 1o cxlibit hypothissized effects in the presence of cantrols al
persens exclusively in the 30-69 year eld range. We'd expect that employment rates | & pl"nc Ml.)rlbc \";';nmAcn"\l Tavel (rh‘ejinﬂucncas to be discussed in Chapter 6). A com
| milght diifer across these three rypes of houseliolds. A careful reader will note that | ‘| B L-‘F:amﬂ fwl.\h; }irst c:;'numr. and the third column of the table shows that only the
| we hove lost controls on the employment statws of householders. We had includad | I Eal_“,';:,‘n ‘:_'w \.“.iahlds;lr_pem 10 be substantially afTected by cantrels on social ewvi-
| such variubles under the hypothesis of opportunity costs, with the result that there I i ~:J|:1ef‘la'[ ‘var;abic%.- Wh-cr; we conirol en urbanicity, crime rates, end popul tion
| wete no differences by employnrent status, We suspect that the higher rates among | d i . o A n‘iv;: effects of the housing cost indicuters decline o just below tra-
| young households refleets an interest in social purlicipation because of greater so- i Fr.!mt)i e |.g0i~ statistical &;gnn;;mw_cev{‘u 0.08, for the three pre
| cinl engagement in general. The higher rates among the elderly may reflect stronger  § ‘ d’,f"?”_ﬂﬂ t,ve h"l"cil‘-:: for Irouse value GMORE Gwners is closest 10 the Sighenlevelof
1 norms of civic duty ameng the current cohort of elderly, 1 | | p o bined ’;‘ :‘]::i;‘m;‘c'c\ "W interpret this as reflecting the relatively higher cost of
| There wers two other indicators of social connectedness we discussed earlier. I b ft‘ltlstic_ai“blﬁ_ba1‘ grleas‘-']'hus. the ovariapping influences of urbanicity and housing
! :_I'hoﬁt who live alone tend not te cooperate with the survey requesl, other things be- ‘\ ' l,u{m:h.ie-‘,mm the marginal impact of the lutter cogfficient. It appea d
| ing coual._Canversely (hnse hov wit g childr 19_participate. } E o ru 115:r living costs we observed in Seetion 5.3 were in par reflecting the
These lwa groups, one nssuming all the responsibilities of hiousehold maintenance \i : fc‘ctsf “‘Igﬁunnéeﬁ ;furb:;nidw and urban living conditions on coOpers 8
with a & i fual, the otlier sharing it among several persons, ave sharp con- | § n-.g(a);;e$ mnqu:.mp- how the adgition of environmental prediztars affects the vs-
| trasts, While one can easily avoid contaet with large nwinbers of strangers in their ‘| ! timates ot‘}l;.nuse?‘a'ld-l}c\-al effects |s ta compare the change in the two likalin vod ra-
k l f xié ;;atislics associated with the 1:ousc!nﬂ-"-ex-ct variables, .mE wi1‘%‘.ou! 1;h=: v:l?v
i i l v mental level controls, and ene with the environmentai level conu‘elsl. (Vte h'r-c %ﬂ;
} J 1 | base mode] one with a constant and the survey dumnty veriable predictors.)
' \
]
|

qure of fit of the model essosiated with the household v
with the envirenmental predictoss, ) )

The last controls we added to the meds! concern the ‘intsr\aew;r {d‘?o.st:ﬂd Elfl
‘ [ Chapter 7). These aré nol shown in Table 5.20. Here we were {esting \vnetl":.? H=
Tousehoid-level predictors maintain their effects in the presence of chavacteristics
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of interviewers found to influenco cooperation. The housshold-leval elfects remain

substaniially the same, and the same conclusions would be made as {rom the modz] !

in the third column of Table 3,20

59 SUMMARY

Eavlier chapters in this book have noted that our understanding of survey participa-

tion has been heavily shaped by studies examining bivariate relationships between

seme varieble and participation. These have often been case studiss, rot studies of
sets of surveys. They have tended 1o study demographic indicators, not underlying

sacial psychological concepts, They hove emphasized overall response rates without

separately studying noncosntacts and refusals,

This chapter no doubt has results surprising to some survey professionals, When =

it is combined with the results of Chapter 4, on the process of conlact, 4 different
picture on survey participation is formed for the six surveys in the decennial match
study than we assumed prior to examining the data.

Most survey researchers might assume lower cooperation rates among Jower so-

cioeconomic groups, amang racialfethnic minority groups, and among the elderly.
However, once contacted, poorer groups (s indicated by the proxy meeswes of
housing custs) eppear no different from other groups. This result becomes clear
only when controls on social environmental influences are applied to the cquation.
That is, the result that those in more expensive housing do nat respond is partinlly
explained by the fact that more of those persons live in urban areas, the sites of low
coaperation in geaeral, There is some tendency for owners (versus renters) in ex-

pensive housing to not cooperate, but the effect is a weak one, deserving of further -

attempis to replicate.

A resolution of this chepter's findings regarding age is more complex. We finda
curvilinear effect of age (using a proxy indicator of age grouping at the household
level). It shows young and old heuseholds cooperating at higher rates than the mid-
dle-age households. In Chapter 4 we found that the elderly were easier to contact
than others, These two findings combine ta suggest the largest overrepresentation of
the elderly will oecur in surveys with low contact rates and no efforts to convert ini-
tial refusals (which should convert disproportionstely younger persons),

The young and cld houscholds may have higher copperaticn razes for different
reasons. Younger persons may tend ta exhibit more curiesity about efforts to seek
information from them. They most recently experienced standardized information-
seeking nssacinted with school and jobs. The elderly cohort, in contrast, may not
have the curiosily but mny maintain narms of civic duty regarding requests from the
governmient not shared by younger cohorts, The houssholds in the middie-age cate-
gory or with mixed ages, on the other hand, s a group do not share as much of the
history of standardized measurement ner the civic norms of the elderly. Clearly, we
have no diract tests of these notions with hese data,

Of furtber refevance to age effects, our multivariate models control ot household
size. Most of the past findings of lower respanse rates atmong the elderly, for exam-
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ple. did rot contral on the fret that many elderly live alone. (Controlling on house-
hold size, we fourd older householders more willing ta respond.) We have consis-
tently found that those who live alone are a distinctively difficult group 1o interview
in surveys. Chapter 4 shows that, offier things being equal, they tend to be difficulr
to contact. In this chapter, we've learned that once contacted. they tend 1o refuse,
relative to others, This is strong evidence, we believe, of the underiying tendency for
these who live alone eithier to heve an outward orientation, nuriuring social relations
by being away from their home ofien. or to be relatively socially disengaged, sell-
oricnted in a way thut leads to aveidance of acceptance of stranger requests at the
door.

The prependerunce of the evidence thus far points to support lor a twu-prong
view of household-level correlates of nonresponse. First, the process of contreting
some households affects novresponse ervor differently than the caoperation step. At
the conlaet step, househald size, age of householders, and other household compe-
sitional variables can exert their influence on the nature of the nonrespendsnts, Fow
importan? (he correlates of noncontact remain in the fina! data set depends on the
efforts to reduce noncontacts.

Second, the nature of cooperation is most fully explained by concepts that de-
scribe the perceived relationship between the survey requester and the sample
household. Notions of socizl isolation and social exchange appear consistent with
the multivariate findings. In this perspective, the request for 4 survey interview is
seen in the context ol the prior set of dealings with the spansar of (he survey over
time (or with others perceived to be similar to the sponsor), When the government is
involved, those lower in socioeconomic status or with stronger senses of civic duty
may be more willing to participate because of potential rewards of providing infor-
metion to the government. We might speculate that when universities sre the spon.
sors, those in higher education graups might be more cooperative,

It is important fo note that the data used in this chapter come from surveys with
response rates that are higher than those typical of academic or commercial surveys.
They result from designs that employ unusual efforts 1o contact all sampls house-
halds: thus. their noncontact rates tend to be unusually low, Their refusal rates are
ulso low, but have some parallels {n other surveys. [n this book, surveys with few
nuncontacts allow a study of the reaction Lo the sutvey request of 2 more diverse
pool of householders. They thus are more valuable for studying the correlates of co-
operation.

Since the analyses concentrate on ceoperation of sample persons once they dre
contacted, the inferential limitations of the work depend on whether the influences
on coaperation are different for Jower response rate surveys than for these high re-
sponse rate surveys, We note that there remain large net differences in response
rates across surveys, controlling on these demogruphic factors. These arise from
different design features (such as survey topic or length of interview). These design
features do not necessarily affect household-level influences because they are part
of the survey request for all the demagraphic and social subgroups. By pooling data
over surveys that vary on some of these design features, we measurs the effects of
household-level attributes that are robust to those desipn features,
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Only if some subgroups of the population react to design features differently
than do others will ae kinds of models discussed i this chapter be inappliceble to
surveys with lower response retcs. One example of this might be the tendency for
persons uninterested or uninformed about a fopic to refuse 2 survey roquest (see
Couper, [997) or for those who are busy to disproportionately be nonrespondents 1o
surveys that are conducted over just a few days. For a survey with very low levels of
cffort to contact sample persons, the cefusal ceses will consist of those who are eas-
ily contacted. In such cases, the magnitude of predictive power for some of the
household-level veriables may be larger, because their effects have not been attenu-
ated by repeated persuasive efforts of interviewers, For the most part, howsver, we
speculate that the general form of the models will remain the same at lower re-
sponse rsie levels,

1oy short, we have learngd the following kev lessons from the empirical analyses
in this chapter:

The tendency for those in high cost housing 1o refuse survey requests is par-
tially explained by their residence in urban, high density areas, We interpret
this as siranger support for hypotheses nbout the influence of sacial isolation
and disintegration than for social exchange hypotheses concerning coopera-
Ten,

Tendencies for those in military service and these in non-English speaking
houscholds to coeperate in surveys appear to be explained by their heving
househotd compositions favoring survey participation, We interpret this as
partini refutation of the hypothesized rale of government authority in survey
cooperation.

The apparent tendency of racial and ethnic minoritizs fo coaperate with sur-
veys when asked is largely explained by thelr lower socioeconomic starus (as
measurad by housing costs). Once socioecenomic status is anzlytically con-
ralled, mivority cooperation rates are much closer to those of the majority
group,

Mulliple indicators of social integration {or isolation) share sirong marginal
effects on cooperation, Households with young children or young adults tend
to cooperate; single-adult households lend not ta cooperate.

In examining the participatory behavior of elderly houscholds, it is important
to cansider the tendency for the elderly to live alone, Afer analytic contrals
on ho Id size, elderly households tend to cooperate.

There are meny features that define the psychological and behavioral context of
a canversalion between the interviewer and a sample person, iv which the interview-
er requests participation in the survey, These conversations comprise the proximate
cauges of survey response rates, This chapter hes shown that even without measure-
ment of these proximete causes, sysiematic and measurable variations exist across
persons and households in their tendency to comply with survey requests. Adding
meastirement of these proximate cavses, through observation of the conversations

. betweer interviewers and respoadents, provides further ins'g
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t into the process of
survey participation {see Chapters & and 9). These ere nocessary for 2 complete un-
derstanding of the phenomenon.

510 PRACTICAL IMPLICATIONS FOR SURVEY IMPLEMENTATION

Now that we have studied both the process of contacting households atd the process
of paining cooperation, we can for the first time consider design strategies that
jointly consider noncentacts and refusais, We learned in Chapier 4 that s‘r‘}l_:IE-r‘cr-
301 househalds are difficult to eontact. In this chapter we learned that they 2iso tend
lo refuse survey requests. We found thar eiderly households and households with
children are cusy (o contact; here we found they alsa tend to be cooperative onee
household size is controlied. (We do know from other work, however, that eléerly
persans tend to be nonrespondent for kealth and other physical reasors more ollen
than younger persans.) . )
tAuny of the Findings of this chapter concern the influerce of attributes (hat are
not usually knowabie from the sampling frame itself. They are socio-demograph
aitributes that we believe are imperfect indicatars of social psyehological states af-
fecling reactions to survey reguests. . ) )

The mest important practical implication of these resulls is 1o urge intervizwers
to learn these attributes of a sample househald as early in the survey process s pos-
sible. That is, in carly face-to-fuce calls on the household or In the first contact with
the household, some effort should be made 1o observe these demograpive character-
istics. )

For a limited number of these, proxy indicators might be uselul
lo-face interviewer to possible challenges. For example, singie-be
mils are sometimas systematically dispersed in a complsx. Knowi
\jon of those in a arca segment might give useful, albeit imparfect indicat
gle-person houscholds, Similarly, complexes that are c:vqtcd 1o young r.g\:s
might indicate difficulty with contact anc need for flexibility in negetiating the ime
of the interview onee contact is made. The absarvation of evidence of yourg chil-
dren mentioned in Chapter 4 applies here glso,

Gnly if interviewers letwned of these attributes c2n they usc k
tomize approaches Lo the househoids, To younge: s rg!c-pef.-'o.
might have relatively less lime &l homa, flexibility in doing the
shorter segments may be important in gaining co::gmrr‘:l:.o:\. in
tence und explicit arguonent about the uaequal value of'the hgus no
tion might be useful. We have elaborated in Chapter 2 the notion fhal
ferviewer approaches to real concorns of the houselal
cooperationt rates. This chapter is our first note 1hat much of t
gin after initial contagts with househalders. ) ) i

There are many featires that define the psychelogical and beharioral coalext of
acunversation batween the interviewer end a sampie person, in v.'nj‘ch t!:e nt ;
er requesls participution in the survey. Taese conversations comprise the 2roex

ta alert the face-
M ppartment

wledge to cus-
ousekolds, who
ryiew in severa
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causes of survey response rates. This chapter has shown thit even without measure-
ment of these proximate causes, systemstic and measursble variations exist acruss
persons and households in their tendency to comply with survey reguests. Adding
measurement of these proximete causes, through observation of the conversations
between interviewers and respondents, provides further insight into the process of
survey parlicipation (see Chapter 8), These are necessary for a complere under-
standing of the phenomenon,

i
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i Measuring undercounts for
hard-to-survey groups

{ MARY H. MULRY

! 3.1 Introduction

t Measuring eensus undercount is an important way of gaining insight about subpopulations

that ere hard (o survey. Although such groups may be o relativety small propertion of the
population, they contribute dispropotionately to the vverall undercount. Several methods
are available for measuring census undercounts, so countries are able o choose the oue
that best suits their situation, The methods for estimating net undercount include pOSI-
enumeration surveys, demographic anatysts, sdministrative recard matches. and Teverse
recard checks. Countries use these methods 1o make population estimates that ave thought to
be more decurate than the census: Lhis extimate is then compared 1o the census count to give
an estimate of the net undercount.

The methods have different dain requirements, 50 not every country has (he duts needed to
apply each one. Even when such date exist, some countries have privecy and confidentiality
restrictions on how the data aré used, Therefore, not all methnds can be applied in all counties,
Demographic analysis uses vital records in aggregate calculations, Administrative record
watches and reverse record checks requite high-quality records systerns and luws that permit
their use 1o measure undercounts, A post-enumeration survey is a second eoumeraton impia-
mented on a sample basts afier a census and then matched to the census on  case-by-case basis.
One edvantage of o post-enumeration survey is that is does not depend on the availability of an
administratlve o vital records system. Even if such records ase available, their quality and the
characteristics of individuals that they contain are not issues when & post-enumeration survey is
done. Therefare, the method may be applied in developed or developing countries,

This chapter discusses the methods for measuring census undercount and tieie advan-
luges und disadvantages. Mosl censuses use an entmeration methodology that involves
contacting the population Lo collect information. However, same counlies. almost all of
them in Europe. take their census using a register-based methodology where the information
about e population is drawn from records maintained in one or more administeative
registars (Valerte, 2010). The coverage evaluation methodologies discussed in this chapter
are typically employed for censuses thet use an enumeration methodology, but they can be

oz

1

I MR e e

Hard%-to—Sl‘lrx ey
Populations

T Y TR I

Thix report is releused to inform intorested parties and encournge discussion of work in progress, The views
L dun statistical. methodologival. and operationul issies ure (hose of the suthor 2nd not necessarily those
ol tie US Census Bureaw.

3




k23 Sary M. Mulry

used for register-based censuses, Also included are resulss of upplications in some countrles
lustrate identifying groups that ure hard 10 enumeraie in censuses ang surveys,

3.2 Administrative record match

An administrative record mateh (ARM) is an evaluation procedure i which a sample from
the administrative record file is marched cuse-by-case Lo the census population or subpopu-
tation of interest. The uvsual assumption is that the administrative records file is more
complele thun (he census so the percentage in the recard samptle not matched to the census
i5 a measure of the census coverags error.

For the ARM to be a viahle approach. the counlry has to possess a high-quality records
system for the populalion of interest. which may be a subpopulation. The administrative
reeords used for an ARM are maintained for ather purposes, but the records may nonetheless
provide sulficient coverage ol the poputation of interest,

lir some cases, the country has o centralized administrative record system that containg
records (or nearly adl the residents. In other casex. the counby hes to merge scverat
administrative record systems to cover the enlice populztion of interest. Then, the combined
e iy unduplicated and the final product is malched to the census (o identil'y persons missed
Ly the census. The tieed to merge records systems raises the Issue of the laws governing the
country's records; these laws nust permit matching the administrative records for statistical
purposes that include census coverage evaluation.

The ARM method of coveruge evaluation has several advaniages. One advantage of using
administrative lists is that they do net rely on @ household survey or & previous census,
Theretors, this methed does not haye the problem that post-enumeralion surveys may have
of missing many of the same people thal the census does. Also. an ARM allows focusing on
the hard-to-survey segments of the population by obaining fists, such us the low-income
populution receiving Temporary Assistance for Needy Families in the US.

The ARM metbod also comes with disadvantages. One disedvantage is that there is ne
guarantee that the administrative list or lsts cover the entire population of interest. Thig
method alzo requires matching to the census, with possible acing or follow-up of non-
matches. An additional complication arises when several lists must be imerged. Unduplication
Fthe Hsts may be ditficult because some peopie use different names and addvesses for
erent purposes. Conversely, common names also croate the problein of different people
with tie same narne und birthdates, wiho may appear to be the same person to an uicduplication
algerithm, However, when houszhold structure is available, the unduplication algorithms are
more effective. [f each pergon has a unique identification number that is present on all (ke lists
and on the census, then Boding duplicates on merged lists is rwch more successful, A cruciat
difficulty with using administrative records for covernge evaluation s identifying the pop-
ulation for which the records are complete. IF the records oyercover sume subpopulation, this
creates problems in generalizing uny results to the entire population.

The first documented ARM oceurred in the early 19305 in Canada where enumerations in
the 1931 Canadiun Censas for infants under one year of age were malched to the birth
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wegistration records in nine provinces (Marks, Selizer, & Krotki, 1974; Tracey, 1931} The
stody found that 80 percent of the enumerations maiched (o birth records, with & range pf
§0to 91 percent acrass the nine provinces for areds notincluded in the Indian Reserves anda
range af 57 to 74 percent in the Indiun Reserves, Tn the US, ARMs also started in the 19
to evaluate the coverage of birth records (Marks ef af., 1974), Most sintes conducted ¢l
matches of specinl-purpose surveys 10 birth records (o show Lheir recards werg ot Jeust Y0
percent complete and could be included in the national birth registration sysiem. Few datak
are available about these studies since only rwo conducicd by the US Census Bur
Georgia und Maryland are documented (Hedrich, Cellinson, & Rhoads, [939). The ﬁm_L’S
ARM using census dala was the mateh of 1940 Census enumeretions of infants under four
months old te birth regisiration records and represented & substeniia) advance in matching
methodology, alhaugh all the matching was clerical at that time (Marks o/ al., 1974). Gfer
the years, the US Census Bureau has conducted mutches between different sdministrative
lists and censuses to evaluale coverage and data guality. We discuss afew examples. ARMs
evaluated the coverage of 1960 Census for two groups (Marks & Waksberg, 1966). A
sumple of Social Security recipients wus matched to the 1960 Census and estimeled Lhat the
uniber missed was 5.1 ta 5.7 percent of those enumerated. A smdy of the net caverege of
college swudents drew a sample from lsts of stedents obtained from colleges and univer-
sities. The sclected students received questionnaires asking about all the addresses where
they may have been enumerated, Then, the sty matched the students ta the 1960 Ceu:;uf ai
ail the reporied addresses and was able 1o produge an eslimate of net undercoverags of 2510
2.7 percent, laking {nto accounl both overcovernge and undarcoverage. ‘

Another ARM condusted in conjunction wilh the 1980 Census nssessed the feasi
using the 1979 Tnternal Revenue Service (IRS) file as a sampling frame For evalualing
cens;ls coverage (Childers & Hogan, 1983). A sample from the IRS file was muiched to the
1980 Census at their address i the IRS file, When the study could not fnd & mateh, the
person was traced wsing mail and personal interviews 1o fnd addresses \1'1?1&!8 the person
might be enamerated. However. the study was not able to trace 22 percent of the sample and
gid not make estimaies of census undercount,

An ARM conducted in conjunction with the 1996 Community Census Test focused on
determining whether there were people in adiministrative records who were nn} I‘s:le‘d ina
census or a post-enumeraiion survey, The study matched the census enumerations ;_or the
1996 Census Community Test conducted in Lhree locations [seven tracis in Chicago,
[Hinois: the For Hall Reservation in Idzho: and the Pueblo of Acoma in New Mexico) @
a Rie created by merging several federn] recards files, with the combination of files V:Lf)i:lg
by site (Sweel, 1997, Post-entmeration intervisws used computer-assisied personal m:gr-
views (CAPD: the computers contained (he administralive records but hid them ‘fmm‘me
interviewers until after they oblained a new rosterata housing unit. When an adminisirative
records-only persan was not on e new roster, the program: prompted the iu‘tewie\-. 2rio ask
about the person's residency. The perceniage of people [rom adminislrmwe_rec.ord ho
were residents but not enumerated and not on the resiers in the pest-chumeration miervisw
ranged [rom 2,0 1 2,5 across the three gites.
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Thu US hus not !ud a \lﬂg'h .x.imln.\lmuvl. mo‘de \y-ﬂcm with hagh coverage or lhc
entire population. By 2000, computer database processing and storage capacity had devel-
oped to the puint thut the US Census Bureau atiempted 1o create a census-like file by
merging and unduplicating five federal sources of administrative records. called the
Statistical Administrative Records Syatem (StARS; Legeled, Pistiner, & Farber, 2002), A
comparison belween the StARS and Censuy 200G found the file cavered 95 percent of the
pepulation (Judson, 2000). The mechodology for creating SIARS cnabled nn ARM tw
examine the validity of the estimate of 5.8 million duplicate enumerations in the Census
2000 count of 281.4 million; thar estimate was based on an algorfthm using only census data,
Census 2000 was (he first to use optical chefacter recogrition technology that enabled
cupluring nemes in clectronic format so the estimate of duplicates was the first of its kind and
viewed us surprisingly large. The SIARS algorithm chose a “best™ address for a person when
more than one address appeared in the five files. However, an auxiliary file kept ali the
uddresses for each peron. A match between the auxiliary fle and a sample of census
enumerations provided other uddresses where the sampls people may have been erumer-
ated. A search of the vensus file for the sumple people at the additional addresses produced
an altertative estimate of 6.7 mitlion duplicates, confirming thal there were o large number
of uplicate enumerations in Census 2000 (Mulry. Beun, Buuder, Mule, & Wugner, 2006}

The 2010 Census presented an epportunity far further research by creating a census-like
ceministrutive records file that merged Eoth federal and commercial data sources and then
compuring the unduplicated administralive records file to census records, The results of the
2010 Census Match Study showed that 88,6 percent of the 308.7 million 2010 Census
enumerations could be mutched to an administrative record, The main reason for the low
match rate uppewed 1o be aot being able to assign unique identification numbers 1o 9.6
percent of the census persen records, However, the census-like administrative records file
had 312.2 mitfion recards for unique persans, but Uie study wus not able w link 10.7 mitlioa
to un address on the census file (Rustogiu & O'Hora, 2012). Work continues on refining
methuds, but the fecus has tumed to identifying ways administrative records can reduce the
cost und fmprove the quality of the 2020 Census, patticulurly i the design of aduptive
operations for the follow-up of nonrespondents 1o the mailoul/maithack questionnaires.

Other countries have different systems. cultures, and laws that have led o administrative
records systems with a high level of coverage of their population that makes the systems
suitable for the ARM methodelogy. [n some countries, such as Finland and Norway. the
coverage ol'the populatien and the quulity of the data in the system are so high that the country
has decided w use a register-hased methedology for their census rather than ar enumeration-
besed methodology. These countries typically use their census data 1o inform policy decisions
and net 1o divide political power, which ix different from the 1.8, where census numben are
used in the upportionment of the seats in the LS House of Representatives among the states.

Finland moved (o« register-based census because evaluations of censuses using an
enumeration methodology showed the register-based method had quatity comparable 10
the enumeration imethod. The busis of this decision was not covernge, but the Anding that the
datn on type of activily and labor force status was compuruble with Lhe net difference in e
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creaies ily census by combining its Central Population Register (CPR) with twelve other
reglisters, including the Taxation Register and the Register on Wages, Salaries, and
Pensions. The iradition of registers of the populution goes back to the 17005 when tux
collection and army recruitment used registers of births and deaths recorded in church
parishes (Myrskyla, J981). The central records systems evolved from this practice. Even
when enumeration methody were used in 1970 and 1980. the goal was to collect informa-
tion, not count the population. The addresses on the census mail questionnaires included the
aeme of the vesident, which indicates that registers were up to date regarding where the
residents live and the purpose of the census was to collect addilional information, For further
discussion of tha evolution of register-based censuses, see Harals und Temmilehio-Luode
(1899), Redfern (1986) and Stalistics Finland (2004),

Assuring that the records remain accurate enough for a regi'szer-bzsed census is aiso a
concern. Recommendations for validation methodology for register-basad censuses may be
found in a report from the UN Econamic Commission for Europe (2006), The Commission
also has joined with Burostat to sponsor expert meetings on register-based censuses that
include discussions of potential sources of errors and methods for validating method lology
{UN Economic Commission for Europe, 2010, 2012). Interestingly, one of the concerns is
lhat some people are listed in registers in (wo countries and procedures Lo unduplicate
retords between countries are not currently aveilable,

The need to validute registers has become more apparent since the 2011 German Census
Count of 80,2 million people was 1.5 million lower thon the estimates based on local
registers, and 1.1 million of the deficit had foreign citizeuship, reducing the previously
assumed number of restdent foreigners to 6.2 million (German Federnl Statistics Olfics
013). An example of a validation of register records for 2 subpopulation is an evaluation of
the records for imnigranis and loreign-bom Norwegians on Norway's CPR. Through a mail
survey and other work with CPR records for 218,000 immigrants and foreign-som resident
Nerwegians, Siatistics Norway found that 1.3 percent had emigrated or had expired work
permits indicating they probably hud emigrated, The conclusion was thal there was 2
considerable delay in updating CPR records when members of this group lefl the country
{Hendriks, 2012).

The post-enumeration survey methodology discussed in Section 3.5 usbally is employed
for enumeracion-based censuses but also may be applied to evaluate a register-based census.
Using the demographic analysis meihodology discussed in Section 3.3 to evaluate a register-
based census is contingent on the availubility of other high-quality records independent of
the records used in taking the eensus; this seems unlikely in most countries,

3.3 Demographic analysis

Demographic enalysis uses anuly(ical 1echniques applied 1o sggregate population data to study
populations und estimate (heir size. As o 1ool lor census evaluation, demographic analysis
involves first developing estimates for the popuiation in various categories, such as 0ge, THCE,
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x groups, at Census Day based on various types of demographic dala. Then, these
subgroup estimates are combined to yield an estimate for the population size of the nationas &
whole. The dutn used for demographic anulysis estimates include: birth, death, and immigra-
tion statistics: sex ratios, life tables, ete; historical seties of census data: and data from sumple
surveys, Corrections are made to the data for various Lypes of known erors, usually based on
secondary sources, such as administeative records, for a specific population, Hawever, the
productien of the estimates does not invoive case-by-case matching of records,

The busic demographic eccounting relationship is:

and

Population = Birth — Deatis + Immiigrants — Emigrants.

To upply the demographic analysis methodology, a country hus to have high-quality
historical time series for each of these guantities where the censistency of the different
series has been confirmed. Another requiremment when the records do exist is that there are no
bucriers (o using them in aggregate Lo form demographic analysis eslimates. The existence of
rezerds of bitths and deaths is particularly important because they form the basis for
demographic analysis, When the records systems exist, but not all events are entered. then
it is sometimes possible lo estimate the coveruge emor rates and to use them in making
adjusiments. When records of immigranis and emigrants do not exist or are not complete,
pliernate estimation methods and data, such as survey data, are somelimes used to make
adequute estimates for these groups.

n the US, an application ¢f the demographic method of compariag aggregated lotals
raised the Initial concern about the coverage of the census. Prior to the 19405, the prevailing
assumption was that the census had better coverage ol the population than the records
systems. However, s comparisen of the number of males of military uge in the 1940 Census
to draft registeation records dispelled that notion. The study estimated there were 14.9
percent more Black males of 21 10 35 yeurs of age registered for the drafi than were counted
in the census and 2.8 percent more non-Black males in the same age category. By stutes, the
estimates for non-Blacks ranged from being 4.1 pereent too high in Wyoming to 16.0
pereent too low for the District of Columbia. All the eslimates for Blacks were oo tow,
ranging from a deficit of 5.4 percent in Mississippi to 40.3 percent in the Disiriet of
Columbia {Price, 1947}, The US and ether countries saw the need for developing methods
{0 evaluate their census coverige, This led 1o the development of methedology to evaluate
censuy coverage using demogruphic analysis, reverse record check {Section 3.4}, and post-
enutneration surveys (Section 3.5).

The primary advantage of demegraphic analysis 4s u lool for evalualing 2 census is that it
uses daia sources that are independent of the census being evaluated, However, the overall
neewracy of demographic analysis for a country depends on the quality of the demagraphic
¢aln in these data sources and the quality of the corrections for any known errors in the data,

A disudvantage of demographic analysis is that the direct estimates of population size
usually are available at the national level only. Another shortcoming is that the estimates are
possible only for subgroups idemtified in the vitel records. For example, in the US,
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populatien tes are possible for only two racial groups, Blacks non-Blacks,
becsuse the historical records put people in only those two categories. In recent years.
records have also included the category of Hispanic etanicity, which permitted the 2010
demogznphic anabysis estimates of the US population 1o include est
than 23 yewrs of age.

The first time demographic anaiysis methods were used {o evaluate covetage error was by
Coule (1955) for the 1950 US Census. The 1960 US Census was the first to use deimogriphic
enalysis as an evaluation lool (Siegel & Zeinik, 1966). Many improvements were mads in
the demographic analysis methodology in 1970 (US Bureau of the Census, [974).
Undecumented immigration surfaced as an issue for the 1980 demographic mmalysis exti-
males (Fay, Passel, Robinson, & Cowan, 1988) and persisted in the [9%0 and 2000 estimates
(Rebinson. 2001; Robinson, Ahmed, Das Gupta, & Woodrow, 1993). The methedology for
estimating migration for the 2010 estimates changed to one Based oo dala Fom the
American Community Survey (US Census Bursau, 2010},

Anolber issue is the lack of measures of uncertainty in demographie analysis estimates
due Lo choices of datasets and choices of assumptions. Most of the construction of Lhe
estimates does not use probability models so the uncertainty cannot be quamifed with
standard statistical methods, aithough the intraduction of survey-based estimates of
immigration in 2010 is an exception. The first attempt to quantily the uacertainly wes
for the 1990 estimates (Robinson er al., 1993). For 2010, the US Census Buseau relzased a
range of estimates based on varying assumptions. The range was 305.6 million to 312.7
million with & middle estimate of 308.4 million that was clese to the census counl of
308.745.438 (US Census Bursaw, 2010). Demographic rnalysis estimates of population
size do offer o way of obtaining historical estimates of census
defined hy
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Hispanics less

percent nel undercount, as

Popularion size — Census couit N

Percent net undercaunt «= - .
Population size

100,

A negative percent net undercount indicates an overcvunt. Figure 3.1 shows eslimates of
percent net undercount for the total population, the Black population, and the non-Black
population for the decenniai censuses in the US from 1040 10 2070 from deinographic
analysis. Bluck and non-Black are the only two racial subgroups available in historical
records for the emire perod. However. the non-Black population became m
helerogeneous over the period fram 1940 to 2010 so the racia and eth
non-Blocks in 1940 is not what was observed for non-Blacks in 2010,
Other countries have used demographic analysis techniques 10 evaluate censuses,
dlthough the US is the only one with a historical sertes like the one in Figure 3.1. In many
instances, countries focus on the inteimal consistency of the census counts rather than on the
level of the estimates. The tools include examining sex ratios for age colions and compar-
isons with historical values. Kerr (1998) compares the demagiuphic analysis methods used
in the evaluation of censuses in Canada, US, UK, and Australia. The relatively poor guality
of some records for the older population reduces the quulity of the estimates of the {oral




g Mary H. Mulry

Mon-Elack

FEus N Beck

-2t

1940 1850 1880 1970 1980 1850 2000 2010
Figure 3.1 Historlcal estimates of percent net undercount in the US Census 1940 to
2010 based on estimates from demographic analysls.

INore: A negative net undercount denctes 2 net Overcount,
Source; 1940-2000: Long, Rebinson, & Gibson, 2003; 2010: US Census Buraau, 2012,

population in &l these countiies. The US addresses this concern by relying on Medicare duta
for those 85 years of nge end older, However, all four of the countries use demographic
analysis techniques to form estimutes of the population for years between censuses, called
post-censal or intercensal estimates, by using the census as 4 base and estimating the change
in the population (Kerr, 1998), In addition. demographit analysis techmiques ars used to
form estimates of the size of the population in other countries, including developing
countries (Brass, 1996),

3.4 Reverse record check

A reverse record check (RRC) is o census evaluation program in which a sample of the
popilation is druwn [rom records that existed before the census, traced forward 1o the time of
the census, and matched to the census. ‘The frame is usually composed of people enumerated
in the previous census, persons missed in the previous census, births, and immigrints. This
method differs fram the ARM approach since the records from the last census (including the

ceords of poople identified as missed in the evaluation of the last census) are not generally
classified as cdministrative records. This type of records sample, if well executed, is likely Lo
have betler coverage than a census. The sample for the RRC is composed of separate
samples selected [rom each sowce. The proportion of the sample that is unmaiched provides
an estimate of the proportion of the population that was missed in the census. To obtain an
estimate of net census coverage emor, an RRC has to be supplemented with a separate
sample of census enumerations and a validation operation in order o measure erronecus
enwnerations, which tend to be mainly duplicate enumerations. Then the resulting estimate
of population size is

g oo o
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Populaiion size = consiss count + aumber nilssed — number of errangous enunierations.

A key requirement for implenienting a RRC is the availability of current uddiesses for the
people in the records samples: this usually means matehing these samples Lo a high-quality
udministrative records sysiem, The existence of a unique identifier number assigned Lo ench
resident facilitates the matching between the samples and the administrative records, The
need to update addresses for the sample from & previous census and the sample ol people
missed by the previous census is obvious. However, even if records of births, deaths,
immigration, and emigration are available for selecting the sampie, the addresses at the
\ime of the event that generated the recard may be out of date by the time of the ceusus.

A second requirement is Ut te privacy policies permit interviewers Lo ask for a person
hy name at un address found in udministrative records. In the US. for example, the privacy
policy governing the tux records held by the IRS does nol permil revealing a person’s name
ona tax relurn or even that the person filed a tax retur, Therefare, matching to IRS records
and then asking for the person by naine at the address found in the IRS records would not be
approved by IRS f'or a statisticu) program, Research projects may apply for permission to ask
for people al their address found in the IRS records, but (ew are approved (Childers &
Hogan, 1983, Sweet, 1997),

A RRC (akes advantape of changes over time in the probability that a pusticular parson
can be found. For example, except for the very youngest, children are easier (o enumerate
than young adults, who tend to be highly mobile. Canada, which uses (he RRC method-
ology, provides an iliustation, [t conducts a census every five years. The sample of people
enumerated iu the previous census will include some children and in particular, children
ages 12 told. The RRC will be able 1o delermine if they are missed in the next census when
they are 17 to 19, ages that have a Jower probability of being enumerated. Any who we
missed are ineluded in the sample of those missed lor the subsequent census, Accumulating
s RRC sampling frame from census to census allows the frame lo become mare complele
over Ume, After several censuses, the quality of the frame of those missed in the previous
census becomes very high. :

On the other hand, il several implementations ure needed to create a high-quality frame of
persons migsed by the census, this wili be a disadvantoge for the frst few census evatuations,
Another poiential disadvuntage is that even if hard-to-enumerate groups are eusier to sample
several yeurs before the census, this advantage may be offset to some extent by a lyps of
correlation bias. This type ol correlation bias potentially wises if those people who were
traced sugeessfully ave more likely to be counted in the census than those whu could noi be
traced. Statistics Cunada first used the RRC approach to evaluate the coverage of the 1951
Census but there was no frame for people missed by the previous census (Statistics Cunada.
2007). The results of the 1961 RRC provided a yample of those missed by the 1961 Censis
foruse in the evaluation of the 1966 Census. The gvaluations of the Canadian censuses since

1966 have used the RRC methodology. When censuses are done every five yeurs it is easier
(0 trace sumple people lo their new addresses than when they sre done every ten years.
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Canade has aecurnulated its RRC sampling frame from census to census, thus covering
anyone counted in any of the censuses and anyone born or immigraled o Canada belween
censuses since Lhe start of this effert in the 1970s. Since sample people without cusrent
records are traced. a distinction can be made betweea those who are missed and those who
have emigeated, The result is that the Canadian RRC sampling frame has become succes- a |
sively more complete over lime. The completeness of the frame enables researchers to -
estimate coverage of those missed by the census being evaluated. In addition, Canada has o
ceniralized statistical system that facitltates accessing administrative records w find current
addrzsses, The Canadian laws permit asking for a person by name at an uddress found in
administrative records,
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Table 3.1 Extimated 2006 Canadian Cemguy percent net undercount, by sex and age

T |

il Both sexes Mules Females

The US Census Bureas has experimenied with the RRC methodology on several occa- | B - - s
sians bul ezch time found (hat locating new nddresses (or sample mermbers when there are I e Apsiandex il SE bl SE ® SE
ten yers between censuses was more difficult rhan hoped. The US Census Bureau con- j All Canada 2.67 .17 3.89 0.26 0.23
ducted an RRC to estimate the number of persons omitted by the 1960 Census (US Bureas | B Dto4 years 272 0.65 .89 0.94 0.92
of e Census, 1964), but the 1960 RRC failed to trace 16.5 percent of the sample, which was ‘ i : 5o 14 years 0.86 0435 0.79 .63 0.65
o0 much nopresponse o get reliable estimates of the miss rule, Two resenrch projects s the ‘ | .l deurm 'U-Zf .1 e n.88 0.83
1980s indicated [hal 8 RRC wouid not be sucesssful in the US. The estimaled nanmatch rate : | i - ;zi _1,2 {E‘"‘“ e {1);5 L‘;": 241 L83
from an altempt to match & sample from the 1977 Current Population Survey Lo the (980 & it é 1034 y:: 500 3'5; ;,;ll [‘]j—‘; 608 ??z
Census wis 14 percent, which was twice as high as the nonmatch rate from the 1980 Post- i ry : 351044 ywrls “31 040 666 0:‘78 ‘9; Dél
eoumeretion Program (Diffendal, 1986). Alsa, the US Census Bureou evaluated the tracing I| : ; : 45 10 54 years 1.50 042 2,98 0.60 0.03 051
component in the Forward Trage Study (Muly & Dajani, 1989) by selecting the four : 5| B 55 10 64 years =029 .53 0.83 0.76 =140 073
samples that would be needed for a RRC and tracing them frem 1980 to 1985, The estimates | 65 years and over -1.39 039 -1.74 0.56 =143 0.55
of the rueing rates were significantly lower for minorities than for Whites, and overail were | 3 TR S T Firsoe
100 low to merit a rezommendation to use a RRC for evaluating the coverage of the 1990 ' £ HOREE FARERIYE SR S IR ORAL dellote s i MGt Sivareaknt,
Census, A re-examinution of the feasibility of evaluating the 2010 Census coverage with a :

of births and immigrants from the 2008~2009 ACS resched the same conclusion wersped Joventsal ngeinndioter
because of the difficulty of tracing sample people (o their address on Census Day in 2010
(Muley & Bell, 2008).

The most reconi results available from & Canadisn RRC are from the evaluation of the
2006 Census. Although there was a Cavediun 2011 Census, the coverage study results ure
not availuble as this paper goes 1o press.

BaMm

. Both sexes Malss Fenales
Macital satus and sex for persons i Hekes el

15 years and over b Sk o SE % SE

All 2.94 0.19 4.43 0,30 1.4% 0.25

|
RRC based on the 2007 American Community Survey (ACS) sample augmented with  * |i : Table 3.2 Estimated 2006 Canadics Census percent nct udercount, by marital statas and aze for
it
|
\
‘\
| Never married 670 0s3 8.82 0.62 409 05%

Tables 3.1 und 3.2 display estimated percent net undercount for the 2006 Canadian 2 Manied er common-law 100 621 1.37 631 063 029
Censts for demographic groups (Statlstics Canada, 20071, Table 3.1 shows the percent B Sepurued 875 226 1684 458 363 188
ot undercount by sex and uge. Males have a higher pervent net undereount than females, i Divosecd 438 LM 70 86 191 143
net un Y 58X 4 ge. 5 @ higher pe alek. 3 Widowet! ~1.28 ¢33 -0.38 1.85 =148 0.80

and yeung udults ages 18 to 34 have Lhe higher coverage error rates than the other age
groups. Males in this age range have the highest percent nat undercount of eny age—sex
EROUP,

Table 3.2 shows the pereent net undercount by sex and marital status for people 15 years
ol age und older, Again, in these groupings meles have a higher percent nel undercount than
females, The coverage eror rates among the never married, separated, and divorced are
bigher than those amnong the mastied and widowed, The widewed probably tend 1o be oider

Source: Statistics Canada (20071, A negarive nat undercount denctes a net overcouat,

meinbers of the population and the never married probably tend 1o be younger members,
The males whe are never married, separated, or divorced have the highest perent net
undercount.

Canada uses the percent net undercount estimates to adjast their censuy for fund llocu-
tion, See Royee (1992) for details about the adjustment methodology.

e

3.5 Post-enumeration survey

A post-enumeration survey (PES) is a survey conducted after the census (or th
measuring census coveruge. The survey respondents are matched to the origine! enumera-
tion on a case-by-case basis, Then, dual system estimation may be used 10 give an esuimare
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of the population size, A cumparison of the census lo the PES estimate of popularion size
yields (ke net undercount rate. Much of the basic development of the methedology came
out of efforls associated with the United Nutions 1o estimate population growth, The
methodalogy und its history are described well in Chandrasekur and Deming (1949} and
Marks et al. (1974},

The firsl atlempis to evaluate z census using a PES in the US ocetred after the | 930 and
1960 Censuses (US Census Bureau, 1960; Marks & Wi kiberg, 1966). Thess effons uttemp-
ted 1o find the truth for esch household in sample, but the surveys did not find an undercount as

large us the demographic analysis estimates, An attempt lo conduct a PES to evaluate the 1970
Census way 50 fawed that o Tepoit was net produced, Dual system estimation ( DSE) method-
vlogy emerged us the means to produce beiter estimates from a PES becuuse its underlying
ussumption that the second enumerdtion was ind zpendent was easier to meet than the previous
method's assumption that the PES hud no emor (that is, that the PES found the truth for svery
household), Su. an evalwation of the (930 Census used the DSE approacly. During the 1980,
romputerized matching techniques greatly improved the PES processing and these wers
applied fsst in a PES (o evaluate the 1990 Census (Hogan. 1993) and in subsequent PESs
that evaluated the 2000 and 2010 Censuses (Hogar, 2003, Mule, 2012}, Since the 1980
implementation, the PES has produced estimates at the nationai level that are comparable (o
those [rony demographic analysis, differing by at most 0.2 percent {Muiry, 2007). For more
detalls on the cvolution of the PES nt US Census Burean, see Mulry (2011,

Two key assumplions underlic the PES method (Mulry & Spencer, [991). One i that
inclusion in the coverage survey is independent of inclusion in the census, which means the
operutions Tor the twe cannol shace informalion. OFfice and feld swaff for the coverage
Sievey cannot work in the ureas where they worked on the census, Census sialf cannot know
which blocks are in the Coverage survey sample to prevent them from reating the semple
arcus differently from the aress that wre not in semple. The other assumption is that the
probability of being included in the census is mot correlated with the probability of being
ncluded in the coverage survey. IT these probabilities are unifarm throughoul the popula-
tion, this assumption is mel. When both assumptions are met, the hasic relationship holds:

Number of good census emanerations Nimber of marched pecple
: = . ! Ll
Popudation size Number uf s

trvey enimierations

1 algebra, the form of the dual system estimator is

Sy 2 3 o Number of survey enumerationy
Fopulation size = Number of good census enumerations = —— —
© Number of matched peaple

However, it is well known that capture probabilities vary. A method for addressing this
problen ereates separute estimates for gronps thought to dilfer in their cdpture probabilitjey,
such a5 age und sex groops; populution estimates wre mode for cach of these graups (posl-
strate) and then sumined 1o estimate the tatal population size, However, some variation in
caplure probabilities may still exist within the post-strata, which introduces a bias in the
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estimate of the population size, called a correlation bins. The concern about correlation biay
is Lhat it tends to introduce a downward bias in the estimates, Methods to reduce correlation
bias include a generalized form of the DSE thal uses logistic regression DSE and adjusting
the groups thut auxiliary data indicate are underestimated (Mulry & Canuwelt, 2010). The
post-siratified DSE is equivalent to a logistic regression DSE when all the interactions are
meluded 1o the logistic regression model, The US Census Burcan udjusted the 2010
cstimates of caverage error with demographic analysis estimates of the sex yntos of males
tofemales, which are believed 1 be betior than those from the PES because the sex ratios for
cohorts from the demographic analysis have been corsistent over time (Mule, 2012). The
method assumes that conelation bias affects adult males, but sot adult females or children
17 years of uge and under (Bell. 1993), In 2010, (he demographic unalysis snd PES sex
ratios for Blacks 18 (o 29 years of age were comparable so no adjustment was made for this
group. However, the demographic analysis sex rattos for Blacks 30 (o 49 years of age and 50
years of age or over were 0.9) end 0.80, respectively, while the sex ratios from (he dual
system estimates were 0.81 and 0.74, respectively. The adjustment for correlation bias using
the sex ruttos in these two age groups added 926,000 Black makes, increasing the estinwtes
of Biacks from 40.073 miltion (2 46.999 million (Konicki, 2012).

An zdvantage of the PES is thut it does not require the country to have a records system oy
histovicu! vital records, which i one reason the UN recammends it for evaluating census
coverage in developing countries (Uinited Nations Secretariat, 2010a), The implementation
requires a sample of the population that is oflen an area sample, but the sample must be
independent af the census it is evalunting. A legel requirement is thar the country's laws
permit maiching between (he independent sample and the census dala, A PES is alsa
allraclive for developed countries bevnuse its design is able 1o provide estimates for levels
of geography helow the national level and for racefethnic groups that may or may not be
distinguished in the records systems and vital records. Operutional independence of the
implementation may be achieved by nol relessing the areas in sample te the field staff undl
afler the census.

The PES also has some disadvantages. One disadvantage is that it reguires cerefu)
implementation to assure as mueh independenco us possible between the census nnd the
post-enumeration survey. Also. the matching hoetween two independent fists, the PES und
the census, currently requires & substantial ameunt of time. The matching requires that the
census enumeration files be availuble in addition 1o the PES files, Matching people who
move between the census and the PES interview is complicated aud is one regson 5o much
time is necessary. A technical disadvantage of the PES is that the dual system eslimates may
be subject to carvelation bias, discussed earlier In this section.

We examine estimates of percent net undercount hased on PES methodalogy for the US
and Australia. Estimates of net undercount for the 2010 US Census use 4 variant of the dual
system estimation approach that employs logistic regression to produce estimates of neg
coverage error. New methodology produces estimales of erroneous enumerations and
omissions. which are not shown here but may be found in Keller and Fox 2012y,
Tables 3.3 to 1.5 show estimated percent net undercount for the 2010 US Census for




Tahle 3,3 Estimated 2010 US Census percent net imdercount, by sex and age

Persons Males Females

Age and sex % SE * SE % SE
US total =0.01 0.i4

0o 17 yeun ~0.33 0.22

0109 years 6.20 0,29

0o d years 0.72 040

5109 years 0,33 0.31

Qo i7 yeurs -0.97 .29

1810 29 years 121 0.45 -0.28 036
20 o 49 years 157 0.20 =042 021
50 years and over -032 0,14 -2.35 0.14

Source: Mule (2012), Table 12, A negative net undercount denotes u net overcount.

Table 3.4 Estimated 2010 US Census percent aci
undercount, by relationship in e howsehald

Relatiotship in bousehold % SE

Nuclear family members -0.32 014
Adult children =291 0.38
Other houschold members 3.53 0.38

Source: Olson (2012), Table 7. A negntive net
undercount denoles a net aversount,

demographic groups (Mule, 2012), Table 3.3 shows percent net undeycount by sex and age,
Males have ¢ higher percent net wndersount than females, wnd young adults ages 18 w0 49
have a higher percent net undercount than the other age groups. Adult maies 30 to 49 have
the highest percent net undercount. Table 3.4 shows the pereent net undercount by relation-
ship in the household. The percent net undercounts are lowest among the nuclear family
members, consisting of the householder and, if present, his or her spouse and their children
under 18 years of age. Adult children have a large negative percent net undercount,
indicating overcovernge, probably because they tend to be duplicated, Other members of
the housshold have the highest gercent net undercount,

Table 3.5 shows the percent net undercount by whether the househeld Hved in a bilingual
(English and Spanish) mailing area and by Hispanic ethnicity. The areas that received
bilingual questionauires were known 16 have high rates of Spanish speakers wha did not
speak English well, The areas thal received u bilingual questionnaire hud a higher percent
net undercount thau the areas that did not, Also, the percent aet undercount for the Hispanics
in both areas was higher than for non-Hispanics.

TR
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Table 3.5 Estimated 2010 US Census percent
area received a Spanish questionnaire and Hispanfe sthnicly

Group 1 G SE

Us -0.01 0.14
Bilingual mailing area 0.80 Q.50
Hispanic 1.33 (.42
Non-Hispanic 015 0.50
Balance =012 Q.16
Hizpanic 1.72 0.22
Noe-Hispan'c -0.33 0.16
Source: Maule (2012). Table [6. A negative net undercount denotes i net

overcount,

- Tnble 3.6 Estimaied 2041 Austratia Census coverage error rates, by sex and uge

Persony Males Females
Age G SE & SE % SE
Total al! ages 1.7 0.2 22 0.2 1.2 02
-4 years 1.2 0.6 1.2 03 1.3 W7
5-9 years 1.5 0.5 1.9 08 1.0 0.8
10-14 years 04 0.6 06 07 0.2 1.8
15-19 years 2.5 0.6 2.4 08 2.0 1.9
20-24 years 6.9 6.8 78 K] 6.0 1.0
15-29 years 5.8 0.8 7.3 1.2 4. 0.9
30-34 yeors 30 07 4.1 0.9 L9 0.9
35-39 years 11 0.6 2l 0.9 0.2 0.8
4044 vears LA 0.6 1.2 08 1.5 .8
45-49 years 04 0.5 1.5 0.8 -8 0.7
50-54 years 09 0.6 16 0.9 0.3 7
35 years and over =0.1 0.2 -0.2 0.3 0.1 03

Source: Australian Bureau of Statistics (2012), A negutive net undercount denotes & net overcount.

Tables 3.6 and 3.7 have estimuted percent net undercount for the 2011 Ausiralien Census
for selected demographic groups based on a PES, Table 3.6 shows the pereent nat u
count by sex and age. Males have a higher coverage error rate than females

ages 20 wo 34 have a higher percent net undercount Lhan (e othey 2ge groups. Adult males 20
lo 29 have the highest pereent net underecunt.

Table 3.7 shows the percent net undercount by sex und marital status. Again, in thase
groupings males have higher percent net undercount ihan females. The percemt net




Persons Ivlales Females

arital stows % SE % SC b SE
Total peesons L7 0.2 23 0.2 1.2 0.2
Married 0.2 02 0.4 0.3 =0.1 0.2
Widowed, divorced. or separated -0.8 0.5 -0.8 [ -0.8 0.5
Never maried 3.7 0.3 4.2 0.4 EN| 0.3

Source: Austratian Bureay of Statistios (20123, A negative nel undercount denotes o fet overcount.

undercoun: smong the never married is higher than among the married tnd widowed,
divorced, and separated. The males who are never married have the highest percent net
undercaunt.

Ui countries that conduct a post-enumeration survey. the question usually arises as 1o
whether they shouid adjust the census with the results, Some adjust their official census
numbers, while others do not adjust the census sumbers but make adjustments for ather
purposes such as fund allocations. A prime example of incorparating the post-enumeration
survey results in the Anal census pumbers oceurs in the UK. which ndjusts its enumeration-
based census. A descriplion of the UK methodology end estimutes may be found in
Chapter 4 of this volume (see also Abbott, 2009). Such an adjustment also has been done
foraregister-bused census, such as the method used for the 201 1 Census in Turkey {Turkish
Stauisticas Instifute, 2012). Previously, Turkey hod used an enumeration-based census and
conducted 2 post-enumeration survey for evaluation purposes (Ayhan & Ekni, 2003).

The UN continues (o encourage countries to evaluare the quality of their censuses. The
UN ofters manuals and other materials that aid in the implementation of the PES method-
ology (United Nations Secretariat, 2010u; Whitford & Bunda, 2001, In addition, the UN
sponsors regional workshops that include lsetures on vartous aspects of PES methodology
and preseatations by countries ubout their past expericnces with PES methods and their
placs for fuure lmplemeniations (United Naticns Secretariat. 2009: United Nations
Secrelariat, 2010b). Some countries use their PES as an evaluation of the census and to
improve operations in future censuses, while others use the results of the PES (o adjust their
census numbers.

3.6 Summary

Estimates of census net undercount may be made for an entive country and for subpopula-
tions, A higher than average census net undercount rate for subpopulation indicates jt is hard
10 eount. The people who are hard to count in a census usually re hard to survey as well
beeause the methods for consus enumeration and survey inlerviews are similar,

We have examined four methodologies for measuring census coverage error thar focus on
mieasuring coverage on 4 national basis. They aid in identifying the hord-to-count portions of
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the population. All the coverage meastrement methods provide information for operational
¢valuation as well as eslimates of coverage at the nationai level, The ebility 10 make
estimates for specific subpopulations and lower geographic areas depands on the methed
und how it Is implemented,

A country's choice of a methudology for measuring census coversge error depends on lhe
availability of the required data end the privacy and can fidentinlity policies surcounding the
use of the data for measuring census undercount. To some extent, the widlerlying purpose of
the census and the purpose of coverage evaluation program also affeet the choice of
methodology for measuring census coveruge and the methodelogy for iaking the census.
In most countries, the census collects datu for policy decisions, but in the US the
Constitution specifies that the census counts be used ta atlocate seats in Congress among
the states,

Wihen we examined estimates of percent net census undercount for the US, Canadn. and
Australia, we found some hemes emerge about who is hard to eaunt, These patterns appeur
even though the methodology of evalualing the census may differ and even though
implementations of what is basically the same methodology may differ. The main con-
clusions ure:

o Males are harder to count thun females:

« Young adults are harder (o count than children and older adults, with young adult males
being Lhe maost difficult age/sex group;

¢ Nuclear family members are easier to count than other family members, Adults who have
never been maried are the most diffeult madeal status £roup to counl.

We also found some evidence that people who are isolated from the dominant society in
snme way — whether (e isolation is Hnguistic, cultural, or geographic — are hard (0 count.
That said, the coverage mzasurement methods may miss very hard-10-count subgroups. such
a5 the homeless, migratory workers, and people who wre strongly anti-government. Other
methods such as ethnographic techniques may be necessary (o identify and contecl these
subgraups.
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For Discussion: NAC 2020 IPC Working Group Check Points
Draft v1.1 (4/5/16)

This document outlines the individual pieces of the 2020 IPC program in which the National Advisory Committee
Integrated Partnership and Communication Working Group could potentially provide review and feedback.

Timeline

Check Point (Fiscal Year)

The 2016 Census Test integrated Partnership and Communication Plan (IPC) -
1+ WG will receive updates about the test and a close out update after completion of the 2016 Q3 & Q4
test

2017 Q1

2 | Introduce the Integrated Communications Contract Team to the NAC (Fall Meeting)

The 2017 Census Test (IPC) — WG will review the draft IPC plan, receive updates

3 about the test, and a close out update after completion of the test 2017.Q1-Q4

4 The 2017 Puerto Rico Census Test (IPC) — WG will review the draft IPC plan, 2017 Q1-Q4
receive updates about the test, and a close out update after completion of the test
The 2018 End-to-End Census Test — WG will review research and creative

5 | development. We will brief them on creative concepts that made it through testing, 2016 - 2018
for their comments and buy-in PRIOR to going to production.

6 | The 2020 IPC Research Plan — WG will review the draft and final plan 2016 - 2017

7 The 2020 Integrated Partnership and Communication Plan — WG will review draft 2016 - 2017
and revised plan. Each member will also receive a copy of the final 2020 IPC Plan

8 Audience Segmentation Model — WG will provide feedback on proposed 2016 - 2017

methodology and review the final model

Test Messaging — WG will review specific proposed messages that made it through
9 | testing, for their comments and buy-in prior to use. We will clarify specific messages 2016 - 2017
for review at a later time

Focus Groups — WG will be invited to observe at their own expense, receive draft

10 reports to review, and will receive final reports 2016 - 2017
11 | Partnership Plan — WG will review the draft and final plan 2017 Q1-Q2
12 Production Events — WG could be invited to attend production (TV, radio, print) 2018 - 2019

events at their own expense

Media Buying Strategy (TV, Radio, Print, Digital, Out of Home [OOH]) — WG will be
13 | briefed on the media strategy and provide feedback. The final media buys will be 2018 - 2019
shared with the WG prior to posting for public view

14 | Post-Buy Information — WG will review the media post-buy report once completed —2020 - 2021

Note: All dates are estimates and could change
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| <.’ U.S. Census

AMERICAN

FactFinder

PCT12

SEX BY AGE

Bureau

\

Universe: Total population
2010 Census Summary File 1

NOTE: For information on confidentiality protection, nonsampling error, and definitions, see http:/fwww.census.gov/prod/cen2010/doc/sf1.pdf. :

United States
Total: 308,745,538
Male: 151,781,326
Under 1 year 2,014,276
1 year 2,030,853
2 years 2,092,198
3 years 2,104,550
4 years 2,077,550
5 years 2,072,094
6 years 2,075,319
7 years 2,057,076
8 years 2,065,453
9 years 2,119,696
10 years 2,135,996
11 years 2,103,264
12 years 2,100,145
13 years 2,104,914
14 years 2,135,543
15 years 2,177,022
16 years 2,216,034
17 years 2,263,153
18 years 2,305,473
19 years 2,341,984
20 years 2,308,319
21 years 2,223,198
22 years 2,177,797
23 years 2,140,799
24 years o 2,164,063
25 years 2,161,308
26 years 2,097,088
27 years 2,140,651
28 years 2,118,605
29 years 2,117,939
30 years 2,160,802
31 years 1,988,155
32 years B 1,994,476
33 years e
34 years o 1,916,204
Byan 1,980,916
36 years - 1,890,595
B 1953386
38 years 2049720
Byetss | 2167405 |
40years - L 2,191,249
41 years S : i 5l ; ,,20478181
Leyes T p0mem
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United States
43 years 2,035,990
44 years 2,080,267
45 years 2,237,450
46 years 2,230,982
A7 years 2,238,248
48 years 2,237,734
49 years 2,264,671
50 years 2,300,354
51 years 2,190,766
52 years 2,207,246
53 years 2,141,354
54 years 2,093,554
55 years 2,073,473
56 years 1,956,141
57 years 1,905,355
58 years 1,834,808
59 years 1,753,871
60 years 1,745,507
61 years 1,679,077
62 years 1,712,692
63 years 1,672,329
64 years 1,267,895
65 years 1,273,310
66 years 1,248,276
67 years 1,248,906
68 years 1,087,296
69 years 994,759
70 years 945,611
71 years 900,148
72 years 853,726
73 years 787,863
74 years 756,624
75 years 721,008
76 years 647,804
77 years 631,884
78 years 602,458
79 years 579,234
80 years 543,559
81 years 494,870
82 years 462,983
83 years 419,831
84 years 373,131
85 years 336,819
86 years 293,120
87 years 249,803
88 years 217,436
89 years 176,689
90 years 136,948
91 years 103,799
92 years 81,072
93 years 59,037
94 years - 43,531
- 95 years T 30851
9 years 21,424
07 yearsi e 7 14,556 |
_8B)yeacs SR )
L R S R 6,073
100 Lo 104 years - 8,295 |
1050 100years : ]
ioyeasandover 131
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| United States

]

3 of4

Female: 156,964,212 |
Under 1 year 1,929,877
1 year 1,947,217
2 years 2,004,731
3 years 2,014,490
4 years 1,985,620
5 years 1,984,764
6 years 1,991,062
7 years 1,973,503
8 years 1,981,033
9 years 2,028,657
10 years 2,036,545
11 years 2,011,151
12 years 2,006,098
13 years 2,013,099
14 years 2,030,439
15 years 2,065,798
16 years 2,100,105
17 years 2,132,142
18 years 2,195,382
19 years 2,243,250
20 years 2,210,810
21 years 2,131,096
22 years 2,086,845
23 years 2,057,772
24 years 2,085,300
25 years 2,101,042
26 years 2,055,217
27 years 2,108,218
28 years 2,096,644
29 years 2,105,137
30 years 2,124,866
31 years 1,982,063
32 years 1,992,371
33 years 1,943,287
34 years 1,923,012
35 years 1,975,518
36 years 1,911,492
37 years 1,981,059
38 years 2,072,160
39 years 2,197,391
40 years 2,192,025
41 years 2,067,167
42 years 2,047 451
43 years 2,069,115
44 years 2,121,229
45 years 2,271,418
46 years 2,288,779
47 years 2,297,017
48 years 2,301,062
49 years 2,341,230
50 years 2,359,941
51 years 2,273,865
52 years 2293600

53 years : 2,239,000
54 years 1 2198445

" 55years o A T OR Rl 2,181,236
56 years 2081372 |
57 years 2031031
58 years 1960120
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5 R United States |
50 years TR 1,887,398 |
60 years | 1875624 |
L 61 years 3 R 813610 .
62 years 1,850,490 !
63 years 1,811,555
64 years 1,389,236
65 years 1,407,451
66 years 1,390,865
67 years 1,400,459
68 years 1,236,376
69 years 1,147,565
70 years 1,097,510
71 years 1,049,175
72 years 1,010,548
73 years 949,097
74 years 927,863
75 years 899,069
76 years 823,266
77 years 823,446
78 years 797,665
79 years 791,961
80 years 764,952
81 years 717,995
82 years 698,438
83 years 654,978
84 years 612,590
85 years 577,904
86 years 521,091
87 years 463,105
88 years 423,183
89 years 361,309
90 years 298,615
91 years 241,188
92 years 200,317
93 years 157,941
94 years 125,918
95 years 98,766
96 years 73,799
97 years - 53,582
98 years 36,641
99 years 26,193
100 to 104 years 40,846
105 to 109 years 3,157
" 110 years and over 199

(r38234) This count has been revised.

Revised count: 308,746,065
Revision date: 01-31-2014 .

For more information, see 2010 Census Count Question Resolution.

Source: U.S. Census Bureau, 2010 Census.
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U.S. Census Bureau

FactFinder CJ\

DP-1 Profile of General Population and Housing Characteristics: 2010

2010 Census Summary File 1
NOTE: For information on confidentiality protection, nonsampling error, and definitions, see http:/fwww.census.gov/prod/cen2010/doc/sf1.pdf. )

Geography: United States

Subject Number Percent
SEX AND AGE
Total population 308,745,538 545 100.0
Under 5 years 20,201,362 6.5
510 9 years 20,348,657 6.6
10 to 14 years 20,677,194 6.7
15 to 19 years 22,040,343 71
20 to 24 years 21,585,999 : 7.0
25t0 29 years - 21,101,849 ; 6.8
30 to 34 years 19,962,099 6.5 .
35 to 39 years : 20,179,642 6.5 '
40 to 44 years 20,880,964 6.8
45 to 49 years 22,708,591 74
50 to 54 years 22,298,125 7.2
55 to 59 years 19,664,805 6.4
60 to 64 years 16,817,924 54
65 to 69 years 12,435,263 4.0
70 to 74 years 9,278,166 3.0
75to 79 years 7,317,795 24
80 to 84 years 5,743,327 1.9
85 years and over 5,493,433 1.8
Median age (years) 372 (X)
16 years and over 243,275,505 78.8
18 years and over 234,564,071 76.0
21 years and over 220,958,853 716 |
62 years and over 49,972,181 16.2
65 years and over 40,267,984 13.0
Male population 151,781,326 49.2
Under 5 years 10,319,427 3.3
5 to 9 years 10,389,638 34
10 to 14 years 10,579,862 3.4
15 to 19 years 11,303,666 Jif
20 to 24 years 11,014,176 | 3.6
251029 years PR 10,635,591 34
30 to 34 years o '; - 9,9361560 ‘- 32
BloWyeas 1 1004202 s
40to 44 years 10,393,977 34
451040 yeare L eSS e 1209085 | 36
| 50to54years 10933274 . 35
55t059years IR 9523648 L0 L ol
60to64years 8077500 26
| 65t69years ) 5882547 18
| 701074 years 4243972 14
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Subject Number Percent
75 to 79 years 3,182,388 1.0
80 to 84 years i 2,294,374 07!
"85 years and over : Wl 1,789,679 06 |
Median age (years) 5 Ea 35.8 (X)
16 years and over 118,315,377 38.3
18 years and over 113,836,190 36.9
21 years and over 106,880,414 34.6
62 years and over 22,015,876 Tl
65 years and over 17,362,960 5.6
Female populalion 156,964,212 50.8
Under 5 years 9,881,935 3.2
510 9 years 9,959,019 3:2
10 to 14 years 10,097,332 T 33
15 to 19 years 10,736,677 3
20 to 24 years 10,571,823 3.4
25 to 29 years 10,466,258 3.4
30 to 34 years 9,965,599 3.2
35 to 39 years 10,137,620 3 3.3
40 to 44 years 10,496,987 3.4
45 to 49 years 11,499,506 3.7
50 to 54 years 11,364,851 3.7
55 to 59 years 10,141,157 3.3
60 to 64 years 8,740,424 28
65 to 69 years 6,582,716 21
70 to 74 years 5,034,194 1.6
75 to 79 years 4,135,407 1.3
80 to 84 years 3,448,953 1.1
85 years and over 3,703,754 1.2
Median age (years) 38.5 (X)
16 years and over 124,960,128 40.5
18 years and over 120,727,881 39.1
21 years and over 114,078,439 36.9
62 years and over 27,956,305 9.1
65 years and over 22,905,024 74
RACE
Total population 308,745,538 100.0
One Race 299,736,465 97.1
White 223,553,265 72.4
Black or African American 38,929,319 12.6
American Indian and Alaska Native 2,932,248 0.9
Asian 14,674,252 4.8
Asian Indian I 2,843,391 0.9
Chinese 3,347,229 Al
Filipino 2,555,923 0.8
Japanese 763,325 | 0.2
~ Korean - 1423784 05
Vietnamese R R
- OtherAsan[t] 2492151 07
Native Hawaiian and Other Pacific Islander Y 3:10,91 3 02
 Native Hawaign 156,146 | 01
Guamanian or Chamorro AR T
~ samoan - 109637 00
Other Pacific Istander (2] % L e
© SomeOtherRace R 62
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s B Subject TR ﬁ“!__ _ﬁﬂﬁﬁaer Percent
| Two or More Races R T o] R 9,009,073 29|
- w"‘\I\:’"Hite; American Indian and Alaska Native [31 1,432,309 054
~ White; Asian [3] T 1623994 ] 05
White; Black or African American [3] 1,834,212 0.6
White; Some Other Race [3] 1,740,924 0.6
Race alone or in combination with one or more other
races: [4]
White 231,040,398 74.8
Black or African American 42,020,743 13.6
American Indian and Alaska Native 5,220,579 1.7
Asian 17,320,856 5.6
Native Hawaiian and Other Pacific Islander 1,225,195 0.4
Some Other Race 21,748,084 7.0
HISPANIC OR LATINO
Total population 308,745,538 (FF59 100.0
Hispanic or Latino (of any race) 50,477,594 16.3
Mexican 31,798,258 10.3
Puerto Rican 4,623,716 15
Cuban 1,785,547 0.6
Other Hispanic or Latino [5] 12,270,073 4.0
Not Hispanic or Latino 258,267,944 83.7
HISPANIC OR LATINO AND RACE
Total population 308,745,538 2 100.0
Hispanic or Latino 50,477,594 16.3
White alone 26,735,713 8.7
Black or African American alone 1,243,471 04
American Indian and Alaska Native alone 685,150 0.2
Asian alone 209,128 0.1
Native Hawaiian and Other Pacific Islander alone 58,437 0.0
Some Other Race alone 18,503,103 6.0
Two or More Races 3,042,592 1.0
Not Hispanic or Latino 258,267,944 83.7
White alone 196,817,552 63.7
Black or African American alone 37,685,848 12.2
American Indian and Alaska Native alone 2,247,098 0.7
Asian alone 14,465,124 4.7
Native Hawaiian and Other Pacific Islander alone 481,576 0.2
Some Other Race alone 604,265 0.2
Two or More Races 5,966,481 1.9
RELATIONSHIP
Total population 308,745,538 94 100.0
" In households 300,758,215 "™ 97.4
' Householder 116,716,292 37.8
Spouse [6] 56,510,377 18.3
Child - 88,820,256 28.8
Own child under 18 years 64,778,147 21.0
~ Otherrelatives 20,411,239 | 66
TR e s e e e 25
| Dysamandeer ] zuies _10]
Nonrelatives | 1830008 [T TS|
 Under18yeas 1325848 04
65yearsandover g il e 0n
Unmarried partner A T
Cingrowp quaders 1 7,087,320 ) |
Institutionalized population ( _ jgggﬁg ﬂ; -
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Subject
Male
Female
Noninstitutionalized population
Male
Female
|
HOUSEHOLDS BY TYPE
: Total households
| Family households (families) [7]
With own children under 18 years

Husband-wife family
“With own children under 18 years.
| : Male househo}der no wife present

‘With own children under 18 years
-
| Female householder no husband present

i- With own children uhdar 18 years

' Nonfarmly households [7]

f ' "Houséholder nvmg alohe S
Male

| 65 years a and ovér__—_” S

g Femaie !

B 65 years and over . )
|
b

| Households with individuals under 18 years
Households wuth mdwrduals 65 years and over :

P : —

{ Average household 5|ze

[ Average famlly S|ze {7]

HOUS[NG OCCUPANCY

[ Total housmg units

E ‘Occupied housing units
“Vacant housang units

~ For rent
" Rented, not occup:ed R
For sale only

Sold, not occupied

For seasonal, recreat;onal or occassonal use

All other vacants

s ha e

“Homeowner vacancy rate (percent) [8]
Rental vacancy rate (percent) [9]

HOUSING TENURE

5 Occupied housing units

! Owner-occupied housing units

[ Population in owner-occupied housing units
Average household size of owner-occupied units

Renter-occupied housing units
¢ Population in renter-occupied housing units
Average household size of renter-occupied units

(r38234) This count has been revised.
Revised count: 308,746,065

Revision date: 01-31-2014

!

B

|
1

i

Number Percent
2,716,877 | 09!
1,276,782 0.4
3,993,664 13 |
2,141,333 0.7
1,852,331 06 |

116,716,292 ™| 1000 |
77,538,296 | 66.4
34,743,604 | 298|
56,510,377 | 48.4 |
23588268 | 20.2 |

5777570 | 50
2,789,424 | 24 |

15,250,349 | 131 |
8365912 | 72

[ 9enT906 o 1938
‘ 31,204, 9997 26.7
13908294 | 119
371,724 | 27
17,208615 | 148 |
7823965 6.7
38996219 334
29,091,122 | 24.9
~am ﬁfmf _(x)]
sl ()]
AT T e 100 )|

116,716,202 |
14,988,438 "
4,137,567 |

206,825 | (
1,896,796 | 14
421,032 | i 03
4,649,208 | 35
3,676,920 | 28
24 | (X ) ]
116,716,292 ™) | 100.0 '
75,986,074 65.1
201,278,493 (X) |
265 | (X) |
40,730,218 | 349 |
99,479,722 | (%)}
2.44 (X)

For more information, see 2010 Census Count Question Resolution.

(r27630) This count has been revised.
Revised count: 300,758,672

Revision date: 01-31-2014
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(r27630)
(r25736)

(r405)

{r15031)

(r10625)

For more information, see 2010 Census Count Question Resolution.

This count has been revised.

Revised count: 7,987,393

Revision date: 01-31-2014

For more information, see 2010 Census Count Question Resolution.
This count has been revised.

Revised count: 116,716,467

Revision date: 01-31-2014

For more information, see 2010 Census Count Question Resolution.
This count has been revised.

Revised count: 131,704,954

Revision date: 01-31-2014

For more information, see 2010 Census Count Question Resolution.
This count has been revised.

Revised count: 14,988,487

Revision date: 01-31-2014

For more information, see 2010 Census Count Question Resolution.

X Not applicable.

[1] Other Asian alone, or two or more Asian categories.

[2] Other Pacific Isiander alone, or two or more Native Hawaiian and Other Pacific Islander categories.

{3] One of the four most commonly reported multiple-race combinations nationwide in Census 2000.

{4] In combination with one or more of the other races listed. The six numbers may add to more than the total population, and the six percentages may
add to more than 100 percent because individuals may report more than one race.

[5] This category is composed of people whose origins are from the Dominican Republic, Spain, and Spanish-speaking Central or South American
countries. It also includes general origin responses such as "Latino” or "Hispanic.”

[6] "Spouse” represents spouse of the householder. It does not reflect all spouses in a household. Responses of "same-sex spouse” were edited
during processing to "unmarried partner.”

[7] "Family households" consist of a householder and one or more other people related to the householder by birth, marriage, or adoption. They do not
include same-sex married couples even if the marriage was performed in a state issuing marriage certificates for same-sex couples. Same-sex couple
households are included in the family households category if there is at least one additional person related to the householder by birth or adoption.
Same-sex couple households with no relatives of the householder present are tabulated in nonfamily households. "Nonfamily households" consist of
people living alone and househelds which do not have any members related to the householder.

[8] The homeowner vacancy rate is the proportion of the homeowner inventory that is vacant "for sale.” It is computed by dividing the total number of
vacant units "for sale only” by the sum of owner-occupied units, vacant units that are "for sale only,” and vacant units that have been sold but not yet
occupied; and then multiplying by 100.

[9] The rental vacancy rate is the proportion of the rental inventory that is vacant "for rent." it is computed by dividing the total number of vacant units
“for rent” by the sum of the renter-occupied units, vacant units that are "for rent,” and vacant units that have been rented but not yet occupied; and
then multiplying by 100.

Source: U.S. Census Bureau, Census 2010 Summary File 1, Tables P5, P6, P8, P12, P13, P17, P19, P20, P25, P29, P31, P34, P37, P43, PCT5,
PCT8, PCT11, PCT12, PCT19, PCT23, PCT24, H3, H4, H5, H11, H12, and H16.

Source: U.S. Census Bureau, 2010 Census.
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Administrative Records Inventory

Federal, State
or Third Party

(Agency Name

Data Provider

Data Type

Federal

\Treasury

Internal Revenue Service (IRS)

Form 1040 Returns

Form 1099 Returns (Information Returns)

Federal éSoc_iaI Security Administration ;_§ocial Security Administration (SSA) Numident
i Master Beneficiary Record (MBR)
| | Supplemental Security Income Record (SSR)
I — |
| |
Federal |Housing and Urban Development (HUD) 'Housing and Urban Development (HUD) Public Indian Housing Information Center (PIC)
| | Tenant Rental Assistance Certification Center (TRACS)
‘ | Computerized Homes Underwriting Management Syste
i Y
Federal (Health and Human Services (HHS) Center for Medicare and Medicaid Services (CMS) jMedicare Enrollment Database (EDB)
! i Medicaid Statistical Information System (MSIS)
| i |Medicaid Analytic Extract (MAX)
! Indian Health Service (IHS) iPatient Registration
i : |
1 lAd_ministration for Children and Families (ACF) ‘Temporary Assistance for Needy Families (TANF)
| ‘ Child Care Development Fund (CCDF)
Federal \Office of Personnel Management (OPM)  Office of Personnel Management (OPM) Central Personnel Data File
Federal Selective Service |SSS Registration File
Federal |United States Postal Service 'USPS National Change of Address (NCOA)
Federal ‘Department of Justice \Bureau of Prisons Releases, Residential Address, Release Address
State }Unemployment Insurance Unemployment Insurance All States, DC and PR
‘Supplemental Nutritional Assistance | i
State :Program (SNAP) 'Supplemental Nutritional Assistance Program (SNAP)|CO, IL, HI, MD, NY, OR, VA

'Low Income Energy Assistance Program

(LEAP) |Low Income Energy Assistance Program (LEAP) {CO
(Special Supplemental Nutritional
‘Assistance Program for Women, Infants ;Special Supplemental Nutritional Assistance
o ‘and Children (WIC) Program for Women, Infants and Children (WIC) CO, NV ) .
‘Temporary Assistance for Needy Families J
i(TANF) Temporary Assistance for Needy Families (TANF) |MD, WI, NY
! |
'Child Care Development Fund (CCDF) fChiId Care Development Fund (CCDF) IWi




Federal, State
or Third Party

iAgency Name

Administrative Records Inventory
| |

Data Provider iData Type

|Permanent Fund Data

Permanent Fund Data (PFD) |AK

Third Party

iThird Party

Corelogic ‘

Experian

Infogroup |

|
|

Melissa |

Targus/Neustar

VSGI

DAR Partners [

RealtyTrac

Commercial Real Estate Information (REIS)

MDR Education (Market Data Retrieval - A Division
of Dun & Bradstreet) ’

iNationai Exchange Carrier Association - Company

'Health and Retirement Study Markety System Group
‘(HRS—MSG)

'Code Assignment (NECA CCA) 1
\




Years Available

2000-2014

2003-2014

Cum_ulative from 1998

2015

2010-2015

1999-2014

1999-2014

2000-2010

1999-015

2011

2002-2005

1999-2015

2000, 2002-2014

2004-2011

1950-2015

1999-2015

2010-2016

1999-2015

1990-2014

CO 2012-2013, IL 2004-2005, HI 2013-2014, MD 1999-2002,
2009, NY 2007-2012, OR 2009-2014, VA 2009-2013

2009-2014

CO 10/2011-8/2015, NV 2006-2014

MD 2009-11/2015, NY 2007-2012, W1 2014

2008-2009

Administrative Records Inventory



Years Available

2015

2006-2010, 2014

2010-2011

2010-2011

2010-2011

Address i010n2011, Federal Consumer 2010-2015, Wireless
2010-2015

12010-2015

2015

2005-2011

2014

2011-2016

2013-2015

2013

Administrative Records Inventory





